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Abstract

This thesis is concerned with problems at the interface of stochastic analysis and
partial differential equations (PDEs). In particular, we focus on two different classes
of problem: the transport of measures under the flow of nonlinear PDEs and the
global well-posedness of singular stochastic PDEs. First we present a work, joint with
J. Forlano, studying the transport of Gaussian measures on periodic functions under
the flow of the fractional nonlinear Schrédinger equation on the 1-dimensional torus.
In particular, we prove that Gaussian measures are quasi-invariant under this flow.
We present another work, joint with P. Sosoe and T. Xiao, demonstrating that, in the
3-dimensional setting, Gaussian measures on periodic functions are quasi-invariant
under the flow of nonlinear wave equations with polynomial nonlinearity. With regard
to singular stochastic PDEs, under certain conditions on the coefficients, we prove
the global well-posedness of the renormalised stochastic complex Ginzburg-Landau
equation on the 2-dimensional torus. To conclude this thesis, from a numerical
perspective we study the transport of Gaussian measures, under the flow of nonlinear
PDEs, by way of Monte-Carlo simulation. More specifically, for several PDEs, we
generate a large number of solutions, with initial data sampled from a Gaussian
measure, and then examine statistical properties of the ensemble of solutions. These
simulations illustrate the equations and problems studied in this thesis and give
insight into conjectures beyond current theoretical techniques.
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Lay summary

Partial differential equations (PDEs) are some of the most studied mathematical
objects. PDEs are important because they are the language many important physical
laws are written in; Maxwell’s equations for electromagnetism and the Navier-Stokes
equations for fluids being two such examples. Studying PDEs from a mathematical
perspective leads to precise understanding of the different ways in which our world
operates through these equations.

Stochastic analysis is another active area of mathematics. It is concerned with
the study of functions that can only be made sense of probabilistically, that are
often very rough. Stochastic analysis is key to understanding the evolution of rough,
random things we encounter in the world. For example, the evolution of the price of
a financial security or the motion of a particle suspended in liquid.

This thesis is concerned with topics at the intersection of these two areas of
mathematics.

For example, one of the most commonly studied problems in PDEs is the initial
value problem. That is, we start with some initial function and we want to find out
how the function changes over time, under the influence of a PDE. What about if
we give the PDE a random initial function? What, statistically, can we say about
solutions to the PDE, starting from random initial data? Chapters[2]and [3|investigate
topics related to this.

Another way to introduce randomness to PDEs is to start from a fixed, non
random, initial condition and then kick the PDE randomly at each time. This is
essentially what stochastic PDEs (SPDEs) are. SPDEs often have much rougher,
more jagged, solutions than regular PDEs. Sometimes solutions of SPDEs can be so
rough, that the equation doesn’t make sense. One then has to modify the equation
in a way so it makes sense. We call SPDEs of this type singular SPDEs. These are
studied in Chapter 4] of this thesis.

To conclude, we discuss some Monte-Carlo simulations we performed. Essentially,
we generated many random solutions to certain PDEs and then calculated statistical
properties, such as means and variances, of the ensemble of solutions. These
numerical simulations stand in contrast to the theoretical methods used in previous
chapters and give another way of looking at some of the topics studied in this thesis.
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Notation

In this thesis, unless otherwise stated, we use the following notation.

7 : the set of integers

R : the set of real numbers

T := ]R/ (27TZ) the 1-dimensional torus

Ff(n) = 2ﬂ)d Jpa €™ f(x) dx, for n € Z%, the nth Fourier coefficient of f

( ) := F f(n), the nth Fourier coefficient of f
fn = Ff(n), the nth Fourier coefficient of f

() := (1+]-[?)2, the Japanese bracket

A S B: A < OB where C is an unspecified constant whose exact value is
unimportant

P.y : the sharp Fourier truncation operator onto frequencies less than N

d; : the smooth Fourier restriction operator onto frequencies approximately 27

X



Chapter 1

Introduction

In this thesis, we study problems at the intersection of the fields of stochastic analysis
and partial differential equations. We study the fractional nonlinear Schrédinger
equation (FNLS),

: 92\, — +\ 2
O+ (=0;)%u ey eT xR, (1.0.1)
uli=o = o
the nonlinear wave equation (NLW),
2u — A k _
Oru=dutu’ =0 ) eTixR, (1.0.2)
(u, Opu)|1=0 = (w0, v0)

the stochastic complex Ginzburg-Landau equation (SCGL),

O = (a1 + iag) Au + (by +ibo)u — (1 +ico) [ul*™*u +v/29¢ (z,t) € T x R,
ui—o = ug
(1.0.3)
and the dispersion generalised BBM equation (gBBM),
—9?)3 A0 (u?) =
uli=0 = ug

We theoretically study the transport of Gaussian measures under the flow of
dispersive PDEs for FNLS in Chapter 2l and NLW (1.0.2)) in Chapter [3| In
Chapter [4] we study singular SPDEs, focusing on SCGL (1.0.3). In Chapter [f, we
perform numerical simulations studying the transport of Gaussian measures under
the flow of FNLS and gBBM ([1.0.4)).

For the rest of this introductory chapter, we give introductions to the problems
studied in this thesis, give a summary of other works in the literature, and discuss
how the results of this thesis fit in with these works.



We note that Chapter[2, Chapter[3]and Chapter [4] of this thesis are based on works
the author has contributed to. In particular, Chapter [2| is based on the paper [30],
which is a collaboration with J. Forlano. Chapter |3|is based on [89], a collaboration
with P. Sosoe and T. Xiao. Chapter {4]is based on the sole authored work [92].

1.1 Quasi-invariant measures for dispersive PDEs

In Chapters [2] and [3] of this thesis, we study quasi-invariant measures for dispersive
PDEs. In particular, we focus on two models; FNLS and NLW ([1.0.2).

We study Gaussian measures supported on distributions. For the purposes of this
thesis, a Gaussian measure is the law of a distribution valued random variable of the
form

W= u,(x) = Z Cngn (W)™ (1.1.1)

where {c,}ncza i some sequence of constants and {g,},cz¢ is some sequence of
standard identically distributed complex-valued Gaussian random variables with
Var(g,) = 2. For a more detailed discussion on Gaussian measures, we refer the
reader to [21].

In studying quasi-invariant Gaussian measures for PDEs, we view a PDE, and an
associated space of functions, say X, as a dynamical system. That is, we associate
to the PDE the flow ® : R x X — X, defined by ®(t)ug = u(t), where u(t) is the
solution to the PDE, with initial data uy € X.

The concept of quasi-invariance can be defined as follows. Given a measure space
(X,p), and a flow & : R x X — X on X, we say that p is quasi-invaraint under
the flow @, if for each ¢ € R, the measures p and ®(¢),p are mutually absolutely
continuous. Here ®(¢)4p is the push forward measure defined by

() p(A) = p({2(—t,2) - v € A})

for measurable A C X.

The existence of a quasi-invariant measure is a delicate property of the flow of a
PDE. Indeed, quasi-invariance does not hold for many well known PDEs and Gaussian
measures. For example, consider a flow, ®, induced by a heat type equation on some
space of functions containing C*°. Heat equations usually have some instantaneous
smoothing property and so any measure p, with the property that p(C>) = 0, cannot
be quasi-invariant under the flow of ®. This is because if one starts with a set of
positive measure, the flow instantly shrinks this set to a set contained in C'*°; and so
to a set of measure 0.

In contrast to heat type equations, dispersive equations tend not to have
smoothing properties and so the question of quasi-invariance is not easily dismissed.
For linear dispersive equations, one often expects Gaussian measures to be quasi-
invariant. Indeed, on the Fourier side, one can usually write a linear dispersive PDE



in the form

Oy, = 1h(N)uy,. (1.1.2)

For example, for the linear Schrodinger equation, i0;u = Au we have ¥ (n) = |n|?.
The push forward, under the flow of (1.1.2)), measure of a Gaussian measure given
by (L.1.1)) is the measure which is the law of

w Z e, gn(w)e™e. (1.1.3)

nczd

If g, is rotationally symmetric, that is g, = g, for all # € R, for all n € Z%, then
the law of is identical to the law of (1.1.3)). Hence in fact one often expects
Gaussian measures to be invariant under the flow of linear dispersive PDEs.

What about nonlinear dispersive equations? Starting with the work of Bourgain,
[9], methods have been developed in the literature to prove the invariance of Gibbs
measures under the flow of dispersive PDEs. This automatically implies quasi-
invariance for Gaussian measures that are mutually absolutely continuous to invariant
Gibbs measures.

This raises the question: can quasi-invariance be proven for Gaussian measures
under the flow of nonlinear dispersive PDEs when there is no mutually absolutely
continuous Gibbs measure? The answer to this question is yes. We will give an
overview of methods used to prove results in this direction in the next subsection.

We believe quasi-invariant measures for dispersive PDEs is an interesting topic
of study in its own right, but it also has interesting applications to the growth of
Sobolev norms, see |96, Remark 7.4|, and to persistence of regularity, see |78, pg. 6].

Since Chapters [2] and [3| are both concerned with quasi-invariant Gaussian
measures for dispersive PDEs, we merge the introductions to these chapters into
this, single section, Section [I.I] In the remainder of this section we will first give
a brief introduction to the methods used to prove quasi-invariance in the literature.
We then discuss the quasi-invariance results we prove for FNLS and NLW.

1.1.1 Methods in the Literature

The earliest work we know of studying quasi-invariance of Gaussian measures, is the
work of Cameron and Martin [14], dating to 1940, studying the quasi-invariance of
Gaussian measures under linear transformations. Later in 1974, Ramer [84] studied
the quasi-invariance of Gaussian measures under general nonlinear transformations
in the context of abstract Weiner spaces. In the setting of d-dimensional Hamiltonian
PDEs, the hypotheses in these works can be interpreted as requiring a (d + €)-degree
of smoothing on the nonlinear part of the flow generated by a given PDE; see [96].

Later, in 1983, Cruzeiro 20| proved another abstract result showing that Gaussian
measures are quasi-invariant under the flow induced by a general equation of the form
Oyu = X (u), if an exponential integrability condition on X is satisfied.
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Recently, in 2015, Tzvetkov [96] introduced a general methodology, for proving
the quasi-invariance of Gaussian measures under the flow of nonlinear Hamiltonian
PDEs, which does not appeal to Ramer [84] or Cruzeiro [20] (although Tzvetkov says
his method is of a similar sprit to Cruzeiro [20], see |96, pg. 4]). Tzvetkov [96] spawned
interest in, and was the genesis of many, methods related to the quasi-invariance of
Gaussian measures under the flow of dispersive PDEs. The results proven in Chapter
and Chapter [3] of this thesis are additions to this recent program attempting to
understand the role dispersion has on the transport properties of Gaussian measures
under the flow of nonlinear dispersive PDEs. See also [40,(75,76,(78],79,82] for more
works in this program.

We now go over the methods recently developed to study the quasi-invariance of
Gaussian measures for nonlinear dispersive PDEs. For simplicity, we will describe
the methods as applied to the Gaussian measure ug given by

weQ—u(z) = Z gnrf;) emne, (1.1.4)

neczd <

where {g,}nez is a sequence of independent standard complex-valued Gaussian
random variables, i.e Var(g,) = 2. Formally we have,

1 —sllul?
dps = Z; e 27 TH @D dy,

Here for s > 0, H*(T?) is the L? based Sobolev space defined as the completion of
C>(T4) under the norm
%IS(’]Td) = Z(n>25|un|2,

n€zad

[[ul

see also Appendix [Al We note that the measure (L.1.4) is supported on
H*=57¢(T%)\ H*~2(T%) almost surely for any ¢ > 0.

In order to rigorously justify the methods below, it is often necessary to consider
a suitably truncated version of the equation being studied (see for example

and (2:2.3)).

e Method 1: (‘Ramer’s argument’) The first method is to directly verify the
hypothesis of Ramer’s result [84] on the quasi-invariance of Gaussian measures under
general nonlinear transformations. In the d-dimensional context, this essentially
reduces to demonstrating a (d + ¢)-degree of smoothing for the nonlinear part of
the flow. This approach was first applied in [75,[76,96]. Typically, we find that this
method is too restrictive.

e Method 2: Introduced by Tzvetkov [96], the second method involves
both nonlinear PDE techniques and stochastic analysis. We give an overview of the
method here; see also |77]. Let U be the flow of a given PDE. Given a measurable

4



set A C H*275(T%) satisfying 115(A) = 0, one aims to show
1 (T (E)(A)) = Z—l/ ¢ 3y gy — 0 for all ¢ € R, (1.1.5)
<I’('5)(14)

by obtaining a differential inequality of the form

d
dt
where 0 < 5 < 1 and p < oo. Then, applying Yudovich’s argument (or a variant
of, see [78,96]) to ([1.1.6) implies (1.1.5) for small times. The argument can then be
iterated to give ((1.1.5) for all times. Thus, matters reduce to obtaining (1.1.6). By

Liouville’s theorem and the bijectivity of the flow ¥, one has the following ‘change
of variables’ formula (see for example Lemma [2.4.6)):

s (B (£)(A)) < CpP s (T(H)(A)}' 7, (1.1.6)

ps(U(t)(A) = Z;! /A e~ 21V OulEs gy for all ¢t € R.

Taking a time derivative, evaluating at a fixed ¢, € R and using the group property
of the flow, W(t 4 tg) = V(¢)¥(ty), one obtains

d 1
4 (A = —27; (2. ) o Ieulz
o) i (1@l )i
H |D(2) H) {ps(U(to) (AN} 7. (1.1.7)
t=011LP (ps)
Thus, one is lead to the following energy estimate (with smoothing):
d 9 0
7 PO )| < Cllullmlull, (1.18)

where 6 < 2. Here, there is freedom in the choice of the X-norm above provided
it captures the regularity of the random distribution ((1.1.4]) almost surely; for
example, we may take X = Hs_g_e(Td), the Bessel potential space WS_%_‘S’OO(TCI)
or the Fourier-Lebesgue space FL¥~5°°(T?) (which we choose in (1.1.20))). On the
other hand, we must choose the weaker B-norm so that it can be controlled in
terms of conserved quantities of the given PDE. The inequality then follows
from , and estimates on higher moments of Gaussian random random
variables (see for example (2.4.16))). Indeed, the reduction to time ¢ = 0 in the above
analysis allows us to use stochastic tools on the explicit random distribution (|1.1.4)).

For the gBBM - Tzvetkov [96] was able to obtain a suitable energy estimate
of the form . Unfortunately, for general dispersive PDE such an estimate does
not always hold. The key modification is to instead consider a ‘modified energy’ E
of the form

E(u) = [ju]

%{S + correction terms




and obtain the following estimate (with smoothing):

d

EE(\Iz(t)u)‘

'gawmm%. (1.1.9)

Now, provided we show the measure ps with density
dps = Z;7 e By, (1.1.10)

can be normalised into a probability measure, we can repeat the above argument
for ps and conclude the quasi-invariance of p, under the flow W. Finally, we appeal
to the mutual absolute continuity of ps and ps to conclude the quasi-invariance for
its under the flow ¥. To summarise, Method 2 requires two crucial ingredients:
(i) a modified energy estimate of the form and (ii) the construction of the
weighted Gaussian measure p, in (1.1.10)).

e Method 3: Introduced by Planchon, Tzvetkov and Visciglia [82], who studied
the quasi-invariance of Gaussian measures under the flow of the (super-)quintic NLS
on T, the third approach is similar in spirit to Method 2. The fundamental feature
of this method is the use of deterministic growth bounds on the H s=$=<_norm of
solutions (see for example Proposition , so that the analysis can be restricted
to a closed ball B C HS*%*E(’IF). The benefit of this idea over Method 2 is that a
softer energy estimate is required,

d

SE (b))

<O+ Wl ) (1.1.11)

for some k > 0. Through the use of (1.1.11) and the growth bound on solutions
coming from standard local well-posedness theory, for any A C Bgr with pus(A) = 0,
we have

A W()(A)) < C(RT)p.((1)(A)) Tor all t € [0,7],

where ps is the measure with density
dps = e PWdu.

Gronwall’s inequality and soft arguments then imply ps(¥(¢)(A)) = 0 and hence
ws(¥(t)(A)) = 0 for every A C Bg. We then take R — oo to obtain the quasi-
invariance of pg under the flow W. Further differences to Method 2 are: (i) there is
no need to reduce to time ¢ = 0 to access stochastic tools and (ii) we do not need to
normalise the measure p,. Notice that the above argument works even when the flow
is only locally-in-time well-defined, which leads to a local-in-time quasi-invariance
result as in Theorem and Theorem [L.1.5] See [10, p. 28| where it is asked if it

is possible to prove local-in-time quasi-invariance results for Hamiltonian PDEs.
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e Method 4:  This approach combines aspects of Methods 2 and 3 and was
introduced by Gunaratnam, Oh, Tzvetkov and Weber [40] for handling the
cubic nonlinear wave equation (NLW) on T3. Namely, by arguing locally within

H S_g_f(']Td) and returning the analysis to time ¢ = 0, one needs an even softer
energy estimate taking the following form:

d 0

SO | < Cllel g ol (1112

for # < 2 and where the X-norm may be chosen as in Method 2. Analogously to
Method 2, we must also construct a suitable auxiliary probability measure adapted
to the modified energy.

e Method 5: This new method, released on arXiv early 2020, by Debussche and
Tsutsumi |24] is completely different to the previous methods. It relies on an explicit
formula for the Radon-Nikodym derivative of the transported Gaussian measure
with respect to the original measure.

In this thesis we do not apply Method 1 as we find it tends to give significantly
worse results than other methods, see the discussion in Section [I.1.2] Further, in
some cases it is not possible to apply Method 1 due to insufficient smoothing on
the nonlinear part of a PDE. This is the case for the 3-dimensional NLW studied in
Chapter 3] We call Method 2, Method 3 and Method 4 ‘Energy Methods’ because,
at their core, they involve establishing a PDE energy estimate. We do not use
Method 2 in this thesis as we have found it to be completely superseded, in terms
of regularity restrictions, by Method 3 and Method 4. This is partly due to the fact
that Method 2 requires an energy estimate involving a conversed quantity. Requiring
a conserved quantity to be finite in the support of the Gaussian measures being
studied can immediately put an unsatisfactory regularity condition on the Gaussian
measures being studied. See the discussion in Section for more information in
the context of FNLS (1.0.1)). Finally, we do not apply Method 5 as it was submitted
to the arXiv after the work in this thesis was completed. However, the simplicity
of this method seems very promising. It is possible that this method could lead to
simplified proofs, of increased generality, of the results in Chapter [2] and Chapter
of this thesis.

In the following subsections, we will explain how we use the methods described
above to prove quasi-invariance results for FNLS and NLW.

1.1.2 Main results for FNLS

e The results we present here, and later prove in Chapter [2] are based on the
joint work with J. Forlano:
J. Forlano, W. J. Trenberth, On the transport of Gaussian measures under
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the one-dimensional fractional nonlinear Schrédinger equations, Ann. Inst. H.
Poincare Anal. Non Lineaire 36 (2019), no. 7, 1987-2025.

We study the cubic fractional nonlinear Schrédinger equation (FNLS) on the 1-
dimensional torus T = R/(277Z),

{i@tu + (=0%)u = +|ul?u,

(1.1.13)
U|t:0 = Uog-

Here u : T x R — C is the unknown function and for a > 0, (—9?)® is the Fourier
multiplier operator defined by ((—82)f)~(n) := |[n[**f(n), n € Z. FNLS
is FNLS with A = 1. We say is defocusing when the sign on the
nonlinearity is negative and focusing when the sign on the nonlinearity is positive.

Before we can state the quasi-invariance results we prove for FNLS , we
need to review the well-posedness literature for this equation. This informs us of the
spaces where FNLS is known to have a well-defined flow. The well-posedness
theory of FNLS in the L*-based Sobolev spaces H?(T) (see Appendix Al for
the definition of these spaces) crucially depends upon the strength of the dispersion;
namely, if & > 1 or % < a < 1. In [8], Bourgain proved local well-posedness of NLS in
L?(T), which immediately extends to global well-posedness in L*(T) as a consequence
of mass conservation:

_ / (e, )2 dz = M(u)(0) for all t € R, (1.1.14)

A persistence-of-regularity argument then implies global well-posedness of NLS in
H?(T) for any ¢ > 0. This result is sharp in the sense that NLS is ill-posed if o < 0.
More precisely, the solution mapl] ® : uy € H(T) = u € C([-T,T]; H°(T)), if it
even exists in view of the non-existence of solutions in |41], is discontinuous [62] (see
also [13,/17,51,(71,,80]). In |76, Appendix A], the 4NLS was shown to be globally
well-posed in H°(T) for any o > 0. In [30, Appendix B], the work Chapter[2]is based
on, this global well-posedness result is extended for all a > 1.

The well-posedness situation for FNLS is somewhat less complete in the
setting % < a < 1. In [16], Cho, Hwang, Kwon and Lee proved local well-posedness
of FNLS in H°(T) for o > 1 2 by a contraction mapping argument; see
also [25]. Following the argument in [76 Appendix A, we can show the solution
map for FNLS fails to be locally uniformly continuous in H?(T) for any
o < 0. Thus we can not construct solutions below L?(T) using a contraction mapping
argument. See also [17].

As for global well-posedness, the flow of FNLS conserves the energy H(u);
that is,

/| ()3 u(e, ) dot /|uxt|4da:—H(u)(0). (1.1.15)

'For clarity of presentation, we neglect to explicitly show the dependence of the solution map ®
on «. Unless otherwise stated, the precise value of a will be clear from the context.
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In the defocusing case, the energy controls the H<%norm and hence energy
conservation can be used to globalise (in time) all solutions with regularity at or
above the energy space, that is, for when ¢ > «. This result also holds in the
focusing case, as the H“-norm can be controlled in terms of both the energy and the
mass by using the Gagliardo-Nirenberg inequality

a 1 4—
lullzs S 1(=02) 2 ull g lull .

for a > i. Below the energy space H*(T), global well-posedness of FNLS (for
both defocusing and focusing nonlinearities) in H(T) was obtained for o > 1021 [25)
by using the high-low frequency decomposition of Bourgain [12].

In summary, the flow of FNLS is well-defined under the following

conditions:

Proposition 1.1.1 (Well-posedness of the cubic FNLS (1.1.13]) in H°(T) [8,/16}25,
70]).

(i) Let o« > 1. Then, the cubic FNLS (1.1.13) is globally well-posed in H?(T) for
o> 0.

(i) Let 3 < a < 1. Then, the cubic FNLS (1.1.13) is locally well-posed in H°(T)
for o > I_To‘ Moreover, the cubic FNLS (1.1.13)) is globally well-posed for

10a+1
g > 3 -

In the following, we make no distinction between the defocusing or focusing nature
of and henceforth we assume that is defocusing. For future use, we
define ®(t) : ug € H(T) + u(t) € H°(T) to be the solution map of FNLS
(when it exists) at time t.

Our goal in Chapter [2] is to study the transport property of Gaussian measures
on periodic functions under the flow of FNLS . Given s € R, we define the

Gaussian measure ug to be the induced probability measure under the mapﬂ:

w)

wEQt—Hﬂ(m):Zgné

~ e, (1.1.16)
neL < >

where {g,}nez 18 a sequence of independent standard complex-valued Gaussian
random variables, i.e Var(g,) = 2, on a probability space (2, F,P). Formally,
has density
dps = Zs_le_%”“”%ﬁdu =27Z" H e 2>l gy,
nez

A computation shows that the random distribution belongs to H*~27(T) and
not to H 3’%('11') almost surely. It follows that the Gaussian measure p, is supported
on H*27%(T) \ H*"2(T) for any ¢ > 0. Thus, in order to discuss the transport

2From now on, we drop the factor 27 as it plays no role in our analysis.
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property of these measures under the flow of (1.1.13)), Proposition restricts us

to the range:
> L@
s>max | =, 1 — —
2’ 2)’

which ensures there exists well-defined dynamics within the support of ps.

The quasi-invariance of Gaussian measures supported on periodic functions under
the flow of 4NLS was recently studied by Oh and Tzvetkov [76] and Oh, Sosoe and
Tzvetkov [79]. See also the recent work [75] on Schrédinger-type equations. Our main
goal is to extend these quasi-invariance results to more general values of dispersion
«. Thus, in this direction we establish the following:

Theorem 1.1.2. Let s € R and o > % be such that

(i) s>max (3, % —a) ifa>1, or

(i) s > 102t 4 1 <o < 1.

Then, the Gaussian measure s 1S quasi-invariant under the flow of the cubic FNLS
(1.1.13)). More precisely, given any measurable set A C Hs_%_E(T) satisfying ps(A) =
0, we have ps(P(—t)(A)) =0 for every t € R.

Our proof of quasi-invariance of pg in the case % < a < 1 also holds for any

11 10a + 7
in|1l,—— < . 1.1.1
m1n(,6 a><s_ 3 ( 7)

The restriction in Theorem is due to a lack of globally well-defined dynamics

within the support of y, for s satisfying (1.1.17)) (see Proposition[L.1.1] (ii)). However,
our arguments in Chapter 2| allow us to recover the following local-in-time quasi-

muvariance result:

Theorem 1.1.3 (Local-in-time quasi-invariance). Let % < a < 1 and s satisfy
(1.1.17)). Then, for every R > 0, there exists T' > 0 such that for every measurable

s—1—¢
AC{u e H ) : fullyuo gy < R

satisfying pis(A) = 0, we have ps(P(—t)(A)) =0 for every t € [=T,T].

We note that any lowering of the global well-posedness regularity threshold, to say
09, for the FNLS as stated in Proposition m (ii), will immediately imply a
corresponding improvement to Theorem and Theoremm That is, we can
‘upgrade’ from local-in-time quasi-invariance to quasi-invariance as in Theorem [1.1.2]

provided
1 = wmin (1 11
09 — = > min — —a.
° 2 '6
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This should be contrasted with the local-in-time quasi-invariance result in [82,
Theorem 1.5] for the focusing quintic NLS on T. In that setting, a global flow does not
exist in view of the presence of finite-time blow-up solutions (see for example [70]).
Thus, it is impossible to remove the ‘local-in-time’ restriction.

Our proof of Theorem and Theorem is split into two parts. In the
first, we employ the recent argument in 82| (see Method 3 above) to obtain quasi-
invariance for all a > %, for some range of regularities s. We then apply the argument
in [40] (see Method 4 above) to improve upon the previous regularity restriction for
a> 2.

In the following, we survey how the methods in Section|[l.1.1jmay be implemented
within the context of FNLS (1.1.13)).

In our situation of FNLS with o > 1, we could demonstrate (2a0 — 1)-
degrees of nonlinear smoothing, provided s > 1. Hence, Method 1 yields quasi-
invariance of Gaussian measures j; under the flow of FNLS , provided that
a > 1and s > 1. For FNLS with 3 < o <1, a (1 + ¢)-degree of nonlinear
smoothing is not expected [27] and thus we do not know at this point if Ramer’s
argument can be applied in this case. In addition, Methods 2, 3 and 4 usually give
lower, and so better, regularity restrictions compared to using Ramer’s argument
(e.g. [79]). We found this to indeed be the case for FNLS (1.1.13)). For this reason,
we do not present Method 1 here.

For application to FNLS , it turns out that Method 3 gives an improved
result in terms of regularity over Method 2. Indeed, in terms of the energy estimate
itself, the rigidity in the choice of the B-norm in leads to far less flexibility
compared to the energy estimate in Method 3. In the regime % <a<l,
we established an energy estimate of the form (1.1.9) with B = H*(T) and X =
H S*%*E(T). Thus, energy conservation immediately places the regularity
restriction s > a + %, in this use of Method 2. This restriction is unnatural since it
goes against our intuition that greater dispersion gives a lower regularity threshold.
In Chapter [2 we use Method 3 which allows us to remove the restrictions coming
from using conservation laws and thus lower the regularity threshold.

We now describe our application of Method 3. The main goals are to establish (i)
a suitable modified energy (see ) and (ii) a corresponding energy estimate
of the form ([1.1.11)) (see Proposition . For this purpose, we apply gauge
transformations to convert into a form more amenable to apply the normal
form reductions used to define the modified energy (see Sections and . In this

approach, the phase function
¢(m) = I |** — [na]™* + [ns]** — [n[™ (1.1.18)

naturally arises as the source of dispersion. In order to exploit this for a smoothing
benefit, which is required to achieve (ii), we crucially rely on the following lower
bound: for o > %, we have

2a0—2
max

lp(m)| 2 |n — ny||n — ns|n when n =mnj; —ny + ns.
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Here, nyayx := max(|nq|, |nal, |ns|, |n|). This lower bound first appeared in the setting

% < a < 1in [25]. With minor modifications, its proof extends easily to the case
a > 1; see Lemma and Appendix [Bl It can be viewed as a replacement of the

explicit factorisations available for the phase function (1.1.18)) of NLS
o(m) =ni —n3+ni —n®=—2(n—ny)(n —ns3) when n =n; — ng + ng,

and 4NLS (see |76, Lemma 3.1]). Following the argument in [82], we obtain quasi-
invariance of Gaussian measures p under the flow of (|1.1.13]) for

1
(i) s > 1, when 5 <a <1, and (ii) s > s,, for some s, <1, when a > 1.
(1.1.19)

See for a precise statement of s,.

Our next goal is to attempt to lower the regularity restriction from Method 3 by
using Method 4. This requires us to construct a suitable weighted Gaussian measure
(Section and establish an effective energy estimate of the form (1.1.12). In
establishing the energy estimate, we have some freedom in the choice of the X-norm.
One choice is the Holder-Besov norm as used in [40]. Since we work intimately on
the Fourier side, we use the Fourier-Lebesque X = FL%°(T)-norm for o < s. Here,
given ¢ > 1 and s € R, the Fourier-Lebesgue FL*?(T)-norm is defined by:

~

| fllzLsacry = [[{n)° f(0) |leazy- (1.1.20)

It is easy to check that the random distribution in (1.1.16)) belongs almost surely to
FL7>®(T) for any 0 < s (Lemma [2.4.5)). Moreover, Holder’s inequality implies the
embedding

H*"27(T) > FL™(T) (1.1.21)

for o sufficiently close to s. This fact allows us to further relax the energy estimate we
obtained in Method 3 (see Proposition [2.4.1)). We then follow the argument in [40] to

conclude quasi-invariance of Gaussian measures pg under the flow of FNLS (1.1.13))
for the following regularities:

2 11
(i) max<§,€—oz) <s<1, when a > 1 and

. - (1.1.22)
(ii) E—a<s§1, When6<a<1.

Notice that in ((1.1.22)), we improve the regularity restriction (1.1.19)) we obtained

using Method 3 only when o > %. The reason for this is that our use of the

stronger F L%*°-norm in the energy estimate for Method 4 (Proposition [2.4.1]) yields
a regularity gain over the energy estimate in Method 3 (Proposition [2.3.1]) provided

12



a > %. Furthermore, the upper bound s < 1 in is necessary for our
construction of the weighted Gaussian measure.

When o > %, the regularity restriction in Theorem achieves the largest
range of s > % In particular, when o = 2, this improves upon the result in [76] of
5 > %. However, as remarked in [75], this same result of s > % for 4NLS could be
obtained by using Method 1 and an additional novel gauge transformation introduced
in that same paper. For FNLS with @ > 1 (and large enough), we expect
the optimal result s > % could be obtained by using a finer modified energy arising
from an infinite sequence of normal form reductions. See |79 where this approach
led to the optimal result for 4NLS.

We end this subsection with a few possible future research directions.

It would be of interest to study how our approach for the cubic FNLS
may extend to higher order nonlinearities, say, for the quintic nonlinearity |u|*u. For
instance, the relevant phase function is now

[ [** = [na*™ + [ng [ — [na* + [ns[** — n]**, (1.1.23)

which is restricted to the hyperplane n;—no+ns—ns+ns = n. When o = 1, there is no
factorisation for . Therefore, an appropriate analogue of Lemma is not
obvious (and likewise for Lemma . However, even if such results were proved,
the formulation of the modified energies and the appropriate nonlinear estimates
would still have to be verified. We note that the method in [82] introduces a modified
energy functional which is not derivable from differentiation by parts, and hence their
analysis is not based on factorisations of the phase function ((1.1.23)).

It would also be of interest to determine whether Theorem [L.1.2] holds in the
limiting case of @ = % In this case, FNLS corresponds to the half-wave equation.
The half wave equation does not exhibit dispersion and hence we do not expect

quasi-invariance.

1.1.3 Main results for NLW

e The results we present here, and later prove in Chapter [3 are based on the
joint work with P. Sosoe and T. Xiao (which at the time of writing has been
accepted for publication in Differential and Integral Equations subject to minor
changes):

P. Sosoe, W. J. Trenberth, T. Xiao Quasi-invariance of fractional Gaussian
fields nonlinear wave equation with polynomial nonlinearity arXiv:1906.02257
[math.AP].

We study the nonlinear wave equation (NLW), on T3

2, k_
{atu Au+u* =0 (1.1.24)

(U, 8tu)|t:0 = (Uo, Uo)

13



where k£ is a positive, odd integer. This is NLW ((1.0.2)) with d = 3. We can rewrite
(1.1.24)) as a first order system:

ou=v
O =Au—uF=0 (1.1.25)
(1, 0) |0 = (g, vo) € H(T3)

where

He(T?) := H°(T?) x H7~'(T).

The system ([1.1.25)) is a Hamiltonian system with Hamiltonian

1 1
E(u,v) = §/w (Il +0%) do+ o [ 0t (1.1.26)

Before we discuss the results we prove in Chapter [3, we first give a brief overview of
some well-posedness results for NLW. We do not go into detail of the exact range that
local and global well-posedness is known, like we did in Section [1.1.2| This is because
the regularity we need to prove the results for NLW in Chapter [3|is far greater than
that where local and global well-posedness is known. In the 3-dimensional setting,
global wellposedness is known for NLW for £ = 3 and k = 5 for certain regularities,
at least for s > % A pedagogical proof of global well-posedness in the 3-dimensional
case appears in [97]. The global well-posedness situation in the 3-dimensional setting
stands in contrast to the 2-dimensional setting where NLW is globally well-posed for
all odd k, above a certain regularity threshold. The difference in difficulty between
the 2 and 3-dimensional settings is due to the scaling critical index

o d 2
S Sl |
associated to NLW. When d = 2, s. < 1 for all k, and so the conservation of the
Hamiltonian can be used to extend local solutions to global solutions. When
d=3,s.>1for k> 5 and so the conservation of the Hamiltonian cannot be directly
used.

The goal of Chapter [3|is to study the transport properties of Gaussian measures
on periodic functions under the flow of NLW . In particular, we study the
transport properties of the Gaussian measure on initial data @ = (u, v) formally given
by

fi,(di) = 27 te 2N g, (1.1.27)

The expression (|1.1.27)) can be given meaning as a product measure on the Fourier
coefficients of the pair (u,v):

ﬁs(dudv) _ ZS—I H e—%<n>2(3+1>\ﬁn|2€—%(n>2s|ﬁn|2 dﬁndﬁn

nez3
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Equivalently, u is the law of the pair of function-valued random variables given by
w — (u¥,v¥), where u*,v* are the functions on T? defined by

’LLW(Z') = Z gn(w) 67277,~:r:7

v (z) = Z Me"”j.

nez3 <n>5

(1.1.28)

Here, g,, hn, n € Z? are standard complex Gaussian random variables, independent
except for the conditions:

Gn=Gny P =h_p,n#0, (1.1.29)

and g, ho real-valued. By inspection of the series , it is clear that pug is
supported on He for o < s — %

The quasi-invariance of Gaussian measures supported on periodic functions under
the flow of NLW was recently studied in the 2-dimensional setting, for s an even
integer, by Oh and Tzvertkov [78] and in the 3-dimensional setting, but only for
k = 3, by Gunaratnam, Oh, Tzvetkov and Weber [40]. The main aim of the work in
Chapter [3|is to address a number of questions mentioned in the introduction of [40].
In particular, we generalise the result of [40] to non-integer s and to odd integer
k> 3.

The main quasi-invariance result we prove in Chapter |3|is the following.

Theorem 1.1.4. Let s > g Let k = 3 or k = 5. Then for any time t > 0, the
distribution of the solution ®(t)(u,v) = (u(t),v(t)) of the system (1.1.25)) is absolutely
continuous with respect to the distribution pg of the initial data, given by ((1.1.28)).

For odd integer £ > 5, as mentioned above, it is not known if NLW ([1.1.25) is
globally well-posed. Hence in this case, it is not known if there is even a global flow

associated to NLW ([1.1.25]) for which the measures given by (|1.1.28)) can be quasi-

invaraint under. However, our estimates also yield a local-in-time quasi-invariance
result in the spirit of [82, Theorem 1.5] concerning the transport of bounded subsets
of H? in settings where global well-posedness is not known.

Theorem 1.1.5. Let s > 3, and % <o<s— % sufficiently close to s — % For each
R >0, let
Br(0; H?) := {(u,v) : [[(u,v)] g < R}

denote the ball of radius R centered at the origin in He. There exists T = T(R)
and C(R) > 0 such that for (ug,vo) € Br(0; H%), there is a solution (u(t),v(t)) of
(1.1.25) such that

sup ||(u,v)(t)| 5o < C(R). (1.1.30)

[_tvt]ST
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Let A be a Borel subset of He such that
Ac{ueH :||lul|z < R}
and fis(A) = 0. Then

fis({u(t) : u(t) solution of (1.1.24) with initial data ug € A}) =0
for allt € [-T,T].

The proofs of Theorem [[.I.4] and Theorem [I.I.5] in Chapter [3] are more
straightforward than the proofs in Chapter 2] We only use Method 4, described
in Section [I.1.1. This method was developed for proving quasi-invariance results
for NLW in the 3-dimensional setting in [40]. As we are trying to extend the results
of [40], Method 4 is the most natural method to use. We recall that there are two main
parts to Method 4: the construction of a measure mutually absolutely continuous with
the measure given by and the the establishment of an energy estimate.

As in [40,78|, we study an energy with a formally “infinite” term. More precisely,
the energy we consider contains the term

/ (D )2k (1.1.31)
T3
where uy = P<yu and w is given by ([1.1.28). This term does not converge as the
truncation is removed. Indeed,

Eg[|D*un|’] ~ N.
Hence this term requires renormalisation. As in [40,78| we use a renormalisation based
on an argument akin to Nelson’s argument for the construction of P(¢); quantum
fields [67]. We essentially replace the term (|1.1.31]) by

/Tg((DsuN)z — Bz [|Dun|*])ul (1.1.32)

This type of renormalisation is commonly known as Wick ordering.

One of the major advancements of Gunaratnam-Oh-Tzvetkov-Weber [40] was the
application of ideas in [4], which describes a way to construct measures using a
variational approach, in the construction of the measure required by Method 4. The
somewhat surprising aspect of [40| is that although the weighted measure involves

the quartic quantity (k = 3 in (1.1.31))
[ (Druwya,
T3
no renormalisation other than the Wick type subtraction (|1.1.32]) is necessary, in
contrast to the @3 model. In Chapter [3| we also find this to be the case but for super

quartic quantities. We find this equally surprising.

16



Using the renormalisation discussed above and following calculations similar to
that in [40], we are lead to consider the energy

futun) = 3 (oo s [0 e ([av) ) -5 [ @uatunni

where () n is given by . One of the main novelties of the work in Chapter
is the addition of a power of the Hamiltonian , E(u,v)9, where ¢ = q(s, k)
is sufficiently large, to the energy & n(u,v). To construct the weighted measure,
formally given by,

p—»s(du> _ Z—le—&(u,v)—E(u,v)qdu

one needs uniform control of the partition function of the truncated measures ps n. As
in [4,40], we achieve this by pathwise bounds on the terms in a stochastic optimisation
problem involving a measure perturbed by a “control drift”. In our case, the relevant
expression involves higher powers of the control terms. These terms appear because
of the higher order nonlinearity: u* for k > 3 instead of k = 3 as in |40]. Because
of this, we found we could not get uniform control on the partition function of the
truncated measures ps y without the presence of E(u,v)? in the energy to assist in
controlling higher powers of the drift. As E(u,v) is conserved under the flow of NLW
(1.1.25), adding E(u,v)? to the energy does not impact the energy estimate required
by Method 4.

Another major difference of the results of we prove for NLW with previous
works is that is that the key energy estimates in [40,[78] depend on an initial
integration by parts (see |40, Equations (3.5)-(3.6)]). This integration by parts
removes the most singular term in the derivative of the energy. It is also in this
step of the argument that the correction needed to define the weighted measure is
identified. As pointed out in [40], when s is not an integer, we cannot integrate by
parts and obtain exact cancellation. The main tools here are paraproducts and an
expansion of the relevant multiplier. Since we do not require s to be an integer, we
automatically lower the restriction on the regularity of the measure ji,.

We conclude this subsection with a future research direction.

The assumptions on s and o in the statement of Theorem|[1.1.4/and Theorem|[1.1.5
are not optimal. For example, it is well known that a basic short-time well-posedness
result for NLW can be proved in the range s > 2 — L= using Strichartz

2 _ k-1
estimates. We do not attempt to optimise s in Theorem and Theorem [I.1.5]
However, this would be interesting to do because, as remarked in [78], [40], it is of

interest to consider quasi-invariance in low regularity settings.

1.2 Singular SPDEs

Singular SPDEs are SPDEs with noise so rough that the equation itself does not
make sense. To give meaning to an equation of this type, one needs to perform a
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surgery on the equation. In effect, one needs to abandon the study of the original
equation and study a closely related ‘renormalised’ equation. In this introductory
section, we will explain some of the different renormalisation procedures that have
been used in the literature. We focus in particular on Wick ordering for the stochastic
quantisation equation (SQE), , as we use a similar renormalisation for the
stochastic complex Ginzburg-Landau equation (SCGL), studied in Chapter . We
then give a brief introduction to SCGL, explain the results we prove in Chapter [4 and
then, finally, we explain how the results we prove fit into the wider singular SPDE
literature.

1.2.1 Methods in the Literature

The interest in singular SPDEs goes back to an article by Parisi and Wu, [81], (see
also [68]) where it was proposed that the Euclidean ®% quantum field theory on finite
volume could be constructed as the invariant measure of the stochastic quantisation
equation (SQE)

_ _ k
{8t“_A“ UTWEE ) eTIxR,, (1.2.1)

U|t:0 = Uop

where ¢ denotes a real-valued space-time white noise. More precisely, the Euclidean
quantum field theory on finite volume is the invariant measure of an appropriately
renormalised version of . SQE is also referred to as the ®%-model in
the literature. Due to its importance in physics, this equation has been the primary
motivator for most major advancements in the field of singular SPDEs.

As it is stated, SQE does not make sense in dimension 2 and above. For
example, in the 2-dimensional setting, the real-valued space-time noise ¢ has spatial
regularity —2 — ¢, for ¢ > 0. Heuristically, solutions of heat type equations gain
2 derivatives. Hence, if a solution u exists to SQE , one expects u to have
negative spatial regularity, —e, for ¢ > 0. This is an issue because the nonlinearity,
u?, then does not make sense. The product of distributions of negative regularity is
not always well-defined.

One of the first works studying singular SPDEs was the work [22], by Da Prato and
Debussche. In the 2-dimensional setting, Da Prato and Debussche proved the local
well-posedness of a suitably renormalised SQE. We will briefly explain the method
of [22] as we use the same general method in Chapter [ We note that to make the
steps below fully rigorous, one would need to consider a version of SQE (1.2.1)) with
mollified €.

Instead of studying SQE ((1.2.1)), which does not make sense in 2-dimensions
as explained above, Da Prato and Debussche [22] studied the Wick ordered SQE
(WSQE),

(z,t) € T x R, (1.2.2)
U|t:0 = Ug

{8tu:Au—u+ uf €
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where
uf = Hy(u, 00)

is the Wick ordered non-linearity.
Here Hy(-, () are the generalised Hermite polynomials and can be defined through
the generating function:

Gp(t,z;0) —em_’&t2 Z Hkxf

When ¢ = 1 we simply call Hy(z;1) the Hermite polynomials and write Hy(z;1) =
Hy(z). The first few generalised Hermite polynomials are:

Hy(z;0) =1, Hy(z;0) =z, Hy(z;0) = 2* — ¢,
Hs(z;0) = 2° — 3(x, Hy(z;0) = 2* — 602* + 30°.

In the cubic setting, £ = 3, the WSQE essentially amounts to replacing
u® by u® — 3oou. Of course, this replacement does not make sense rigorously but, by
considering a mollified noise, it is possible to justify this process.

Da Prato and Debussche |22| were able to prove the local well-posedness of WSQE
by using a technique now known in the singular SPDE literature as the
Da Prato-Debussche trick. However, this idea was first used by McKean [61] and
Bourgain [11] in the context of PDEs with random initial data.

The Da Prato-Debussche trick involves making the ansatz

u=v-+ Y,

where V¥ is the stochastic convolution defined by
t !
U(t) = / e~ =Rty ar
and then studying the resulting equation for v,

k
Ov = Av — vl k—d
! ;o (z,t) € T x R, (1.2.3)

U|t:0 = Uy — @(O)
where
UM = M, (U, 00)

is the Wick ordered monomial of order £ — 5. To go from WSQE (1.2.2) to (1.2.3)
one uses the well known Hermite polynomial sum formula:

Hy(x +y) = Zk:()mJHk] (y).

J=
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Assuming the following, one can make sense of the equation for v, (1.2.3]),

e Assumption 1: If a function f has regularity o > 0 and a function g has
regularity 5 < 0 and a + 8 > 0, then the product fg is well-defined.

e Assumption 2: The Wick ordered monomials, : ¥*~7 : have regularity —e,
for € > 0.

Hence if one postulates that v has regularity 2¢, all of the products on the right hand
side of make sense, unlike SQE (1.2.1). Da Prato and Debussche [22] then
used standard PDE techniques to prove the local well-posedness of WSQE (1.2.2).

The groundbreaking work of Da Prato and Debussche [22] lead to many other
works in the singular SPDE literature. In [63|, an energy estimate was used to prove
deterministic global well-posedness for WSQE , improving the almost sure
global well-posedness result in [22|. Here by deterministic, we mean for all initial
data, rather than for almost all initial data. The energy estimate in [63] essentially
amounts to multiplying the equation by vP~! and integrating in space to get
a bound on the growth of the LP-norm of v. See [85,93] for more papers on the
2-dimensional SQE involving similar energy estimates.

The situation for the 3-dimensional SQE proved to be much more difficult. The
Da Prato-Debussche trick and Wick ordering are not sufficient to make sense of SQE
in the 3-dimensional setting. In the groundbreaking work of [43|, Hairer invented
the theory of regularity structures, a general framework for making sense of singular
SPDEs. Using this machinery, Hairer was able to make sense of, and prove the
local well-posedness of, SQE in 3-dimensions. In [64] Mouratt and Weber used PDE
techniques to show that the 3-dimensional SQE ‘comes down from infinity’. This
is a strong result which implies deterministic global well-posedness. Since the work
of Hairer, there has been a menagerie of results giving alternative frameworks in
which to study singular SPDEs. In [15], Catellier and Chouk used the theory of
paracontrolled distributions developed by Gubinelli, Imkeller and Perkowski in [36],
and gave an alternative way to make sense of, and prove local well-posedness for, the
3-dimensional SQE. In [53|, Kupiainen developed a renormalisation group approach,
using techniques from the physics literature, to solve SQE.

Many other singular SPDEs fit nicely into the frameworks listed above. For
example the KPZ equation

Oth = Opph + (0h)* + &

can be solved in the context of regularity structures, see [43|, and paracontrolled
distributions, see [37]. The 2 and 3-dimensional parabolic Anderson model

Ou = Au+ ué

can be solved in the context of regularity structures, see [43|, or paracontrolled

20



distributions, see [36]. In 47|, the 3-dimensional SCGL was solved in the context
of regularity structures and paracontrolled distributions.

1.2.2 Main results for SCGL

e The results we present here, and later prove in Chapter 4] are based on:
W. J. Trenberth, Global well-posedness for the two-dimensional stochastic
complex Ginzburg-Landau equation, arXiv:1911.09246 [math.AP].

We study the following stochastic complex Ginzburg-Landau equation on T? =
(R/277Z)?* with an additive space-time white noise forcing:

{@u = (a1 + iag) Au + (b + iby)u — (1 + ico)|u|*™2u + /27€ (1.2.4)

U\tzo = Uog

where (2,t) € T2 xR, ay,7,> 0, az, by, by, c2,c3 € R, m > 2 is an integer and &(z,t)
denotes a complex-valued, Gaussian, space-time white noise on T? x R,. This is
(11.0.3]) with d = 2.

Formally, £(x,t) is defined by

AW (t)
dt

= {(z,1)
where W (t) is a cylindrical Weiner process on L?(T?),

W(t) = Balt)e™,

nez?

where {0, },ezz is a family of mutually independent complex-valued Brownian
motions on some fixed probability space, with Var(5,(t)) = t.

For s > —W{l, we consider SCGL with initial data in the space C*(T?). Here
C*#(T?) is the Holder space of regularity s. See Appendix [A| for the definition and
some basic properties of these spaces.

The complex Ginzburg-Landau equation (CGL), namely equation without
the white noise forcing, is one of the most studied equations in physics. CGL
is used to describe phenomenon such as nonlinear waves, second order phase
transitions, superconductivity, Bose-Einstein condensation and liquid crystals. For
more information on complex Ginzburg-Landau equations in physics, see the survey
paper |1].

Due to its physical importance, CGL has been heavily studied from a
mathematical perspective. See for example [26] where an energy estimate was used
to show that, with twice differentiable initial data, if the ratio |Z—f[ is small enough,
CGL on T? is globally well-posed. See |34] for a similar result on R

There has also been a substantial amount of research on complex Ginzburg-
Landau equations with random forcing. See for example [5,{42}46,47,49,54-57,86].
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We note in particular the work [42] where Hairer studied a complex Ginzburg-Landau
equation driven by a real-valued space-time white noise in 1-dimension and the
work [47] where Hoshino, Inahama and Naganuma studied a complex Ginzburg-
Landau equation driven by a complex-valued space-time white noise in 3-dimensions.
To the authors knowledge, no work has studied complex Ginzburg-Landau equations
driven by a space-time white noise in 2-dimensions EL The current work aims to fill
this gap in the literature.

In Chapter 4| we will only consider SCGL , with b; = —a; and by = —as.
That is, we consider SCGL in the form:

Bru = (a1 + iag)[A — u — (c1 + ico)|u*™u + /27¢€. (1.2.5)

We do this to avoid issues occurring at the zero frequency that arise as —A is not a
strictly positive operator.

As it is stated, the equation SCGL does not make sense. Similar to SQE
, discussed in Section , if solutions to this equation did exist they would
have regularity —e, for ¢ > 0. If this were the case, it would not be possible to
make sense of the nonlinearity |u|*™~2u as the product of distributions of negative
regularity is not always well-defined.

To get around this issue, we perform a surgery on SCGL , similar to the
one discussed in Section [[.2.1] It turns out that by subtracting certain counter terms,
it is possible to give meaning to SCGL. Instead of studying SCGL , we study
the Wick ordered stochastic complex Ginzburg-Landau equation (WSCGL),

{&eu = (ay +1a9)[A — 1u — (c1 +ico) :|ul*™2u: ++/27¢

(1.2.6)
U|t=0 = Up

where
Al = (=1 m = DL (juf; o)
is the Wick ordered nonlinearity.
Here L,(f) (x;0) = a’“Ll(f)(f) where L,(f) (x) are the generalised Laguerre
polynomials. These polynomials can be defined using the recursion relation

2k+1+0—2) L") = (k+ 0L, (z)
k+1

¢
Ll(c—i)-l(x) =
after initialising
LY@)y=1, Y@)=1+¢-uz.

Alternatively, the generalised Laguerre polynomials can be defined using a generating
function:

1 _ _tx > n
Gg(t,.’ll') = me -t = E t Lg)(l') (127)
n=0

3Very recently, after the paper this chapter is based on was completed, the work |60] studied the
cubic case.
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The first few generalised Laguerre polynomials are:

1
1+0—x

Lge)(x) = %12 — (0 +2)x+ E+De+2) 1)2(6 +2)

¢ 1l (043) 5 (+2)(L+3) (C+1)(0+2)(¢+3)
Lg)(x)—?x t 5 r+ 5 :

As an example, in the cubic setting, we study the nonlinearity |u|? — 2cou instead
of |u|*u. We have subtracted the counter term 2ocou. Of course, WSCGL
also does not make any sense. Subtracting 2oou does not make sense rigorously.
However, morally WSCGL is the renormalised equation we study in Chapter
A In Section of this thesis, we will rigorously describe how we make sense of
solutions to WSCGL ([1.2.6).

The main aim of Chapter [4] is to study the existence of solutions for WSCGL
. First, we prove the following local well-posedness result.

Theorem 1.2.1. Let a; > 0, m > 2 be an integer. Let sq > —% and € > 0 be
sufficiently small. Then WSCGL (|1.2.6)) is pathwise locally well-posed for initial data
in C*0(T?).

Using an energy estimate, we are then able to upgrade this local well-posedness
result to deterministic global well-posedness, provided that the dispersion, as, is
small compared to the dissipation, a;, and that the heat part of the nonlinearity is
defocusing, ¢; > 0.

Theorem 1.2.2. Let ay,c¢; > 0 and sy > —W{l. Set r = |Z—;‘ and let m > 2 be an

integer such that
2m—1<2+2Q3+mV1+ﬂ)
Then WSCGL, ([4.1.7)) is pathwise globally well-posed for initial data in C*(T?).

We now describe how our results for WSCGL in this thesis, and the
methods used to prove them, fit into the wider singular SPDE literature.

SCGL can be viewed as an equation interpolating the parabolic SPDE setting
corresponding to as = ¢ = 0, SQE, and the dispersive SPDE setting corresponding
to ay = ¢ = 0, a stochastic nonlinear Schrodinger equation (SNLS) with white noise
forcing. As explained at the beginning of this subsection, SQE is well understood in
the 1, 2 and 3-dimensional settings. Contrastingly, almost nothing is known about
SNLS with white noise forcing. Local well-posedness is an open problem even in
the 1-dimensional setting. Local well posedness of SNLS with a smoothed noise has
been studied in many papers, see for example [31] where local well-posedness of SNLS
with an almost space-time white noise forcing is proven. More is understood for other
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dispersive SPDEs with white noise forcing. See for example [38,39,71]. The results
in Chapter [4] of this thesis can be seen as interpolating the easy dissipative setting
and the difficult, unsolved, dispersive setting.

The main aim of this work is to fill in a gap in the literature by solving the 2-
dimensional SCGL. As noted earlier, SCGL has been studied in dimensions 1 and 3,
but not dimension 2. This problem of course is much easier than the 3-dimensional
equation solved in [47]. We do not need to use the frameworks of regularity structures
or paracontrolled distributions to give meaning to . We use a simple application
of the method outlined in Section [1.2.2] developed for SQE.

Even though technically the 2-dimensional setting is simpler than the 3-
dimensional setting, we believe this gap in the literature is an interesting problem
as the renormalisation procedure needed is slightly different to that in other papers.
Consider for example, SQE ((1.2.1). Due to physical considerations, one often wants
to only study real-valued solutions of SQE. To do this one puts the ‘reality’ condition

g(n) = fA(—n), for all n € Z¢

on the white noise £. In contrast to SQE, SCGL has to be studied in the complex-
valued setting. This is due to the complexifying nature of the Schrédinger, ias Au —
icolu*™ 2u, part of the equation. Because of this, the renormalisation procedure
for the real-valued 2-dimensional SQE, discussed in Section [1.2.2] then differs to the
renormalisation procedure for the complex-valued 2-dimensional SCGL, which we
will describe in Section [£.1l For SCGL, in the complex-valued setting, we use the
Laguerre polynomials. For SQE, in the real-valued setting, one uses the Hermite
polynomials. For the real-valued cubic SQE one essentially replaces the nonlinearity
u? by
H3(u; 00) = u® — 3oou.

Compare this to the complex-valued cubic SCGL were we replace |u|?u by
—Lgl)(]u|2; oo)u = |ul*u — 200u.

Note the difference in the amount of ‘counter terms’ subtracted in the above two
equations. Formally, this is because in the real-valued setting there are three distinct
ways to pair u and u in the nonlinearity u®> = wuwu, while in the complex-valued
setting, there are only 2 distinct ways to pair u and @ in the nonlinearity |u|?u = utu.

Wick ordering has previously been studied in the complex-valued setting, see for
example [74] where the complex-valued Wick ordered nonlinear Schrédinger equation
was studied in the context of random initial data. However, to the authors knowledge,
this is the first time Wick ordering and Laguerre polynomials have been applied
together in the complex-valued setting in the context of singular SPDEs.

To prove Theorem [1.2.1] we use the method of Da Prato-Debussche [22] outlined
in Section One of the steps in the local well-posedness argument of Da Prato-
Debussche [22]| is proving the regularity of the Wick ordered monomials, namely
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Assumption 2 in Section[I.2.2] In Chapter [d] we use a Fourier analytic proof, inspired
by the analysis in |38 Proposition 2.1] to do this, see Proposition . One key
formula used to prove the regularity of the Wick ordered monomials in 22,38,63.93]
and other papers studying real-valued equations is the following Hermite polynomial
expectation formula:

E[Hk(f;O'f)Hg(g;O'g)] = ]{Z'(Skg (128)

where f and g are mean-zero complex-valued Gaussian random variables with
variances oy and o4 respectively. In Chapter @, as we work in the complex-valued
setting and use Laguerre polynomials, we need the following Laguerre polynomial

analogue of (|1.2.8)):
E (L1100 £ L (lgl%: 0,)9° | = b

(k+ 0)!

k! ‘E[fEH%E[fg]Z (1.2.9)

See [28| for more information on (|1.2.9)).

The rest of the argument used to prove local well-posedness (Theorem
is virtually the same as that in [22]: Once we know the Wick ordered monomials
have regularity C~¢(T?), we can close a contraction mapping argument to solve the
equation for v = u — ¥ by postulating that v € C?(T?) and using the following
product estimate for Besov-Holder spaces:

1 f9lle-<(r2y < | fllo-=cr2)llgllcze ().

See Appendix [A] for a more general statement of this formula.

The argument used to prove global well-posedness in Chapter [4] is similar to the
papers [63,093]. From local well- posedness theory it can be shown that the time of
local existence, T, satisfies T' 2>, ||vol| ¢ (r2) for some 6 > 0 if

2m —1 < p. (1.2.10)

It then suffices to get an a priori bound on the growth of |[v(¢)||r». This argument
relies on the nonlinearity of having a good sign, that is ¢; > 0. However,
compared to the real-valued setting in [63/93] a complication arises due to the
dispersion, the ia,A term, in . Instead of getting a nice a priori bound of
the form

8t||“||ip(1r2) <C (1.2.11)

as is obtained in [63,93], we get a bound of the form
Ol|v][ o (p2y + 4A(=2Im(vV ), Vi]?) < C

where A is a quadratic form with coefficients depending on p, a; and as. Using ideas
originating in [26], see also [34,46|, we can show that A is a positive definite quadratic
form if

2<p<2+202+%V1+ﬂ) (1.2.12)
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where 7 = |21[. The positivity of A gives us an a priori bound of the form (1.2.11)).
The conditions (1.2.10]) and (1.2.12)) give the restriction on the dissipation-dispersion
ratio in Theorem [1.2.2]

We end this section with a few possible future research directions.

The Theorem leaves global well-posedness open for small dissipation-
dispersion ratios, r = ]Z—;] It is possible extend it to small values of r using an
invariant measure argument, albeit only almost everywhere, see |92| for details.
Further, it should be possible to adapt the arguments in [93] or [44] to show that
the transition semi-group associated to WSCGL satisfies the strong Feller
property. One should then be able to extend this almost sure GWP result of [92] to
deterministic GWP. See for example 23] where this was done for the 1-dimensional
Gross-Pitaevskii equation.

Using the estimates used to prove Theorem [I.2.2] it should be possible to prove a
coming down from infinity result like in [64,93]. However, as we had no use for this
result, in this Chapter {4 we did not pursue this.

1.3 Numerical Simulations

In Chapter 5] the final chapter of this thesis, we describe some numerical simulations
that we performed. These simulations illustrate the transport of Gaussian measure
results in Chapter [2| and give insight into potential future research directions. The
work in Chapter [5] is exploratory in nature. We aim to get a heuristical idea of the
behaviour of the objects studied and to illustrate concepts previously studied in thesis
without being overly concerned with error analysis. For this reason, any conclusion
reached in Chapter [5] should be viewed skeptically.

1.3.1 Motivation for simulations

Over the last 30 years, there has been a wealth of research, studying the transport
of measures under the flow of partial differential equations, in particular dispersive
PDEs. This was initiated by results concerning invariant measures for the nonlinear
Schrodinger equation. See for example the work [59], dating to 1988, where Lebowitz,
Rose and Speer gave a construction of a Gibbs measure for the nonlinear Schrodinger
equation and the work [9], dating to 1994, where Bourgain proved that this measure
is invariant under the flow of the nonlinear Schrédinger equation.

More recently, in the last 5 years, there has been a surge of activity studying the
transport of Gaussian measures under the flow of nonlinear PDEs. The genesis of
this was the paper [96] where Tzvetkov developed a general method, based on PDE
type energy estimates, to prove that certain Gaussian measures are quasi-invariant
under the flow of Hamiltonian PDEs. Chapters 2] and [3] are examples of results in
this program.

To our knowledge, there has been no work in the literature studying the transport
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of measures under the flow of dispersive PDEs from a numerical perspective. This
is likely due to to the technical difficulties this would entail. To numerically study
the transport of measures, one needs to generate a large amount of samples, each
sample being a solution of a given PDE with initial data sampled from some measure.
Numerically solving PDEs can be very computationally expensive and doing so, say
10° times, is even more still.

The aim of Chapter [jis to make an attempt at studying the transport of Gaussian
measures under the flow of dispersive PDEs numerically, as opposed to theoretically.
The simplest method we are familiar with in the literature, that can numerically
study measures, is Monte-Carlo simulation. That is, we numerically generate a large
amount of functions, sampled from the initial measure being studied. From the
ensemble of initial functions, we can approximate any statistical property of the initial
measure we wish. Then, for each function, we numerically solve the given PDE up
to some time ¢. From the ensemble of solutions, at time ¢, we can approximate any
statistical property of the push forward, to time ¢, measure. We describe in technical
detail how we perform these Monte-Carlo simulations in Section of this thesis.

We have three main motivations for performing these simulations. Firstly, as
mentioned above, we do not know of any similar simulations performed in the
literature. Our second motivation is to visualise how quasi-invariance, a topic studied
in Chapter 2 and Chapter 3, manifests itself in terms of statistical properties of Fourier
coefficients. We are in particular interested in the evolution of the variance of the
nth Fourier coefficient,

Var(un(t)) = EfJun (£)[*] — [Efua (t)]]”

and the evolution of the covariance between the nth and mth Fourier coefficients,

Covar(uy, (t), um(t)) = Elu, () (t)] — Elu, ()| Elun, (1))

Our final motivation for performing these simulations, is that we believe some
mathematical properties can be opaque when looked through a shroud of equations
and symbols but transparent with the right visualisation. The hope is that this work
could lead to some interesting theoretical questions or give insight into problems that
are beyond current theoretical techniques. Below we make Conjecture which
we believe to be one such interesting research direction.

1.3.2 Simulations performed for FNLS and gBBM

In the remainder of this introductory section we describe the simulations we perform.
First, we study the defocusing FNLS ((1.0.1) with a ‘=’ sign) on the 1-dimensional
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torusﬁ,

. 92\, — _ 2
{z@tu—i-( 02)“u = —Alul*u, (1.3.1)

Ul =0 = o,
with initial data, ug, sampled form the Gaussian measure formally given by

dus = Z Yo allulis gy,

This Gaussian measure is induced by the map

w i ug(x) = Z <g27;(:>)5 emine (1.3.2)

ne”L

where {g,}nez are mutually independent standard Gaussian complex random
variables.

The equation is similar to the equation studied in Chapter . The only
difference is the presence of A on the nonlinearity. This does not affect the proofs in
Chapter . We expect all of the results in Chapter [2[ to also hold for FNLS .

We study FNLS with a = 0.55 and the measure with s = 4.2, as we
found these values were approachable computationally, and with A = 10 to increase
the strength of the nonlinearity. As the Gaussian measure is invariant under
the flow of the linear Schrédinger equation, if A were close to 0, we would not expect
to see interesting nonlinear behaviour. Further, we only study FNLS in the
1-dimensional setting. This is mainly because of the ‘curse of dimensionality’. In the
context of numerically solving PDEs, it is often found that as dimensionality goes

up, it becomes increasingly computationally expensive to numerically solve PDEs.
We note that the following quantity is perserved by the flow of FNLS (|1.3.1))

M(u(t)) = / WO =3 a2

neL

Later, in Section [5.3.2] we will use this conservation law to check the accuracy of
the Monte-Carlo simulation performed for FNLS. We note that FNLS also has a
Hamiltonian that is conserved, see (|1.1.15)). However, this quantity is not easily
computed numerically, and so we do not use it in Chapter [f

In Section [5.3] we perform a Monte-Carlo simulation of the Gaussian measure
under the flow of FNLS . We describe in detail how we perform this
simulation in Sections and [5.2] Based on the results of the simulation performed
for FNLS , we hypothesize that the Gaussian measure under the flow
of FNLS ([1.3.1]) converges to some limiting measure.

Encouraged by this result, we perform another simulation where we believe there
is a natural candidate for the limit measure.

4Here we depart from a convention established in the Notation section of this thesis. In this
section we define T = R\Z, instead of T = R\27Z. We do this as it leads to a simpler application
of the fast Fourier transform algorithm.
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We study, the real-valued, dispersion generalised Benjamin-Bona-Mahony
equation (gBBM) on the 1-dimensional torus,

—92) ?) =
{c‘)tu+0t( 07)7 u + Dyu + A0, (u?) =0, (1.3.3)

U|t:0 = U,

with initial data, ug, sampled form the Gaussian measure induced by the map

A D e (1.3.4)

nez 27?71
Here,
g1(w) = V0.225(hy(w) + ha(w) + hg(w) + hs(w)) (1.3.5)
g2(w) = V0.275(ha(w) + hs(w) 4+ ha(w) 4 he(w))
g3(w) = v0.225(hs(w) 4+ ha(w) + hi(w) + hr(w))
g4(w) = V0.275(hy(w) 4+ hy(w) + he(w) + hs(w))
where hq, ho, ..., hs, g5, g6, - - - are mutually independent standard Gaussian random

variables. We define ¢y,... g4 the way we did in to introduce correlations
between the Fourier coefficients of the random series , to see how correlation
between Fourier coefficients is transported. Further, gy = % Gn = g_n so that the
random series is real-valued.

The equation gBBM was first introduced by Tzvetkov [96] as a
generalisation of the well known Benjamin-Bona-Mahony (BBM) equation, as a
model equation in the study of quasi-invariant measures under the flow of Hamiltonian
PDEs. The equation can be written in the form

O = (u + u?).

Ot = —A—2
S Py 7y

In this form it is clear that, unlike other dispersive equations, the dispersion relation
of is bounded. This makes easy to study from a theoretical perspective
and in fact in Chapter [5| we find that it is easy to study this equation from a numerical
perspective for the same reason.

We do not study directly. We instead study the dispersion generalised
Benjamin-Bona-Mahony type equation (which we also label gBBM)

{8tu:—)\ % (u?),

1+(-02)? (1.3.6)
U|t=0 = Uo,

with initial data uo coming from inital measure given by (1.3.4] - but With go = 0.
Going from (|1.3.3) to gBBM (|1.3.6] - amounts to substituting v’ = u — = 1nto (11.3.3).
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We choose to to study gBBM ([1.3.6) instead of (1.3.3) as we found the former is
faster to solve numerically.

We note that gBBM ([1.3.6]) conserves the mean,

/T u(t) do

and the Hz-norm of solutions, the quantity

lull? g = > 1l |ual” (1.3.7)

ne’l

From the conservation law (1.3.7]) the Gibbs type measure, formally given by the
following equation, is invariant under the flow of gBBM ({1.3.6)

B2 5 llull® 5

duy = Z te #2 du. (1.3.8)

This is the measure induced by the following random Fourier series,

wes By () 2mina (1.3.9)

= \27m|%

were go = 0 and g,, are mutually independent standard Gaussian random variables
except for g, = g_,.

We chose to study the equation gBBM because it possesses the Gibbs
measure (|1.3.8)) which has readily available statistical information. For example,
the variance of the nth Fourier coefficient of samples from is simply BQW.
This is not the case for Gibbs measures for other equations. We believe invariant
Gibbs measures are natural candidates for convergence. Further, the initial Gaussian
measure and the Gibbs measure are supported on functions of the same
regularity.

We choose v = 5 in gBBM as we found this value to be computationally
approachable. See Section [5.4] for more information on the simulation we perform for
gBBM ([1.3.6).

Based on the results of this Monte-Carlo simulation, we do not find conclusive
evidence confirming or rejecting our hypothesis of convergence to the Gibbs measure
(1.3.8). However, we still find evidence of convergence to some other, unknown,
limiting measure.

Based on the results of the simulations performed in Chapter [f] we make the
following conjecture.

Conjecture 1.3.1. The push forward of the Gaussian measure ((1.3.2)) under the flow
of FNLS (1.3.1)) converges in some suitable sense ast — oo. The push forward of the
Gaussian measure(|1.3.4)) under the flow of gBBM (|1.3.6) converges in some suitable

sense ast — 00.
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We conclude this section with a few possible future research directions.

It would be interesting to test Conjecture for different PDEs and initial
measures to see how widely behaviour of this type is expected.

In Conjecture [1.3.1, we do not make a guess at what the limiting measures may
be. If one can show theoretically that the flow of measures does converge, it would
be interesting to investigate properties of the limiting measure.

It could also be of interest to plot the evolution of more complicated properties
of the flow of measures. For example the L”-norm of the Radon-Nikodym derivative
with respect to the initial measure. From the recent work of [24], there is a way to
find an exact formula for the Radon-Nikodym derivative, so this should be possible.

We observe in our simulation for FNLS that Var(u,) for large n seems to
increase more as a percentage than for small n. It would be interesting to numerically
investigate this in more detail. This has a connection to the growth of higher Sobolev
norms.
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Chapter 2

On the transport of Gaussian
measures under the 1-dimensional
fractional nonlinear Schrodinger
equations

This chapter is dedicated to the proof of Theorem and Theorem [1.1.3] as stated
in Section [.1.2]

2.1 Preliminary estimates

In this section we record some elementary estimates that will be useful in the coming
analysis. The first result we need is the double mean value theorem (DMVT) from |18,
Lemma 2.3.

Lemma 2.1.1 (DMVT). Let £,n,A € R and f € C*(R). Then, we have

f<£+n+x>—f<s+n>—f<f+A>+f<s>:An/o / F7(€ + sA+ tn) dsdt.

We have the following consequence of DMVT:

Lemma 2.1.2. Fix s > 1 and let ny,no,n3,n € Z be such that n = nqy — ny + ngs.
Then, we have

[(n)* = (n2)* + (n)* — (0)**| < In = maln — n3| (anax) > 2,
where Nmax = max(|ny|, |nal, |ns|, |n|) and the implicit constant depends only on s.

Proof. This is a simple application of DMVT upon setting ny = {+n+ X\, ng = £+,
n=~&4 Xand ng = €. O
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The next lemma states a crucial lower bound on the phase function ¢ (%) of (1.1.18))
which we use repeatedly throughout. It was proved for the case % < a <1in |25
Their proof easily extends to the case o > 1; see Appendix [B]

Lemma 2.1.3. Fiz o > % and let ni,ns,n3,n € Z be such that n = ny — ny + ngs.
Then, we have
6(M)] 2 In— nalln = ns| (In = na| + |n — ng| + [n])**~

200—2
max

2 [n = nalln — ng|n
where Nmax = max(|ny|, |nal, |ns|, |n|) and the implicit constant depends only on .

We next state a useful summing estimate, a proof of which can be found in, for
example, |33, Lemma 4.2].

Lemma 2.1.4. If 3 >~v>0 and B+ v > 1, then we have
3 1 < ks — k»)
” (n — k1)5<n — k2>7 ~ kl — k2>’y ’

(
/ 1 iz < wp(k1 — kz)y
R (T — k)P (x — ko) (k1 — ko)

where
. 1, it g>1,
palk) =) P~ log(1+ (k)), if p=1,
1<[n|<[k| (k)15 if f<1.

Finally, we will require the following fact from elementary number theory [45]:
Given n € N and any 0 > 0, there exists a constant Cs > 0 such that the number of
divisors d(n) of n satisfies

d(n) < Osn®. (2.1.1)

2.2 Reformulation of FNLS

In this section, we reformulate FNLS ((1.1.13]) into a more amenable form for the
normal form reductions in the next section. Given t € R, we consider the gauge
transform G; on L*(T) defined by

Gl f] = e%tf'fl?dxfa

where f, f(z)dz := 5= [, f(z)dz. Furthermore, given u € C(R; L*(T)), we define G
by



It is easy to check that G is invertible with inverse
G [ul(t) = Gi[u(t)]-
Now, let u € C(R; L*(T)) be a solution to and define v by
v(t) = Glul(t).
Then it follows from mass conservation that v satisfies

10w + (—0%)* = (|v|2 - 2][ |v|? dx) v. (2.2.1)
T

Namely, v satisfies but with a more favourable nonlinearity. We define ®(t) :
uy € H(T) — v(t) € H°(T) to be the solution map of (when it exists) at
time ¢.

In order to make the following calculations secure, we consider the following
truncated equation:

iaﬂ) + (—832)0‘1) = PSN |:<|P§NU|2 — Zf |P§NU|2 d[L‘) P§NU:| . (222)
T

Here, Py is the projection onto frequencies {n : |n| < N} for N € N. We let ® (1)
denote the solution map of at time ¢ (when it exists).

To exploit the dispersive nature of 7 we will need another gauge transform.
We define the interaction representation of v as

w(t) = S(—t)v(t), (2.2.3)
where S(t) = ¢=%9" On the Fourier side, we hav
B (t) = 75, (1).

Then, the equation (2.2.1)) becomes the following equation for the Fourier coefficients
{@n}nGZ:

~ T~ o~

oW, = —1i Z eiw(ﬁ)wmwngwns + Zl{u\”Fﬁ}"’ (2'2'4)
I'(n)

where the phase function ¢(7) and the plane I'(n) are given by
$(7) = ¢(n1,n2,n3,n) = [ [** — [naf* + s — |n**

and
['(n) = {(n1,n2,n3) € Z* : n = ny — ny + n3 and ny, ny # n}.

1For clarity, we will sometimes write f(n) as f,.
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Similarly, the truncated equation (2.2.2) becomes the following equation for the
Fourier coefficients {w, },ez:

Oyy, = 1<y | —1 Z zt‘z’(")wm@mwm + 4| W, |2, | (2.2.5)
In(n)
where the plane I'y(n) is given by
I'y(n) =T(n) N {(n1,n2,n3) : |n;] <N, j=1,2,3}.

From now on, for ease of notation, we will typically ignore the ‘hats’ on the Fourier
coefficients.
The following lemma shows that it suffices to prove the quasi-invariance of g

under the flow of (2.2.1)).
Lemma 2.2.1. The following is true:

(i) Let s > % Then, for any t € R, the Gaussian measure s is invariant under
the map G.

(ii) Let (X, ) be a measure space and suppose that Ty and Ty are maps from X to
itself such that p is quasi-invariant under Ty and is quasi-invariant under Ts.
Then, p s quasi-invariant under the composition Ty o Ts.

For a proof of these, see |76, Lemmas 4.4 and 4.5]. We note in the particular case
s =1, (i) follows from the results in [66].

2.3 Quasi-invariance for o > %

In this section, we present part of the proof of Theorem and Theorem [1.1.3
by applying the argument in [82] (Method 3). Namely, we establish quasi-invariance
of Gaussian measures ps under the flow of FNLS for regularities s given
in (L.1.19). We begin in Section by deriving a suitable modified energy and
obtaining the key energy estimate of the form (1.1.11]). Then, in Section , we
use this energy estimate to conclude the quasi-invariance of .

2.3.1 Energy estimate

Given a smooth solution v to (2.2.1)), let w be as in (2.2.3). Then from (2.2.4]), we
have

d
e = prid Ol i

2 _ —
= —2Re: g E sgitd(m) wnlwmwmwn

n€Z I'(n)

Zt —_— —_—
= —RQZ E ws e wn1wn2wn3wm

d
(o)

(2.3.1)
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where o = (nq,ng, n3, n),
(@) = {(n1,n9,n3,n) € Z* : ny — ny +n3 = n and ny,ng # n}
and
Us() = (n1)* — (n2)* + (ng)™ — (n)*. (2.3.2)

The second equality in (2.3.1)) follows by a symmetrisation argument. Indeed, a
relabelling of the sum implies

Res E 25 eitom wmwmw%wn Rei E 25 ey wnlwnzw%w_n.

Using the fact that Reia = — Reia for all a € C, a relabelling also shows

Res E 23 PR W, Wy, Wi, Wy, = —Red E 25 eitem wnlwmwnsw_n.

This symmetrisation puts us in a position to apply Lemma [2.1.2] later. Writing

A (N o
dt \ io(m) ’

and applying the product rule in reverse, (2.3.1)) implies

d o 1., d ¥s(M) iup(m) __
a”w(t)\ e =5 Re% Z We Wy, Wy W W,
@) (2.3.3)
1 1/}8 (ﬁ thﬁ
-5 Re Z G 0, (W, Wy Wy, W)

We now define the modified energy:

E..(2) = ||2|13 — Rez ’l#s ™ 2 ZnatnaZn

=t ||2ll7s + Rou(2 )-
Then, it follows from ([2.3.3) that for any solution w to (2.2.4)), we have

d 1 Us(M) iup(m) S
%E‘S’t(w) =-3 Re Z Fe Oy (Wi, Wiy Wi Wy ). (2.3.4)

At first glance it seems like the modified energy (12.3.5) is non-autonomous in
time. However, this time dependence is only superficial. Writing the modified energy
in terms of y := S(t)z, we have

Ey(y) = Es(S(—t)y) = lyllF + Rs(y), (2.3.5)
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where

_ 1 () B —

Now, the nonlinear functionals Fs and R, are clearly autonomous in time.

We now state the following key energy estimate which is of the form ([1.1.11)).

Proposition 2.3.1. Let (s, «) belong to one of the following regions:

1
(i) s> 1, when a>sg,
2 25 )
(ii) max (g, 15~ a) <s<1, when a> 7 (2.3.7)
3— 5
(iii) S <1, when l<a<-.
2 4
Then, for sufficiently small € > 0, there exists C' > 0 such that
d 6
S Es(Pavo(®))| < Cllo@I .-y (2.3.8)

for all N € N and any solution v to (2.2.2)), uniformly in t € R.

Proof. Using (12.3.5)) and the unitarity of S(¢) on H s’%’E(T), it suffices to prove, that
for small € > 0, there exists C' > 0 such that

d 6

ZEu(Payw(t)| < Cllw@l},..) (2.3.9)

s~ z—°¢

for all N € N and any solution w to (2.2.5)), uniformly in ¢ € R.

Using (2.3.5)), (2.2.5)) and the symmetry between n; and n3 and between ny and
n in (the appropriate version of) (2.3.4]), we have

%Es,t(PSNw) _ M) + Ra(w) + Na(w) + Ra(w), (2.3.10)
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where

w it S S —
Ni(w) :== —Rei Z SO N T A, | Wy, W,
I'n(n1)

(2.3.11)

Ri(w) :== —Rei Z ws 1P |y, [P0y, Wi Wy Ty, (2.3.12)

In( n)

No(w) := —Rei Z lZJs ey, Z ) ) e | Wiy W

Iy (n2)
(2.3.13)
o(w) := —Rei Z W@ Way | Wy | Wiy Wiy Wy (2.3.14)
Here,
O, m1) = [ma|** — [mo|** + Jmg[** — | [**
and

I'y(m) == {(n1,n2,n3,n) € I'(M) : |n;|,|n| <N, j=1,2,3}.

From now on, we will simply write I'(72) instead of Iy (%) as N plays no further role. In
the following, we heavily make use of the Fourier lattice property of H*(T); namely,
that the H®*-norm depends only on the absolute value of the Fourier coefficients.
In particular, we assume all the Fourier coefficients w, are real and non-negative.
Moreover, as we never make use of the oscillatory factors such as e we will
neglect explicitly writing them.

Consider the first scenario (i). For s > 1, Lemma and Lemma imply

we have
||@i};((ﬁn))|| < ()22 (2.3.15)

We first estimate N (w) by decomposing the sum into two cases depending on which
frequency attains 7nay.

e Case 1: ny., = |n4|

From the conditions n = ny — ny + n3 and ny = my; — ma + ms we have
max(|ngl, [ns|,|n]) Z |ni| and maxj_q23|m;| 2 |ni|, respectively. We assume
[na| 2 |n1| and |my| 2 |n1| as the other cases are similar. Hence, we have

1

<nmax>25—2a 5 <m1>s—%—e<n2>s—§—s<nmax>—2a+1+25 5 <m1>5_%_5<n2)8_%_5. (2.3.16)
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Using ([2.3.15)), (2.3.16)) and Young’s inequality for the convolution of sequences we
have

1

M @) S ) W, Wi Wiy | (2) 2w, wngw,

r(m) \I(n1)
S D2 5w, | ) 2w | el
I'(n1) 6%1
A further application of Young’s inequality gives
1 1
> ) A vyt S () A S| el
F(nl) 8%1 "

By Holder’s inequality and choosing € small enough so that % +e<s— % —£,we
have

[wnlley, S Nwll 140 S wll -y
Putting this together we get
M) S ol

which is the desired estimate for N (w).

e Case 2: ny.y, € {|na|, |nsl,|n|}

It suffices to assume np.x = |n2| as the remaining cases follow analogously as
below. Similar to Case 1, we have max(|ni|, |ns|,|n|) = |ne|. If |n1| 2 |na|, we
proceed in exactly the same way as Case 1. If instead |ng| 2 |na| or |n| 2 |ns|, say
the former as both subcases are similar, we use Young’s inequality

_1_ _1_
NI W) YD Wiy Wiy Wiy | (1) 2w, (n3)* 2 F w0y,
I'(m)

I'(n1)

2
1
< E Winy Winy Wing H<n>5 2 cw, B [[wallps -
n

gl

ny

A further application of Young’s inequality and Holder’s inequality gives

Z Wiy Wiy Wmg 5 “wnH?}L 5 ||w||i{%+s

Zl

n1
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This completes the case ny.x = |n2| and hence the estimate for Ni(w). The estimate
for Na(w) follows from similar arguments. Now we estimate R4 (w).

e Case 1: ny., = |n4|
As before, max(|ns|, |ns|,|n|) 2 |ni|. It suffices to assume |ny| = |nq|, as the
subcases |ng| 2 |n1| and |n| 2 |n1| are similar. We have,

1

Ri()] $3 ()72 75w () 2w, wn,w,
(m)

1 1
S ) 2 wplle 1) =2 " walleg lwall
Using Holders inequality and then the embedding ¢ C ¢2 we have
1 1 1
[n) "2 wille < I1(n)* 2 wallg lwallze S 1(n)* 2 walle [Jwnllz
Putting everything together, we have shown

Ra(w)] < ol ) llwl?.

o Case 2: npax € {|n2], |03, [}

It suffices to assume np,c = |ns| as the remaining cases follow analogously as
below. As before, max(|ni|, |ns|,|n|) 2 |n2|. We apply the argument of Case 1
if |n1| 2 |no|. Instead, if |ng| = |n2|, the remaining case being similar, Young’s
inequality, the embedding (2 C 3 and Holder’s inequality yield

1

[Ra(w)] S Y wh, ()2 Fwn, (n5)"™2 Fwiw,
I'(m)

_1i_
S llwallzg 1€n)* =2~ wal|Z llwnlle,

< folaliwl ..

€

This completes the estimate for R;(w) and the estimate for Ro(w) is similar. Thus,
we have established ([2.3.8)) in the region (i).

We now move onto establishing when % < s < 1. This regime is responsible
for the regions (ii) and (iii) in (2.3.7). As before, we begin with Aj(w). Notice that
since s < 1, we can no longer apply Lemma . We set 0 = s — % — ¢ and define
Wy, = (n)°w,. Without loss of generality, we suppose |ni| < |my|. The regularity

restriction of s > % arises from the following estimate:

1

o—1 __
Z <m1> 6 Wiy Wy Wing
I'(n1)

Sl yllwllae < llwlle, (2.3.17)
goo

ni

where the second inequality holds provided s > % We decompose the sum in N (w)
into a few cases depending on which frequency attains n,ay.
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e Case 1: |n| ~ |n1| > |nal, |ns|

In this case, it is clear from ({1.1.18)) and Lemma that
|6(72)] Z npms I — | (2.3.18)

max

and from (2.3.2)) and the mean value theorem,

|95 ()] S i [0 — 101 (2.3.19)
Hence with ([2.3.17)), we have
n2571 ,Lz‘]n2 an:; wn

1 N
Z <m1>0_ 6 Winy Wing Wiy

I(n1)

RHS of 2311) <) _ o
I'(7)

i ()7 (1) 2} )

Wy W, W
S llwlle Y =7
~ e F(ﬁ) nll'jnax <’)’L2>U<’)’L3>U ’

o

where
1 7
V:2a—23+20—6:2a—8—25>0.

By the Cauchy-Schwarz inequality, we bound this by

bt (3 )

T (ﬁ) max

1
2

and we are done, provided we show

1
> — <L (2.3.20)

T (ﬁ) max

For 0 > 0 sufficiently small, we have

1 1 <n >1+5—20<n3>1+§_20
2 ~ |
I'(7) n1211Vax<n2>26<n3>2a ni,n2,n3 <n1>1+6 <n2>1+6 <7’L3>1+5 <n1>2u—1—5
[n2l,|ns|<|n1|

Thus, provided

2v>1 and 4o+ 2v > 3, (2.3.21)
we have
<n2>1+5—20<n3>1+5—20 < 1 < .
(np)2v—1-0 ~ (p,)2ve—3-35 ~
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and hence (2.3.20]) follows. The first condition in (2.3.21]) requires o > 2, while the

67
last condition requires s > % —a.
e Case 2: |n| ~ |ng| > |ny|, |ns|
We have

|p(m)| = nZe (2.3.22)

max’

and using (2.3.17)) leads to
RHS of (Z3.10) S [wlf, Y —2msin

I'(m) nﬁqax <n1 >07 6

6 (ns)”
where
v=2a—25+20=2a—1—-2¢>0.
Using Cauchy-Schwarz as in the previous case, we sum over nq,ng and ns provided

1
2vu>1 and 2y—|—4a—§>3

and hence s > % — «. Notice the first condition above requires o > %.

e Case 3: |n| ~ |ng| > |n1], |na|

We have
0(M)] 2 nic In —nal - and [s(@)] < nipil In — nsl.
Thus
RHS of < fufy, 30 —Leaualn
D() Mnax (11)7 6 (112)°
where

v=2a—25s+20 =2a0—1—2¢ > 0.

Using Cauchy-Schwarz as in the previous cases, we sum over ni, ny and nz provided
1
2v>1 and 2V—i—40’—§>3,

and hence s > X — o. The first condition above requires o > 3.
6 q 1

e Case 4: |ny| ~ |ng| > |ns|, |n|
We have

[6(M)] 2 s In—nsl - and [ (@)] S npplIn — g

max max
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and we proceed as in Case 1 as long as s > % —«aand o > %.

e Case 5: |nq| ~ |n3| > |na, |n|

We have
[o(m)] Z niey,
and hence
Wy, Wy W
RHS of (2.3.11)) < ||w||3» ~2 78
B3ID Slwlle 2 e
where

1 7
V:2oz—23+20—6:204—8—25>0.

By Cauchy-Schwarz and summing in n,ns and n; as long as
2v > 1 and 2v+ 40 > 3,

and hence s > % — «. The first condition above is satisfied provided o > %.

e Case 6: |ny| ~ |ng| > |n4|, |n|
We have

(6] 2 Mg [n =] and [y, (@)| S npe [ —

max max

and we proceed as in Case 4 as long as s > % —«aand o > %.

e Case T: |ni| ~ |ng| ~ |ng| > |n|
From Lemma [2.1.3) we have |¢(n)| = n2%  and hence

max

25 7 ~ ~
RHS of (2.3.11)) < |lwl? Z N ax Wno Wng Wn
— ~ He 30—1

T'(7) 2% Mmax  (1)°

Applying Cauchy-Schwarz in ny, ng and n, we sum provided

1 1 3
2(204+30—6—2s>>2 and 2a—25+30—6+0>§,

which requires o 4+ s > Fl and 2a + s > g. Notice that when a > %, this latter
condition is superseded by the former. The remaining cases of the form |n; | ~
[njy| ~ |nj,| > |n;,| with distinct j, € {1,2,3,4} (nj, := n) are similar and are thus

omitted.

e Case 8: |n| ~ |n| ~ |na| ~ |ns|
We distinguish when « is ‘close too’ or ‘far from’ 1.

e Subcase 8.1: 1 <a< %
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By Lemma we have

25 3
Z — 1
|n—n1|\n—n3|n2a 2( (

)( E wmlwm2wm3)wn2wn3wn

2 = 2
where
v =20 =225+ do = 2ats—2-2) >0, (2.3.93)
provided
ats=2 (2.3.24)

By Cauchy-Schwarz in n,n; and ng, followed by summing in n and ns, we get

1
< Nwllfe Wiy Winy Wi )
~ H ||H <n—n1><n—n3>(nmax>l’ (F(Z: 1 2 3 »
n1) n,n1,n3
~ ||w||H" Z wm1wm2wm3
e,
Imposing
1
at+s<2+ 1 (2.3.25)

implies v < = so that we can apply Holder’s inequality and then Young’s inequality,
with exponentsE|

1—2v+ 49 1 n 2
- et B —
2 2 2—v+
to obtain
< Nl Z Wiy, Wiy Wiy 2
(n1) e
< 4 2
S HwHH”HwnHZE_%
Once more with Holder’s inequality, we have
S lwlle 1) =12 = S [hwllge,
by

2Here, we use the notation a— (respectively, a+) to denote a — § (respectively, a + J), where
0 < 0 < 1 is extremely small.
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provided

20
> 1.
1—v+
Using ([2.3.23)), this last condition requires
3 _
s> a (2.3.26)

Putting the conditions (2.3.24)), (2.3.25) and (2.3.26) together implies we must
enforce in this subcase

13—042 < 5 < mi 19
-2 — in - —
max 5 5 «Q s<m ' al,

where the upper bound is strict if the minimum is 2 — . Now as o < %, min (1, 9 _

1 4
a) = 1 and this implies the range

(63
2T <.
5 %=

e Subcase 8.2: o >
Given n € Z, let

SN

[(n,p) =T(n)N{(n1,n9,n3) €Z* : p=(n—n1)(n—n3) € Z}.
From ([2.1.1) we have, for any 6 > 0, there exists a Cs > 0 such that

#L(n, p)| S Cslol’. (2.3.27)

By Lemma [2.1.3|and ([2.3.17)), we have

By T
MY Y i

n  p7#0 I'(n,p) ’p’ Mmax <n>g<nl>0—6<n2>a<n3>0

Sl D > >

n p#0 I(n,p)

1
o1 -
(M) 8 Wy Wiy Wi
I'(n) 6

7 m“’“’w

where
1 25
V:2a_2_28+40_6ZQOH—ZS_E_%’
which is positive provided

25
> —. 2.3.28
ats> ( )
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To continue, we follow the argument in |76, Proposition 6.1| and for completeness we
detail it here. By Cauchy-Schwarz, (2.3.27)) and Lemma [2.1.4] we have

§W%{ZX§:Z:M mWQT§

n p#0 T'(n,
1
3
4 ~2 ~2
N HwHH"{Z (Z| 12 Z )Z Z o= 25n wnzwns}
no N p#0 p7#0 T'(n,p) max

1
2

~2 ~2
<Wﬂm(§:mn3§qm_mPWm>)

ng,n3 ni1#nsg

5 ||w||?{‘77

where from ([2.3.28) we choose § > 0 small enough so that § < v.
The required range for s in this subcase is

2 25 cs<
max | -, — — a )
. 3712 °

This completes the estimates for MV;(w). The estimate for Na(w) follows analogously.
We now move onto bounding R4 (w). Writing

o) ()
G0 (nz) () ()

it suffices to show

S ) By [Py By 0 S [0S (2.3.29)
I'(m)

As above, we divide into a few cases.

e Case 1: |n| ~ |ny| > |nal, |ns|

Using (2.3.18)) and (2.3.19) we have

m(m) S !

nglax <n2>0 <n3>0 ’

where v = 2o — 25 + 40 = 2o + 25 — 2 — 4e. By Cauchy-Schwarz in ny, ng and n and
the embedding 2 C (5, we have

1

2
LS of @) 5 s ( S0 s ) Sl

ns,n3 max

where we can sum provided 40 + 2v > 2 which requires s > 1 — %a.
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e Case 2: |n| ~ |n3| > |ny], |ns|
Using ([2.3.22)), we have
1

nlr/nax <n1 > 57 <n2>g ’

m(m) S

where v = 2a — 254+ 20 = 2o — 1 — 2e. By Cauchy-Schwarz in nq, ny and nz and the
embedding (2 C (8, we have

3
LHS of 2.3.295”@“32(2 Y — - 2>2(,> S ||z,
n3

ni,no max

where we can sum provided s > max(2,2 — 2a).

e Case 3: |nq| ~ |ng| ~ |n3| ~ |n|
From (|1.1.18]), we have

n2s 1 1
m(ﬁ) < max ~
™ n = nalln = ngnge (n1)?7(n2)7(n3)7(n)e [n — mln — nslny;

max

max

where
v=2a—2—2s5s4+60 >0,

provided s > % — %a. An application of Cauchy-Schwarz then implies

] 1 P
s of @529 < ol (S ) Sl

B |n — nq|?|n

All remaining cases follow analogously from the methods in either Case 1 or Case
2 above and are thus omitted. This completes the bound for R;. Notice the condition
from Case 3 supersedes the conditions from Cases 1 and 2. Furthermore, at least for
every o > %, we have

1
5¢
and hence we obtain the final conditions on s and « of (2.3.7)).
Finally, this completes the proof of ([2.3.9).

Wl N
| Ot

>

]

We also have the following difference estimate for R (v). It will be convenient to
view R, as a multi-linear functional

Ra(u®, 0@ u®, ) R Z% ONENONO)

n3

where R(v,v,v,v) = R4(v).

47



Proposition 2.3.2. Suppose

1
(i) s> 1, when a> g, or
1 (2.3.30)
(ii) s > max (2 - a, 5), when a>1
Then, for sufficiently small € > 0 there exists C' > 0 such that
| Rs(u) — Rs(v)] < el oy I )
for all u,v € H*27(T).
Proof. By the multi-linearity of R,(u), it suffices to show
4
IR, ({ DI S T s, (2.3.31)
7j=1

Wherea::s—%—s.

We first consider case (i) in (2.3.30]). Using ([2.3.6)) and Lemmas [2.1.3| and [2.1.2]

we have

|R({u} )l S Z Mana) ®* 2 ) |0 [l ).

Similar to the proof of (2.3.1)), it suffices to consider the following case when n,.x =
|ni| and |ng| 2 |n1|. Using Young’s and Holder’s inequality, we get

4
R ({uY )l S )7l e, ne) a3 les, Noal ey, Nl lles, < TT 1 llre.
j=1

We now consider case (ii) in (2.3.30) m As it is already contained within the case s > 1
and a >  proved above, we now bound |R,({u}1_;)| when s <1 for @ > 1. Given
suchans leta—s———s We have

RV S S mm) @) |afja]a), (2.332)

where

3

m(ﬁ) _ st U H

Jj=1

(nj)”

As in the proof of Proposition [2.3.1, we consider a few cases depending on 7,ay.

e Case 1: |n| ~ |ny| > |nal, |ns|
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In this case, we have

6] 2 e 0 =] and [p(@)] S ngilin —mal,

max ~ max

and thus

1 1
) <
m) S Ty )

where v = 2a — 1 — 2¢ > 0. By Cauchy-Schwarz inequality,

3 1 4
)3 1 202 ) o
RHS of [2:332) < Hl a3 (ZZ B e e ) ) S Hl a3,
where we can sum in n, and ng provided v 4+ 20 > 1, which requires
a—+ s> §
2

e Case 2: |n| ~ |na| > |n4], |ns|
Here we use |¢(m)| = n2®_ which implies

1
<
S e )
where v = 2a — 1 — 2¢ > 0. We proceed as in Case 1 by using Cauchy-Schwarz and
summing in n; and nz with 17,212 absorbing the remaining n, summation.
It is easy to check that all remaining Cases 3 through 7 as explicated in the proof
of Proposition follow analogously to the two cases above.

e Case 3: |n| ~ |ny| ~ |na| ~ |ns|
We can only use the lower bound of Lemma [2.1.3] and this implies

) S 1
n
~ |n —nq||n — ng|n

max

m(
where v = 2a¢ — 2 — 2s 4+ 40 which is non-negative provided
a+s> 2.
Then Cauchy-Schwarz over I'(7) gives

3 1
RHS of < H ||u(j)!|§fa (Z(a%))z Z 1 )2
j=1

_ 2 _ 2
nez ni,n3EZL |7’L n1| |7’L 7’Lg|

4

o | LA
j=1

This completes the proof of (2.3.31]).
O

Remark 2.3.3. Since 2 — a < % —aand 2 —a < 3_7‘1 for a > 1, the restriction
(2.3.7)) for the energy estimate supersedes ([2.3.30)) (ii), which is the condition for the

correction term Rg(u).
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2.3.2 Proof of Theorem

In this subsection, we follow the argument introduced in [82] to conclude quasi-

invariance of Gaussian measures p, for o > % and those s given in Proposition [2.3.1}

In particular, we conclude Theorem and the s > 1 portion of Theorem |1.1.3|
We define the following measures:

dps = Fy(u)dps and dpsn = Fs n(u)dps,
where

Fy(u) = exp (—%Es(u) + %Hu|

i) =exp (—iR,(u)) and F,ny(u) = Fy(P<yu).
The measure p, y can also be expressed as
dpsN = Z;l exp (—%ES(PSNU)) du<py X d,usL’N, (2.3.33)

where ducy denotes the Lebesgue measure on C** ™. The constant Z_y is the
normalisation constant associated to the measure s x which is given by

sy = Zg e 2P lin duy,.
In particular, js n is the probability measure induced under the map
w) .
weQr—uly(z) = Z %em‘”.
In|]<N
Likewise, ,usL, ~ 1s the probability measure induced under the map
w) .
weDr—uy(x) = Z %emx.
[n|>N

Note that we do not require Fy and F; y to be integrable with respect to ps. Hence p;
and ps n are not necessarily probability measures. However, as the quasi-invariance
argument is purely local (see the proof of Theorem 1.2 (i) below), it suffices to
have Fi n € Lj (1s) and with convergence to Fy. This is the content of the next
proposition, whose proof can be found in [82, Proposition 2.1].

Proposition 2.3.4. Let s be as in (2.3.30). Then, for every bounded set A C
H*27(T), we have

fim [ 1Fo(2) = Pl () =0

N—oo

and in particular
I [pon(A) — pu(4)] = 0
— 00
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The next result states important properties of the truncated flow ®y.

Proposition 2.3.5. Let s be as in Proposition be such that the flow ® of
FNLS (1.1.13)) is globally well-defined. Then, the following statements hold:

(i) For every R >0 and T > 0, there exists C(R,T) > 0 such that
O () (Br) C Borr)

for all t € [0,T] and for all N € NU {oco}. Here, ¢, := ® denotes the
untruncated flow.

(ii) Let A C H*"275(T) be a compact set and t € R. Then, for every § > 0, there
exists Ng € N such that
1@(2) (u) — O (t) ()]s <0,
for any u € A and any N > Ny. Furthermore, we have

D(t) (A) C Pn(t) (A+ Bs)

for all N > N,.
We also have the following local-in-time version of Proposition [2.3.5]

Proposition 2.3.6. Let s be as in Proposition (ii) be such that the flow ® of
FNLS (1.1.13)) is only locally well-defined. Then, the following statements hold:

(i) Then, for every R > 0, there exist T(R) > 0 and C(R) > 0 such that
(I)N<t) (BR) C BC(R)
for allt € [0,T(R)] and for all N € NU {occ}.

(ii) Let A C Br C H"275(T) be a compact set and denote by T(R) > 0 the local
existence time of the solution map ® defined on Br. Then, for every o > 0,
there exists Ny € N, such that

1) (u) = Pn () (w)l[ s <9,

foranyu e A, N > Ny and t € [0,T(R)]. Furthermore, we have
B(1) (A) € Bu(t) (A+ By)

for all t € [0,T(R)] and for all N > Ny.

The proof of Proposition [2.3.5] (i) follows from the global well-posedness of
FNLS (1.1.13) when a > %t while the proof of Proposition [2.3.6| (i) follows
by the local existence theory (for short times) when § < o < ZE " The proof
of Proposition (ii) follows from the arguments in |76, Appendix B| using the

existence theory in [30], [8] and [16].
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Proof of Theorem (1). In the following we fix s and « satisfying the conditions
of Propositions 2.3.1] and 2.3.2] As long as the conclusions of these propositions are
satisfied, the following general argument due to [82| implies the quasi-invariance of
s (either globally or locally in time). For clarity, we will only detail the following
arguments in the case when FNLS admits a globally well-defined flow ® (see
Proposition. We obtain local-in-time quasi-invariance from the same arguments
by suitably restricting to the local well-posedness lifetime where necessary.

Given t > 0, by the inner regularity of the measure pg, it is enough to show that

AC Hs 3¢ compact and ps(A) =0 = ps(d(—t)A) = 0. (2.3.34)

From Proposition with u = 0, we have 0 < exp (Rs(v)) < oo for almost all
v € A. Hence the implication ([2.3.34)) is equivalent to the following implication:

A C H* 7 compact and ps(A) =0 = ps(P(—t)A) = 0.

As A is compact, there exists R > 0 such that A C Bg. Then, by Proposition [2.3.5]
there exists a constant C'(R) > 0 such that

®(7) (Bar) U ®n(7) (Ba2r) C Bor) (2.3.35)
for all 7 € [0,t]. For a measurable D C Bag, it follows from ([2.3.33|), Liouville’s

theorem and the invariance of complex Gaussians under rotations, that
d d
—ps.N(P D)) =|—
r@nro))| = |

ZleV/ exp (—3 Es(Payu)) dusy X dpgy
N (7)(D)

d
— Zsf}v /D o OXP (—%ES(@(T)(PSNU))) du<n X dus{N

Using the energy estimate of Proposition along with (2.3.35) we have

d 1 1

L oxp (3 E.(2(7)(Peyu)))| < C(R)exp (4 E.(8(7) (Peyu)
for all 7 € [0,¢] and for all w € D. Combining the above we have

d d
'W,N@wa))' < ZACWR) [ - exp (~HE(B(DPay))) ducy X dity
D
= C(R)psn(Pn(7)(D)).
From Gronwall’s inequality, we get
P (@ (7)(D)) < “B7p, (D) (2.3.36)

for all N € N and for all T € [0,¢]. By Proposition [2.3.5] (ii), we have

ps(Pn(T)(A)) < ps (P (7)(A + Bs))
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for any fixed § > 0 and N large enough. Further, from Proposition [2.3.4] for N large
enough, we have

ps (PN (T)(A+ Bs)) < psn (Pn(7)(A+ B;)) +6
and so
ps(Pn(T)(A)) < ps.n(Pn(T)(A + Bs)) + 0.
Choosing 6 < R so that A+ Bs C Byr and , can be applied we get
ps(@n(7)(A)) < e“Fpy N (A + Bs) + 0.
Using Proposition [2.3.4] to go from p, x back to ps, we have
ps(®n(t)(A)) < Py (A + Bs) + 20

Letting 0 approach 0 and using regularity properties of the measure pu,, we finally
obtain

po(Bn(T)(A)) < e“7 Tim p, (A + By) = “H7p,(4) = 0

for any 7 € [0,¢]. This completes the proof. ]

2.4 Improvement for o > %

In this section, we employ the hybrid argument (Method 4) from [40] in order to
lower the regularity threshold we previously obtained using Method 3. Namely, we

complete the proofs of Theorem and Theorem by proving the quasi-
invariance of Gaussian measures g under the flow of FNLS (1.1.13) for regularities

satisfying (|1.1.22]).

2.4.1 Alternative energy estimate

Our first port of call is to obtain an energy estimate where we place two factors into
the Fourier-Lebesgue space FL%*°(T), where o < s. By placing these two factors
into this stronger norm, we can lower the regularity restriction; compare (2.3.7)) and
(2.4.1).

Proposition 2.4.1. Let o > g and

2 1 <s<1 (2.4.1)
max | 3, = — o s < 1. 4.
Then, for sufficiently small € > 0, there exists C' > 0 such that
d
SEPoo(t))] | < CIPantOlzp el PexvO)lL, 4 . (242

for any N € N, any solution v to (2.2.2)) and for any 0 < £ < €, uniformly in t € R.

23



Proof. Using ([2.3.5)), the estimate (2.4.2)) reduces to proving that for small ¢ > 0,
there exists C' > 0 such that

d

PP avu(®)] | < CIPavwO e IPaulO . 243

HS—2—¢

From (2.3.10)), (2.3.11), (2.3.12), (2.3.13) and (2.3.14)), (2.4.3) further reduces to

showing

2

> Ni(Peyw(0) + ZRj<PSNw(O)>‘ < CIP<yw(O) 1oz [P <yvw (O] .

i=1 i=1 He
j= j=

(2.4.4)
for all N € N and uniformly in ¢ € R. Recalling the decomposition (2.3.10)), we
estimate A; and R, with estimates for N5 and R, following analogously. In the
following, we simply replace w(0) by w. We consider N first. Recall that in Cases 1
through 7 of the proof of Proposition [2.3.1] (ii) and (iii), we obtained

NMi(w)] < [lwl

Sy (2.4.5)

for any o > % and for any s satisfying

1>s5> 2 U
5§ > max —a .
376

Then in these cases, we obtain by using the embedding to put
two factors of into the required Fourier-Lebesgue space. Note that we
could certainly improve upon the regularity lower bound on s in these cases by
proving ‘directly.” However, we find that consideration of the remaining
case |n| ~ |ni| ~ |na| ~ |ns| yields a restriction on s given by (2.4.1). We
now describe this remaining case. To simplify notation, we drop the frequency
projections P<y. Furthermore, we let 0 = s — % — ¢ and we set w, = (n)°w,
and w,, = (n)*"“w,. We employ the argument (and the notation) from subcase 8.2
in the proof of Proposition 2.3.1 We have

W, Wi W,
Niw) SN S e -

n  p#0 I'(n,p) ’p’ Mmax <n>a<n1>g _<n2>875<n3>57€

SlwllfellwlZrmee Y2 >

n p#0 D(n,p)

_1 _
Z<m1>a 6 Wiy Wrng Wing

T'(n)

e

|p| max
where

19
V:20é+28—€>0,
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provided o + s > %. Then, by Cauchy-Schwarz and the divisor counting

lemma (2.3.27)), we bound the above by

1
RN
|w||y HwH]-'LS f’°°< — = In — nq =% |n — ng|t—20n2 )

max
1
4 2 1 >
N H'LUHHa”waLS*&w (Z <n>2u—65) :

n

N

Summing this requires v > % which restricts us further to enforcing

+ 5> Ll
a+s>—

6 )
completing the proof for N;.

Now, recall from the proof of Proposition that we obtained the estimate

(2.4.6)

_1
S 2 £

[Ri(w)| < [P<ywll,

1
2,

2 11 5 1 2 11
max | -, ——a,—— - | =max | -, — —«
3 6 4 2 3 6

for any a € R, then we may simply use (|1.1.21)) on two factors of (2.4.6) to obtain
(2.4.4) for R;. This completes the proof of (2.4.4)).

for s > max (% —

wnN

> and a > % Since

O

2.4.2 Construction of weighted Gaussian measures

In this section, we construct weighted Gaussian measures which are adapted to the
modified energy E (v). Our attention is only on the low regularity setting % <s<1
and high enough dispersion (o > %), since the results in Section 4 established quasi-
invariance when s > 1 for any o > %

Given r > 0 and N > 1, we first wish to construct the measure

_ 1 v
dp&N,r(U) =Z 1,7“1{||U||L2§7"}€ 2Ron (Pn )dMS(U)

S,

and then, by taking N — oo, construct the measure

dpss(v) = 25 L qu) o zrye 2 g (v),

where we recall

vs(m)
UnqUnyUnsUny,

s
¢(n)

Rs(v) = —%Rez

I'(7)
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and we define

1 vs(m)
R, n(v) := —=Re Z vavmvngvm.
I'n(m)

We set
FNJ’(,U) = 1{||,U||L2ST}B_%RS,N(PSNU) and Fr(v) f— 1{I|UIIL2§T}6_%RS(’U).

The main result of this subsection is the following proposition which states, not
only that the probability measure p;, exists, but that we have ‘good’ uniform L?
bounds on the density for ps y, (see below). Such higher LP bounds are
crucial for the hybrid argument in [40] (see Lemma and Proposition [2.4.7)).

5—4a
2

Proposition 2.4.2. Let r > 0, a > % and max(
p < 0o, there exists C' > 0 such that

,3) < s < 1. Then, given

() o oy 1EN ()| 2oy < Cpirsars (2.4.7)

uniformly in N € N. Furthermore, there exists Rs(v) € LP(us) such that

]&im Ry n(P<nv) = Ry(v) in LP(us) (2.4.8)
—00
and
lim Fy,(v) = F.(v) in LP(us). (2.4.9)
N—o0

In order to prove Proposition by employing the argument in |76, Proposition
6.2], we need the following bound. Note that we define R o (v) = Rs(v).

Lemma 2.4.3. Let a > % and % < s < 1. Then for any

- 0 2s+1—2a 1 n
m SR — —
Y ax ’ 3 4 S a,
we have
|Ro v (Panv)| S [[P<nv| 2 IP<nvllfn, (2.4.10)

uniformly in N € NU {oco}. In particular, if o > %, we may take v =0 in (2.4.10)).

Proof. Notice that we have a symmetry with respect to the interchange of n; and
ng and the interchange of ny and n. We split the proof of into a few cases
with the remaining cases following analogously by exploiting this symmetry. Below
we prove for N = 0o as it is clear how to adjust the argument when N € N.
We write 0y, := (n)v,.

26



e Case 1: |ny| ~ |n| > |nal, |ns|
In this case, it is clear from Lemma that

6(R)] 2 N [0 — 1,

max

and from the mean value theorem,

[(@)] S N I = 1.

Hence by Cauchy-Schwarz,
1

02 2
7015 (3 et ) Toliliolis S Wl

T (ﬁ) max

provided
220 —254+27) > 1 and  2a—2s+3y> 1 (2.4.11)

e Case 2: |ny| ~ |n| >> |n1l, |ns]

Using |¢(n)| 2 n?%, and applying Cauchy-Schwarz as in the previous case, we
obtain ([2.4.10)) prov1ded v satisfies (2.4.11]).
e Case 3: |nq| ~ |na| ~ |n3| ~ |n|

On I'(m), we have

V@) S In—nslngt and  [6(@)] 2 | — nalln — nafngg .

With v > 0 to be determined, we have

231

’ Z max Unl Ung U?’Lg Un
™ In—n [nias? (na)7(ns)7(n)”

~ Z |n . nlln Unlvngvngﬁna

max

where v = 2a — 1 — 2s 4+ 3y > 0 provided

23+1—20¢)

> 0
y max(, 5

By the Cauchy-Schwarz inequality and Lemma [2.1.4] we have

1

(X W>< 2 <n—27§2>11}”3< >26)é

n,ni,n3 n2,ni,n

S lollzzlvllz-

Notice from the condition 2a¢ — 1 — 25+ 2v > 0, that if o > %, we can take v = 0.
This completes the proof. O
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We also require the following probabilistic estimate, see |76, Lemma 6.4].

Lemma 2.4.4. Let {gn}nez be independent standard complex-valued Gaussian
random variables. Then, there exist ¢,C' > 0 such that, for any M > 1, we have

M 1
2
B[(Lmr) 2 a] <o
n=1
provided K > CM:.
We now give the proof of Proposition [2.4.2]

Proof of Proposition[2.4.3. For a > 3, Lemma implies we may take v = 0 in
(2.4.10) and hence

L) o<r} [ Re v (P<n)]| S Lo o <ry [P<nvllf2 S 7

at which point, the bound (2.4.7)) follows trivially. We make up the remaining case
% <a< % in the following. Given % < s <1, let v be as in Lemma whose
precise value will be specified later. On {||v||z2 < r}, (2.4.10]) implies

|Rs(P<ayv)| < Cor||Pensvllis < CoMyr,

We have
1) gy < C7 + / e VR Z g ol < A
max(e,e or
(2.4.12)
We choose My > 0 such that
log A = 22Co M3, (2.4.13)

For j € N, let M; = 2/ M, and 0; = C.27% = CMgM;* for some small € > 0 such
that Y2 0; = 5. Then we have

ps([Ry )] > log A, [[vl|z2 < 1) < ps((lo]l3 > (Cg'rHlog A)3)

- 1 — 2
< (P vl = 05(Cy ' log A)3)

J=1
< E(( X wr) z1)
j=1 |n|~ M



[N

1o gl 1 _
where L; = (Co_lr_llog)\)%aj M:™" Z Mg"M;”"7*" > M?, provided s — vy >
3
%. We used here that A > €?’¢" implies, from (2.4.13), MJr > 1 and hence
(C5 = log \)2/3 ~ My"r* > 1. Therefore, by Lemma [2.4.4] we have

s—y

> j(2s—2v—2e) 2+2
ps(|Ro(v)] 2 og A, lollpz <) S ) e s TR

~Y

j=1
< efc;f(log)\)?’% )
Thus, from (2.4.12)), we have

o0 2s
I @)1y S Co+p /C e gy < 0 < oo,

provided %s > 7. It is clear that the above arguments also apply to obtain the
uniform bound (2.4.7) when N € N.
Thus we can construct the measure p;, provided we can choose v € R satisfying

023—1—1—204 1+ << mi 1 2 1
max — -+ s5s—« mn(s——=,=s|=s—=.
T3 K 2’3 2
As we wish to consider s close to 1, we must impose « > % to rule out the maximum
on the left hand side being % + s —a. Now, if s + % —a <0, it is clear we can pick a
~v > 0. Otherwise, if s + % — a > 0, we can choose 7 > 0 as long as
2s+1 -2« - 1
— S —_—
3 2’
which upon rearranging yields the condition max(25'%, 1) < s < 1.
As for the LP(j,) convergence of Ry n(P<yv) and Fy,(v), we note that when
a > %, we have

|Rsn(Pan(v) = Bo(v)] S [[Ponvl elfvl|2. (2.4.14)

By a slight modification of ([2.4.10)), when % <a< %, we also have
[Rs v (Pan(v)) = Ro(0)| S 1P nvllzzl[ollz + [ollz ol [Pyl (24.15)
Taking N — oo in (2.4.14)) and (2.4.15|) and noting that s —~ > % shows R nv(P<nv)

converges almost surely with respect to us to Rs(v). Then because of the uniform in
N bounds

[ Rs, v (P<no)lloguoys |1 B (0) ]| o) < Cps < 00,
which follow from Lemma|2.4.3] a standard argument using Egoroff’s theorem implies

(2.4.8)) (see |76, Proposition 6.2]).

From (2.4.14) and (2.4.15), we have almost sure convergence of F). x(v) to F.(v)
with respect to p,. Using (2.4.7), the above standard argument implies convergence

in LP(us); namely (2.4.9). This completes the proof of Proposition [2.4.2]
0
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The next lemma shows that the two factors lying in FL>* for ¢ < s in the
modified energy estimate have moments indeed contributing a factor of p%.
Notice that as a consequence of Proposition m (namely, Z, v, — Zs, as N — 00),
Z, n . is bounded uniformly in N € N.

Lemma 2.4.5. Given ¢ > 0 and r > 0, there ezists C' = C(g,r) > 0 such that

< Cp?

1 £l 7poene ||Lp(ps,N,r)

for anyp>1 and N € N.

Proof. Applying the uniform bound (2.4.7), the uniform bound on Z_ Jl\,’r and
Minkowski’s integral inequality, for any ¢ > %, we have

HHf”]:L57€'OOHLp(pS,N,7‘) S HHf”}—LSiE‘q ‘Lp(ps,N,r)

_1 1 1
P P
S ZS,N,THFNJ" ‘qu(/is)

2o [z

S 1 lgall ool
11
Sq 4°P?
where we have used the following well-known estimate on higher moments of Gaussian
random variables in the last inequality:

1
19nllLr(2) S P2 (2.4.16)

for any p > 2. O

2.4.3 Transport of the truncated weighted Gaussian measures

In this subsection, we study how the measures psn, evolve under the flow of
the truncated equation (2.2.2). We follow the method of [40] in which we use a
‘change of variables formula’ (see Lemma to make the modified energy F,
along the truncated flow appear. Taking a time derivative and using the estimate
then gives a differential inequality for the evolution of ps n, under ®y (see

Proposition [2.4.7)).
Lemma 2.4.6 (Change of variables formula). Let o > 2, s be as in (2.4.1) and

6’
r>0. Then for any N € N, t € R and measurable set A C H*27<(T), we have

ps,N,r(CDN(t)(A)) = /Z\s’]lv/ 1{HUHL2§T} e_ES*N(PSNq)N(t)(U))dUSN X duj:N. (2.4.17)
A

We omit the proof of Lemma as it is identical to those in [40}76,78]. The
core ingredients are the invariance of the Lebesgue measure Ly under the truncated
flow @ (because of Liouville’s theorem), the invariance of ® in the L?>-norm (mass
conservation) and the bijectivity of the flow ®. When o > 1, (2.4.17)) also holds for
any measurable A C L*(T).
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Proposition 2.4.7. Let o > % and s be as in (2.4.1). Then, given r, R > 0 and

T >0, there exists Cy g > 0 such that

d

PN (PN (t)(A)) < Crpr - p (P (@x(t)(A)} (2.4.18)

foranyp >2, any N € N, any t € [0,T] and any measurable set A C B C H°(T).

Proof. Fix r,R > 0 and T" > 0. As a preliminary step, we first note the following
key estimate on the growth of the modified energy E,ny: for o and s as in
Proposition [2.4.7] we have

for any p > 2 and for any N € N. This follows from ({2.4.4), Lemma the uniform
bound (2.4.7) on Fy, the uniform bound on 7 le,r and Cauchy-Schwarz inequality,

since

15,0:Es N(P<ny®n(t)(v))

<Cor-p (2.4.19)
=0 Lp(ps,N,r)

_1 1
LHS of 2419) < ZSJQTHFNJ(U)HZQ(MS)HlBRGtEs,N(Pqu)N(t)(U))‘t:oHsz(us)
< Cl1salPanvllly s IP<nvlle || 2,
2
< CR4H ||P§NU||]:LS—%’°°HL4p(us)
< CR'.

Now fix a measurable set A C Br C H?(T) and ¢, € [0,7]. By the semigroup
property of ® () and the change of variables formula (Lemma [2.4.6]), we have

d . d _ v
TP (On(O(A)] =2y, = / Lol azrye” N PNy (v)
t=to DN (t)(A) t=to
L, d . .
_ ZSJIV,TE 1{||U||L2§T’}6 R, n(P<n )dus(v)
DN () (PN (to)(A)) t=0
~ d
= 7 / Lol arye” V@RV OO) Gy dyit
QN (to)(A) t=0

=- s,z{f,r/ L(jo) o<} OrEs N (P @ (1) (0))|i—o €~ BN Py (v).
@ (to)(A)

Now recall from Proposition [2.3.5] (i) that for any ¢ € [0,7] and N € N, there exists
C(R,T) > 0 such that ®y(t)(Br) C Ber,r). Note that when the flow @ is only well-
defined locally-in-time, we use Proposition m (i). Hence, by Holder’s inequality
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we obtain

d

P (@(1)(A))

t=to

< Zs,JlV,r/ |00 B n (P<n®n () () i=o| Loy o <rye” PN PN dpug (v)
DN (to)(A)

{psnr (@ (t) (A} 7.

Lp(ps,N,r)

lBC(R,T) 8tES7N(PSN(I)N(t) (U))

<
t=0

Applying (2.4.19)) yields ([2.4.18]).

2.4.4 Proof of Theorem

In this section, we apply the argument in [78| to deduce from Proposition the
quasi-invariance of i, under the untruncated flow ®(t). In what follows, we fix v > 2
and consider s satisfying (2.4.1). We show that for each fixed R > 0,

if ps(A) =0, then ws(P(t)(A) =0 (2.4.20)

for any ¢ € [0,7(R)] and for any measurable set A C Bg. This implies local-in-time
quasi-invariance of pg, under (|1.1.13)) for any

11
5> — — o

6

When o > 1, is true for any t € R. As R is arbitrary, this implies quasi-
invariance of pg under the dynamics of FNLS . For the rest of this section,
we fix R > 0 and o > 1 since the arguments below are easily modified to imply
local-in-time quasi-invariance when % <a<l.

For the first step, we use Proposition to show that ps n, is quasi-invariant
under @y (t); see Lemma [2.4.8] The proof of Lemma follows exactly as in 78|
Proposition 5.3].

Lemma 2.4.8. Giwen r > 0, there exists 0 < t, p < T such that given € > 0, there
exists § > 0 such that if, for a measurable set A C B C H°(T), there exists Ny € N
such that

ps,N,r(A) <0
for any N > Ny, then we have
ps (P ()(A)) < e

for any t € [0,t, g] and any N > Ny.
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Then a careful argument allows the previous statement to hold when N = oo; that
is, we have that ps, is quasi-invariant under the untruncated flow ®(¢) (Lemma |2.4.9)).
The proof of Lemma [2.4.9 makes use of the approximation property of the dynamics
of FNLS as in Proposition (ii) and follows the arguments in |78, Lemma
5.5].

Lemma 2.4.9. Given r > 0, there exists 0 < t, p < T such that given € > 0, there
exists 6 > 0 such that if

psr(A) <9,
then we have
psr(®n(t)(A)) <
for any t € [0,t, g

Now, invoking the mutual absolute continuity of p;, and j, implies p, is quasi-
invariant under ®(¢). We then take r — oo (as in [78, Theorem 1.2]) and iterate in
time to obtain for every t € R, for a fixed R > 0. This concludes the proof
of Theorem [1.1.2] (i).
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Chapter 3

(Quasi-invariance of fractional
(Gaussian fields by the nonlinear wave
equation with polynomial
nonlinearity

This chapter is dedicated to the proof of Theorems [1.1.4] and [1.1.5] as stated in
Section [L1.3l

3.1 Outline of proof of Theorems [1.1.4] and

Our proof proceeds along the lines of the proofs in [40, 78|, following a general
methodology introduced by Tzvetkov in [96]. Tzvetkov’s method is based on the
construction of a measure p; which is mutually absolutely continuous with respect
to the Gaussian measure [is of interest, but for which the time evolution of sets can
be controlled effectively. Then, we need a suitable energy estimate on the support of
the renormalised measure.

We start by replacing the measure ps by a mutually absolutely continuous measure
more suitable to the analysis of the nonlinear wave flow.

Definition 3.1.1. Let g, h,,, n € Z3 be standard complex Gaussian random variables
satisfying (1.1.29) such that gy and hy are real valued. We define dvs to be the

distribution of the random series

=go+ e, (3.1.1)
nEZS\{O} ‘n‘Z + |n|25+2)2

v (x) = Z Mem'm. (3.1.2)

S (L Inf>)?
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For a proof that these measures are indeed absolutely continuous, we refer the
reader to |78, Lemma 6.1] where this was done in the 2-dimensional setting using
Kakutani’s theorem [50).

For each N > 1, let ®y(t) denote the time ¢ flow of the following approximation
of the flow of the equation ((1.1.25):

ou =0
O = Au — Py ((P<yu)k)

(u,v)]t=0 = (0, v0),

where by P<y we denote the projection (A.1.1]) onto frequencies less than V.
A change of variables formula (see |96, Proposition 4.1] or |78, Lemma 5.1]) then
implies

/ Us(du) = Zszlv/ e*%H@N(t)(PgNu)HQdLN ® ﬁi—N(dﬁ)_ (3.1.3)
2 (8)(A) A

In (3.1.3), we have used the notation

2
H(u,v)HZ:/ (st)de+/ (D*u)? do + \Vu\zdx+/ dex+(/ udx) :
T T3 T3 T T

Here, D*u denotes the action on w of the Fourier multiplier with symbol |n|®:
Dy = |V|*u = F(|n|*7).

The measure

appearing in (3.1.3)) is the product of Lebesgue measure Ly on
gN X EN = (PSNL2(T3))2

and the projection 71y = (id — P<y).7; v of ¥, x on

Ex x Ex = ((id — P<y)LA(T?))2.

Zs n is a normalisation factor.
Differentiating (3.1.3]) and using the invariance of the Hamiltonian, we obtain

1d
~2 [ 51 eN O ) |Pe HOOPNIPAL, 6 7 (du)
A

Denote by
uy :=P<cyu, vy :=P<yv
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the projections of the solution on Fourier frequencies less than or equal to N. The
derivative of the energy is

d 1 1 2
E||<1>N(75)(1:'§NU)||2 = 0, (5/ (D*un)? + (D¥uy)® + 5(/ uN) )
T3 T3
1
Ho <E<“N’“N> L)

D% vy _ ¢ k1)
- [y o f o (et L)

(3.1.4)

We now rewrite the first quantity in (3.1.4)) as
/ u’fVD%vN =k DSUNDSuNuﬁ, !
T3 T3

+ [ Diun(Duby — kubytDiuy)
T3

:Eat/( “un)*uy - —k(kz_ 1)/ (Dun) onuly
T3 T3

+ [ Diun(D*uby — kub ' Diuy).
T3

The quantity (D’uy)? is divergent on the support of 7, and so requires a
renormalisation. This was one of the innovations in [78]. Following the notation
introduced there, we define

Qsn(f) = (D*f)* = o, (3.1.5)

with
v = Ey[(D*P<yu)’] ~ N.

Defining the renormalised energy by

funtu)i= ([ @+ [ 0 ([ ))——/ Qo (k™

(3.1.6)
the result of the above computations is the following expression for the time derlvatlve
of & n(u,v):

0185 N (PN (t)(un, vN)) = — @ Qs (un)vyul?
T2

+ DSUN(DsquV — ku?V_IDsuN) + / UNUN .
T2 T3

(3.1.7)
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The idea in [96] is to pass from 7 to the weighted measure
e R0l qy

where R;(u,v) is a limit of the terms

k _
Rk,s,N(Ua U) = E - Q&N(UN)U’;V 1 + k'——|—1 . u?v—i_l

appearing in the renormalised energy (3.1.6). We must then estimate the time
derivative ((3.1.7)).

One of the main novelties of this work is that we instead pass to the weighted

measure
—Rs (U,U) —E(u;u)q d 17

S

e

where ¢ = ¢(s, k) is sufficently large and E(u,v) is the Hamiltonian (1.1.26). This
measure is still absolutely continuous with respect to 7; (and hence fis). Further,
no complications arrive in the time derivative formula as the Hamiltonian is
conserved.

The following two propositions contain the main technical results needed to close
the argument to prove quasi-invariance.

Proposition 3.1.2. Let s > g Define

1 1 1
ERTCTREY ey Sy
wluyi= 5 [Vl 5 [ e [k

Then for p < oo there exists ¢ > 0 and C, > 0 such that

sup [le~ N E=ER ()| < O < 00
NeN

and moreover,

. _ _f4 . —
]\]{.1_1;11 e Rk,s,N(u) EN(U,’U) — er,k(u’v) m Lp<1/s)
o

where Fy(u,v) is as in Lemma[3.5.9

In particular, for any o < s — %, the restrictions to H? of the measures
~ -1 —Rp s N(@)—E%L(uw) = (357
Aoy = Zohe fren @BV ) 5 (47
converge in total variation to a measure ps.

Proposition 3.1.3. Let s > 2. Given Ry > 0 there exists C = C(Ry) such that, for
all p > 1 finite, we have

B, [Ltgy (@) 1065 (P <y @ (£)(@) [ ol}F < Cp (3.1.8)

where C' can be taken independent of N. Here Bp, is the ball of radius Ry in He.

As in [40], we obtain the estimates necessary for the construction of our measure
from a variational bound introduced in [4].
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Finishing the proof of Theorems and We now indicate how to
finish the proofs given Propositions [3.1.2] and [3.1.3] Since this part of the argument
requires no modification from [40|, we refer the reader to that paper for details.

Leta<s—%7andk:3ork:5. FixR>0andletACBRCﬁ"beaBorel
measurable set (for the topology induced by the norm) such that

psn(A) =0.

When k£ = 3, a simple application of Gronwall’s lemma and conservation of the
energyf]] shows that for any 7' > 0, there is a radius C(T, R) such that for |t| < T,

®n(t)(Br) C Bor,r)- (3.1.9)

The estimate (3.1.9) in case k = 5 is proved in Appendix [C]
By the change of variables formula, we have

Fon(@n(1)(A)) = Z;]{[/ e~ NP N ~FR L @ Ly (du),
A

Differentiating and using (3.1.8)), we find

d

&ﬁs,N(@N<t)(A)) < Cp - Fon(@n(0)(A))F

This inequality is equivalent to
—ps(Pn(t)(A))» < Ch. (3.1.10)

The linear dependence on p on the right side is essential in (3.1.8)) plays an essential

role here. Integrating (13.1.10]), we find

Ps,n(Pn(t)(A)) <
<

—
S

(Fsn (AP 4+ Crt)?
2?5, n(A) + CE2PEP.

)

Taking t < ﬁ and p large enough, we find that
p_‘st((I)N(t)<A)) <eg, (3111)

uniformly in N, for any A € By € H°(T?). Theorem follows from ((3.1.11)) by a
soft approximation argument, using Proposition [3.1.2] identical to that in 78] Section
5.2].

For Theorem [1.1.5] the estimate (3.1.9) is replaced by the growth bound (|1.1.30))
proved in Appendix [C| where 7' now depends on R, but otherwise the proof proceeds
as before.

1See |40, Lemma 2.5].
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3.2 Energy estimate for fractional s

In this section, we make extensive use of Littlewood-Paley theory in its dyadic
decomposition incarnation. We briefly outline some objects and concepts we use,
see [3] for a thorough treatment. Following these authors, we B({,r) denote the ball
in R of radius r around a point ¢ in R?. Consider functions Y, ¥ such that

suppy C B(O, %)
suppy C B(O, %) \B(O, %)
We define yg = x and
i) =x27), j=1L (3.2.1)

We also define 9, the Littlewood-Paley projector, associated to symbol 1; by

Sju(e) = ($5(V)u)(x) = Y ¢y(n)a(n)e™™.

nezd

One can use d; to define the Besov spaces B (T%) and Holder spaces C*(T) used in
this Chapter. We do this in Appendix [A] We define the (low-high) paraproduct T,b
by

ILbZ:: j{: 53_1aéﬁb,

j=-1

= >

k<j—1

where

In this section, we derive Proposition [3.1.3] the energy estimate for fractional
s. This is the analogue of |40, estimate 3| to general nonlinearities and fractional
regularity s > 5/2.

The possibility of fractional s makes our derivation more involved, since we cannot
integrate by parts as in |78, Equation (1.25)] and [40, Equation (3.5)] to remove the
most singular spatial derivatives in the time derivative of the energy. Instead, we
perform a higher order expansion to exploit the cancellation in the commutator term
ku]f\lesuN — Dsuk; appearing in .

Recall that

01 Py (1)) = M) / Qo (Yot

/DSUN kuN lDSuN—Dsus)—k/uN/vN.

We aim to prove the following.

(3.2.2)
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Proposition 3.2.1. For s > g, there exists 0 < s — %, such that, for e sufficiently
small,

|00 n (P<n @ () (@) 1=0]

S A+ unll3 ) (U + Qo (un)llo-1-e + lJun || g low ] emg—
, (3.2.3)
+ Y D N0 D Pu||o-1-s + | DTon 0D u -2,
j=1
The implicit constants are uniform in N.
Then Proposition follows from and Lemma below.
Lemma 3.2.2. We have
1Qs,N(W)[lc-1-2(13) S P, (3.2.4)
1ol gy 82 sy S VP (3.2.5)
n e ooy S VP (3:2.6)
If2s —a— > %, then for € sufficiently small,
|1 D*on DPu || 1o (as,ycs-a-s-2-c(r3) S p- (3.2.7)

Moreover, the above terms converge to limits denoted by Qs(u), v, wu, D*vDPy
respectively in the same topologies.

Proof. The estimate for was proven in [40, Proposition 4.3|. As for the other
bounds, we only prove the fourth bound, . The first two can be proved in
a similar manner. To simplify the notations, let v = 2s —a — f — 2 — ¢, and
let LP, L4 denote LP(di), L4(T?) respectively. By Bernstein’s inequality (A.1.11]),
Fubini’s theorem and the Wiener chaos estimate ,

ID%0on D un || pcr < HD%NDBUNHLgBﬂ%

. 3 o
= |3 204016, (D o DPun) s 12

J

W . (3.2.8)
< 3 205, D on DPun) | g
J
. § a

Sp > 20 D5,(Don DPun) 121z

J

On the other hand, by series representation ((1.1.28]),

B, [|6;(Dvn DPun) ] S )

n~27 |n1|<N

1 2(2s—a—p—2)
S’ Z <n>2(25+17afﬁ)73 S’ 2 ’

1

<n1>2(s—o¢) <n . n1>2(s+1—,3)

n~2J
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The convolution estimate |65, Lemma 4.1] requires 2s — a — 8 > 1. Hence (3.2.8) is
bounded by p if p is large and v < 2s —a— —2. As for convergence, for M > N > 1
similar estimates show

E.[|6;(D*vxDPun — D*p DPups)?] < N7°
for sufficiently small § > 0 if 2s —a — 3 > % and so convergence follows. [

In the following, our goal is to prove uniform in N estimates for the derivative of
the energy . For this reason and for simplicity of notation, in this section we
sometimes omit the subscripts N on v and v in deriving the estimates.

To prove Proposition we only need to bound the second term (the commuter
term) on the RHS of (3.2.2). The other terms can be bounded exactly as in [40,
Proposition 5.1].

To do this, we now collect some helpful lemmas involving paraproducts.

Lemma 3.2.3. For any € > 0, we have
e T st — | goyo-e S llull g Null gp_ Il 75,
provided o + 3 > 0, and % + % =1.

Proof. A more general R? version can be found in |3, Theorem 2.92|. For our case,
note

ut =Y (Siau)t = (Syu)
j=—1
] k—1
= Z 5ju Z(SjJrlU)g(Sju)kigil.
j=—1 =0

It suffices to bound T-1u — >, §;u(Sj41u)F71, the other terms are similar. Since
a+ >0, we may assume 3 > 0. Taking the Ll-norm, we have

H&lcﬂkﬂ%—EZQU@%HUV1>HM
j

=162 Y du (Sjmrut = (Sjrw) ) Il

j>n—3
SO Il llS-a (W = (Sjkuw) ) A+ ((Sjoew)* ™ = (Sipaw) ) [
j>n—3
SO Il (1uf™ = (Sjmrw)* Mlze + 1(Sj-w) ™ = (Spaw)*1g) -
j>n—3
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Expressing u*~! — (S;_1u)*! in terms of products of lower-order quantities, we find

that the previous expression is bounded up to a constant factor by

3 lsully Y ||6muquZuS el (el 4 1S5l ?)

j>n—3 m>j—k
< Z 2—ja||u”Bgm Z 2_m5||uHB§,oo||uHL§°
j>n—3 m>j—k

<2 gy [ull ol

The next lemma allows us to replace u*~!D%u by T, x-1 D*u.
Lemma 3.2.4. |T,b — abHB?Tﬁ S llallse__||bllcs, provided 8 # 0 and o+ 3 > 0.

Proof. The proof is a straightforward application of the definition of the paraproduct
and Besov spaces. O

The difference D*Tx—1u — T,x-1 D*u cannot be bounded directly. The following
decomposition is the main result describing the regularity of this commutator:

Lemma 3.2.5. D*(T,yu) — T,,(D*u) = F\ + F» + R, where

3
Fi=sY Thu(0;D*u),

j=1
F2 — EZTGQ 82D8 4 )+ TD2 D572u
2 )
j=1
L T P P
Proof. Let m € C*(R) be a bump function such that m = 1 on [—1,1] and is

-, %—l—] Then,

supported on [—3
(D*(Tu) = Tw(D*u))(z)

= Y (I +nol® = nof*)@ (nl)u(nz)m(%)6i(m+n2)'x~

ny,no€Z3
By Multivariate Taylor’s theorem,
[n1 + nal® — |nof®

1
= s|n2|5_2n2 “ng + 5 (s(s — 2)|n2|5_4(n2 . n1)2 + s|n2|5_2|n1|2) + R
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where the first 2 terms correspond to F} and F5, and

s(s —2)
2

1
Rl(nl, n2> = / (1 — t)2 <3|n2 + tn1\3_4(n2 + tTLl) . n1]n1|2
0

+ (5 — 4)|ng + tra[*5((ng + tny) n1)3)dt.

Define R by
R = Z Rl (nl, ng)a(nl){J(n2)ei(n1+n2).x‘

n1,na€Z3

We now estimate R. First, we can write By = 3, _3 Ca(n1, n2)nf, where o is a
3-dimensional multi-index and C, can be extended by homogeneity to a function on
RS such that

Ca(/\§17 )\52) = )\ngca(ﬁla 52)

for any A > 0, and is smooth on the support of m(%)wj(fl + &) for any j € N. We

do this because we aim to prove a bound in the Euclidean setting and pull it back to
the periodic setting via the Poisson summation formula |35, Chapter 4].

Recall (3.2.1), the definition of ¢;. To bound ||§;R|| 11, set

Ko j(&1,82) = (& + 52)7”(%)@1(51, £2),

and define h; € L*(T? x T?) and H; € L*(R* x R?) by

hi(y,2) =Y (Frd Kaj)(y, 2),

|o|=3

Hi(y,2) =) (Fad Kaj)(y. 2)-

|ar|=3

By the Poisson summation formula,

hj(y,Z): Z Hj(y—i-ml,z—i—mg).

(m1,mo)€ZS

Hence,

1Al Lrrsy < |1Hjl g
— ||2j(s—3) 2% Ho (29 2j')||L1(R6)
— 2j(8_3)||H0||L1(R6).
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Note ||Ho||z: is bounded since K, o € C§°(R®). Then,

16; R|zy = || Z Y;(n1 + ng)m Z Co(n1, n2)n§(ny )a(ng)e 202 1y

n1,n2 |or|=3

o

o H Z Z Ka] n17n2 18 w(n1)5 u(nz) i(n1+n2)-zHL;

|o|=3 n1,n2

= 1 [ )51 (e = pute ~ 2yl
< Wisleg S5m0l sl
< 2](5 3)2J (- 25)“8°‘wHB 1+2e <27 i(s—3 E)Hu\

Cs—f—s

S 27704 ]| s

.

Here g] is another Littlewood-Paley projector such that gjéj = 0. m
We can now give the proof of the energy estimate (3.2.3)).

Proof of Proposition[3.2.1, Recall that we will only bound the commuter term. The
other terms can be bounded exactly as in [40, Proposition 5.1|. We first write

Dév(ku*F~' D%y — D*u)

’]1‘3

_ / D[ (k™ D~ KT, D) — K(D*(Tys10)
T3

— Toe-1 (D)) + (kD*Tyeru — D*u")|.

Using Duality, Lemma [3.2.4] [3.2.5] and [3.2.3] we estimate the right hand side by
by

D%

. <k\|uk1Dsu—Tuk1DSuHB§1+E+kHR1HB§1+s+HkDSTuk1u — Dsuk|\B§1+E>

+ ‘/DSU(Fl +F2)

Slivl

|Ms_4w@%mmwﬂ/0wm+m>

s—f—s

Slivl

|

ot B cs———sH“HHU + ‘/DSU(FI + F)|.

Here, Ry, Fy, Fy are the terms in Lemma [3.2.5, We used (A.1.3) and (A.1.5) in the

last step.
It remains to deal with D*vF; and D*vF,. As in Lemma [3.2.4] we can replace
Fi, F5 by products. For example, we can add and subtract the following term to
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D3vFy:

3
Déu(s Z 0; D* 2uduh ).
j=1
For € > 0, we have.

’/stajDS2u8juk1 S ||DSU(9J-DS*2UHC_1_5HﬁjukﬂHBHs

S D00 D* 2 ull-1-e |l e [Jul| 752

S 1D*00;D° 2 ullo-1-<|ull izt

The difference can be bound using Lemma and estimates similar to the above.
O

3.3 Construction of the measure

In this section, we construct a measure p, which is absolutely continuous with respect
to s and corresponds to the formal expression:

dps = Zs_le_‘%(“’”)_Eq(“’”)dudv.

Here &;(u, v) is the renormalised energy defined in (3.1.6]), £'(u, v) is the Hamiltonian
energy ((1.1.26)), and ¢ = ¢(s, k) is a large integer to be chosen later.
Define the truncated measures

dﬁS,N - Z;]l\[’reiéas’N(u’”)fE?v(uw)dudv

3.3.1
— Z;]{[e_Rk,s,N(u)_E?\[(“/U)dys(u’ /l})’ ( )
where the truncated energy Ey(u,v) is defined by
1 1
EN(U,U) = E(UN,UN) = —/ (|VP§NU|2 + (PSNU)2) de + —— (PSNU’>k+1 dr.
2 ']1‘3 k + ]. 'H‘3

In this section, we prove Proposition which asserts that the measures g x
converge to a limiting measure as N — oo.

The general method to establish convergence of the measures is standard (see for
example [95, Remark 3.8), and consists of two steps, corresponding to Lemma [3.3.2)
and Proposition [3.1.2] respectively.

1. Convergence of Ry ¢ n(u) and E%(u,v) in LP. This is a consequence of the
regularity properties of the field @ on the support of /i, since Ry s n(u) and
E%(u,v) are continuous functions of the Fourier truncated field P<y.
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2. Uniform integrability of e™RreN(®)=FX(u2) with respect to 7. This will follow
from a uniform bound in LP, p > 1. It is here that we make use of the variational
representation of

Zon =By, [ Fonn (- ER (w0,
Indeed, the uniform integrability resulting from the second point allows us to take
the limit in the expectation

By, [e~ Rhonn (0B (w0)]

which is sufficient to define ps as a measure.

Compared to the cubic case, k = 3, in 40|, the addition of —FE?(u,v) makes the
construction of the measure easier as it introduces more decay. Also, as the energy
is conserved we have

d
EE?V(U,U) = 0.

Consequently, no extra terms appear in the energy estimate.

Definition 3.3.1. For u given by (3.1.1)), we define
. (Dfuy)? := (Duy)? — By, [(D*un)?].

This notation is inspired by an analogy with Wick ordering in Gaussian analysis and
quantum field theory (see [48, Chapter 3]).

Lemma 3.3.2. Let s > % Set
Fopn(u,v) := =Ry s n(u) — B (u,v).
Then for p < oo, Fspn converges to some Fyy, in LP(Vs) as N — 00.

Proof. This lemma can be proved by basic Besov space embeddings and the
convergence results in Lemma[3.2.2] For example, from the estimate ||upr+1 S [Jul|ce,

the %H”UNHIZ:L component of Ey converges in LP(75). See also |40, Lemma 4.1]. O

3.3.1 Variational formulation

In this section, we apply the Barashkov-Gubinelli variational approach to obtain
uniform in N control over the quantity e .5 (@W=Ex(wv) — This is equivalent to
showing that the partition function is uniformly bounded, since higher LP-norms of
e~ Fon (W=EX (o) introduce only constant factors in the representation (3.3.4). This
approach was first applied in [40]. The idea is to write the partition function as an
optimisation over time-dependent processes, so we begin by representing the measure
Vs as the time 1 distribution of a pair of cylindrical processes. We refer to [4,40] for
more details.
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The main aim of this subsection is to prove Proposition [3.3.4] First we state some
notation.

Let Q = C(Ry,C~275(T?)). We then define

X(1) = (Xa(1), Xa(t)) = (Z By(t)e™, Bg(t)em'w>

nez3 nezs

so that X (¢) is a Brownian motion on L2(T3)x L2(T?). Here { B! }nez and { BJ },ez, are
mutually independent complex valued Brownian motions, normalised to Var(B7 (t)) =
t and such that B}(t) = B;"(t) for j = 1,2. This implies BY is real valued.

Set Y (t) = (Y(t), Y2(t)) where

By (t ,
Yi() =TT X ) =Bl + Y — 1(2) et
nez3\{0} (In]? + |n|* +2)>
and Bi()
n(¢ )
Ya(t) = J 7 Xp(t) i= Y ——L e
;Z:a (1+ [nf?)2
Note that

—

Law(Y (1)) := .
We let H, be the set of progressively measurable processes belonging to
L*([0,1], L*(T%) x L*(T%))

almost surely. For 6 € H,, the classical Girsanov theorem |58, Section 5.5| describes
the semimartingale decomposition of X (¢) and Y (t) with respect to the measure Q’
defined by its relative density

dQ° _ B e@axw)=4 [} 10612, 5 ds

dP

We have the decompositions

and

t
T(0) = (0. 7(0) + [ (7776, T 0)(0)ar.
0
where X? is a QY L2-cylindrical Brownian motion and
YP(t) =T X (), YP(t) = J X5 (1)
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where we have used the notation (6;,62) = #. For convenience we have set
t
Pe) = (1210, 10) = [ (70, 0a)(0) dt,
0

YO(t) = (VP (1), Y2(1) and X°(1) == (X{(t), X0(2)).
The following lemma is convenient in the proof of the variational formula
Proposition (3.3.4

Lemma 3.3.3. Let § € H,, N > 1. Suppose 0 € H, is such that

e~ Bi,s,n (Y1) =B (Y (1)) _ efol<9(t),d)?(t)>—% o 10172, p2dt _ dQ’

Z.n dP

Then the relative entropy of Q° with respect to P is finite:

dQ’ . dQ’
9 pu— — —
H(Q |P)_E[d]P> log 3| <
In particular,
1
EQO [/ ||9<S)H%2><de8:| < 0. (332)
0

Proof. Once we prove the finiteness of the relative entropy, the bound (3.3.2)) follows
from the inequality [29, Lemma 2.6],

1
Egs [ / ||e<s>||%wds} <2H(Q’ |P).

We turn to the relative entropy. In our case, it takes the following explicit form:

log

HOQ | P)=F | &
(Q ‘ ) |: ZS,N Zs,N

Rsp,Nn—Ef e—Rs,k,N_E?v:|

For the partition function Z; y, we have by Jensen’s inequality:

ZsN = E[e‘RS”“vNe_E?V]

> ¢ ElRs .k n]-E[EY]

> (). (3.3.3)

In the final step, we have used the integrability of Ry and E%, which follows

directly from (3.2.6)), (3.2.5) since BY, ., C L> when a > 0.
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Using Holder’s inequality, Jensen’s Inequality and Young’s inequality, it is easy
to see that for ¢ > 1,

Lk .
Rus (V) + E4(T) 2 5 [ (DW= ow)(Pexi)* o + EL(T)
T

k 1 1
Z —§O'N/(P§N)/1)k_1 d[[‘—f- (k‘—}— ]_)q (/(PSN}GVH—I dZL‘)

k—1
k+1
> ~Sowlml ([ Pai)
. 1 /(P<NY1)]€H dr !
(k+ 1)1 =
N8R 1 et “
Z—<2—€) . UN—F(Z—?) (/(P<N§/'1)k+1dx)

> C(N) > —o0,
where ﬁ + 1 = 1. From this lower bound and using (3.3.3) and Cauchy-Schwarz,
we now have
dQ° . dQ’ . 7 .
[ 92 106 92 | < COMELe n 00RO 4 R4 + ()

< C(N)E[e—QRs,k,N(Y1)—2E1qv(37) + |Rs v (Y1) + E]‘IV(?F + 1] < 0.
O]
With this in place we have the following variational formula for Z; y.

Proposition 3.3.4. Recall the definition of the partition function Z, y. For N € N
we have,

—log Zox = jnf Ego | Riun (1) + 1) + B4 (P() + (1) (33.4)

e )
+3 10|72 xp2dt |-
0

Proof. Given 6 € H,, Girsanov’s theorem gives:
—log Z, v = —log E[e_R’“’S’N(“)_E?V(“’”)]

= —log Eqe e Bisy (F (D W) =ER (VP W+ (1)) o= Jo O AX@)+3 Jo 16()]172, 12 ds)
By Jensen’s inequality, we have

—log Z, v < Ego[ Ry, v (Y (1) + I7(1)) = EL(Y*(1) + I'(1))]

+Borl | 000.4X%0) — 5 [ 106) 100
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It

1
o [ / 16(5) 2 ds} < 0.

the stochastic integral term is a martingale, so its expectation vanishes and we find

—log Z,n < Eg [RkSN(Y (D) +171)—EL (Y (1)+1°(1 / 10(8) |32, 12 ds]

(3.3.5)
1
o [ JRCCI ds] e

the inequality (3.3.5] - ) holds trivially.
Now we show that there exists 6 giving equality in . The measure

If instead

AQN e Brsn()-EL(Y(1)
dP ZoN

is absolutely continuous with respect to P, so by the Brownian martingale
representation theorem there is a 6V € H,, such that

dov GUOR OIS TN O

dP

Combining the last two expressions gives

- 1 ~ 1
~log Zu 1= Fuan(V0) + BYT(1) + [ (0V0,480) ~ 5 [ 10¥O)22,0 .
0 0

(3.3.6)
By Lemma [3.3.3] we have
1
EQgN |:/0 ||9N(S)||%2><L2 ds| < 0.
We can take expectations in and the martingale term vanishes, so
~log Zux = Egpn [Rksmm +EUTW)+ 5 [ 10O at]
as required. N

3.3.2 Exponential integrability

We now prove Proposition by estimating the quantity on the right side of (3.3.4)
from below. Since the time ¢ = 1 is fixed, for simplicity we set

Y= (Y1, YF) = (Y7 (1), Y7 (1)).
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A simple application of Young’s inequality gives
1 — —
SENIY) < CEL(Y") + EL (Y + 1),

for some large constant C'. Hence, to prove Proposition |3.1.2] it suffices to bound
from below the following quantity.

Ege [Rk,s,N(YfH@) CFE1 (Y9)+ Eq /||0 ||szL2dt} (3.3.7)

The following lemma gives the regularity of D*YY, : (D*Y/?)? : and Y.
Lemma 3.3.5. Let 2 < p < co. Then fore >0,

sup Bqo |[DYY P, + |1 (DY) e + Y
OcH, ¢

cs—3—¢

Proof. This follows directly from Proposition 4.3 in [40]. O
A direct application of Cauchy-Schwarz (see [40, Lemma 4.7]) gives

1
12 < / 10(0) ot

Lemma 3.3.6. For s > %,
sup Ego [qu\,(?e)} < oo
OcH,
independently of N.
Proof. Under Q%, Y?(1) = (Y£(1), Y£(1)) has the same distribution as the pair (u, v)
under ;. The result then follows from ({3.2.6)), (3.2.5)). O

We introduce some abbreviated notations for the most common terms appearing
in the estimates below. We set:

Y =Y!
0:=1
E = Ex(IV).

From the definition of R, v we have



We aim to bound (3.3.7) by using Young’s inequality and the positive terms
/ (D*©)?e", / CLAEN oL =
T3 T3

in (3.3.7). As in [40], this will yeild Proposition [3.1.2]

Lemma 3.3.7. (Terms quadratic in DY ). Let s > 2 and 0 < m < k —1. Then for
sufficiently small § > 0 there exists small € > 0 and large p and c(0) such that

< o@) (I (DY Pelse + 1DYIP L+ VTP, )

/ . (DSY)2 : Yk—l—m@m
T3

+ 5 (|0} + E7) .

Proof. For m = 0, using duality (A.1.6]), the embedding (A.1.3)) and the algebra
property (A.1.4)) we have

/TS (DY) YR < (DY) |-

YA e

S DY) flor=e [V ]| e

~J

S DY) lle--<lIY 1

~ Cs—3—¢

if s > % and € > 0 is small. The estimate then follows from Young’s inequality. If

m = k — 1, using duality (A.1.6), the embedding (A.1.3|), fractional Leibniz (A.1.8))
and Sobolev ({A.1.5) we have,

/ : (DSY)2 .@k-1
T3

S (DY) ¢ flom1-< |07 || praae

~J

S DY) o110 1 O] prsas

S DY) flo-r=< 107 IO g4
2,2

S (DY) llo-1-e B3O st
if s > % and € > 0 is small. If we choose ¢ large enough so that

k—2 N 1 <1
qlk+1) 2
the stated inequality then follows from Young’s inequality.
If 0 < m < k — 1 then similar to the above,

Yk—l—m@m || Bitgf

[TS (DY)2: YR lmem | < 1H(DPY)? | g

~J

< DY e [V e |07 s

L g |6

S DY) flome IV IE 5

Hs+1 .
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Hence if we choose ¢ large enough so that

m—1 +1<1
qlk+1) 2

Young’s inequality the gives the desired result. O

Lemma 3.3.8. (Terms linear in D°Y ). Let s > g and 0 < m < k—1. Then for
sufficiently small 6 > 0 there exists small € > 0 and large p and c(9) such that

DY D*@YF-1-m@m

T3

< @) (IDYI?_, + VTP, )

Gron + E9)

1.

+4 (O]

Proof. First we estimate the term corresponding to m = k—1. Using duality (A.1.6)),
the embedding (|A.1.3)) followed by fractional Leibniz (A.1.7)),

DY D*OOF !

k—1
. SIIDY -y 1D°66 ||B§;2€.

Hence it remains to estimate HDs@@k_lHB% +2.. Using fractional Leibniz (A.1.7)),

the embedding (A.1.3]), Sobolev (A.1.5)), (IA(.Xi.8D, Sobolev ([A.1.5) again, Jensen’s
inequality and interpolation (A.1.2), we have

ID°OO |y S DO 4|05 12 + ID°O] 2|47 3
" b 3
S ST s
< el
<ol

st3t2e Hgkil HBfth
PN (L P31 ST PPR1PS

werae [OFHIETION
2,00

S el

1—
S 815 1012 10 L 18] e

S |85, Bt (3.3.8)

5 s+1+42e
for s > 5 and £ > 0 small where v = y(s,¢) = =27~

small enough and g = ¢(s, k) large enough so that

1+~ 1 k—2
ST (1) <
2 +q( 7+/c+1)

the desired inequality follows from Young’s inequality.

< 1. If we choose € = &(s, k)

83



Now for the case 0 < m < k — 1, using duality (A.1.6), the embedding (A.1.3)
and fractional Leibniz (A.1.7)) we have,

DY DY 1=me™| < ||DY|| 1 ||[YFTITDfOO™|| 1.
T3 ~ ¢z B2

S e B |

SIDY |y VN2 1D 0™ | be

57778

for s > 1 and € > 0 small. It remains to estimate the term ||D5@@m||B%+2E. Ifs>2

1,00
and € > 0 is small enough, this term can be estimated in a manner similar to (3.3.8)).
Finally we estimate the term corresponding to m = 0. We have,

DSYDS@Yk_l_m 5 HDS @Yk_ll‘ %+25
T3 ,00
SHDSYII AYIES D]y shte
S IP°Y]l, ”%HYI el yra DOl

for s > 1 and ¢ > 0 small. The desired inequality then follows from Young’s
inequality. ]

Lemma 3.3.9. (Terms quadratic in D°0©). Let s > % and 0 <m < k—1. Then for
sufficiently small § > 0 there exists small € > 0 and large p and c(0) such that

Csff+25>

2+ ||D7OO T |2, +Eq)

/ (Ds®)2yk—1—m@m
T3

<c(6) (||DSY||?,_ +Y]

+ (1ol

Proof. Using Young’s inequality,

/ (Ds®)2yk—1—m@m
T3

< C(9) / (D*O)’Y 1 + 4§ / (D*©)*e" 1.

3

It remains to estimate the first term on the right hand side of the above inequality.
Using Hélder’s inequality, interpolation (A.1.2) and the fact that s > % we have,

SO 1Yl

/ (DS(_‘))QY}cfl
T3

S le
S le

HsstrllHG)

e

‘““IIYH

s+1
Lk+1

k—1

s———e

s le

;I+Sl+ E(5+1)(k+1 HY‘
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For ¢ large enough,
S 2

st1 kT D

and so the desired inequality follows from Young’s inequality.

<1

]

Lemma 3.3.10. (Remaining Terms) Let s > % Then for sufficiently small 6 > 0

there exists small € > 0 and large c¢(9) such that

1.+ | eFt
co— 3% /1,3

Proof. Using Young’s inequality and (A.1.3]) we have,

/ (Y + 0 < C(5) / yE 4§ / ok
T3 T3 T3

< C@IYEL,+ 5/11‘3 Ok,

ey <cany]

which completes the proof.
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Chapter 4

Global well-posedness for the
2-dimensional stochastic complex
Ginzburg-Landau equation

This chapter is dedicated to the proof of Theorems [4.1.2] and [4.1.3, as stated in
Section [1.2.2]

4.1 Renormalised SCGL

Before we can prove the main results of this chapter, first we need to rigorously
describe the renormilisation procedure we use for SCGL . This will lead us to
a way to rigorously define the concept of a solution to WSCGL .

To explain the renormalisation procedure used for this equation, we consider a
truncated version of it. We do this so that the equation, and its solutions make sense.
Recall that P<y is the sharp Fourier truncation operator onto frequencies less than
N

PSNf = Z fnem'x.

[n|<N

Consider the following truncated version of SCGL ([1.2.5):

{8{&]\7 = (a1 + ZCLQ)[A — 1]UN — (Cl + i02)|UN|2m72UN + \/%PSNg

(4.1.1)
uN’t:O = P§NUO-

It can be shown that for each fixed N, this truncated equation is globally well-posed.
We define the truncated stochastic convolution

Tyt /2y / S(t — 1)d(P oy W (1)

t
_ /2,}/ Z 6in~a:/ e—(t—t’)(a1+ia2)(|n|2+l)dﬁn@/)‘
[n|<N %



Here S(t) is the heat type semigroup
S(t) = etlmtia)la-1] (4.1.2)

interpreted as a Fourier multiplier and {3, },cz is a sequence of mutually independent
complex valued Brownian motions with Var(5,(t)) = 2t.

Then, using the fact that £, and (,, are independent unless n = m, and using
[to’s isometry we have,

[n|<N ¥
-> —
et ai(|n|>+ 1)
~a1y log N

In particular oy is independent of (z,t) € T? x R,. It follows that ¥y is a Gaussian
random variable of mean zero and variance oy. We make the ansatz uy = vy + ¥y
and then study the resulting equation for vy:

» ] my (m— i —ipm—igm—Jj—1
don = (a1 +iaz)[A = 1Jox — (e +ie2) 3 (7)( j B A 2O Y
0<i<m
un|i=0 = P<yug — ¥n(0). 0<j<m—1

(4.1.3)

The nonlinearity in the above equation comes from expanding
@ +y[" @ +y) = (@ +y)" (@ +y)m !

using the binomial theorem twice. This ansatz is one of the main ideas in [22] and has
come to be known as the Da Prato-Debussche trick in the SPDE literature. However,
this idea was first used by McKean [61] and Bourgain [11] in the context of PDEs
with random initial data.

The equation still has the problem that the monomials \If’fV\II_NZ do not
have good limiting behaviour as N — oo. Beleaguered by this lack of convergence,
we consider instead the Wick ordered truncated monomials defined by{]

(DKL ([ Wy (2, )2 o) Ty, k<,

: \I/]]"’\,\I/_]\;Z = (4.1.4)
(=D)L (O (2, )2 o)W <k

One can show that, for given k,¢ € N, the Wick ordered truncated monomial,

— o . =
UKk Wy o, converges to a well-defined distribution which we denote by : W¥U :. In
particular we have the following proposition.

For the purposes of this chapter, it is enough to take this as a definition. See [68}/74] for
information on how this relates to Fock spaces.
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Proposition 4.1.1. Let k,/ € N, T > 0 and p > 1. Then, {:\IffV\I/_Nk:}NeN is
a Cauchy sequence in LP(Q; C([0,T]; C~¢(T?))). Moreover, denoting the limit by
TUOT": we have 10T € C([0, T]; C~5(T2)) almost surely.

We will prove this proposition in Section . One can think of : U¥T' ; as being
KT with infinite counter terms. For example, for £ = 2 and ¢ = 1 we can think of
. |U)?W : as being |¥|*¥ — 200W. This heuristic is justified by looking at and
noting that oy — o0 as N — oc.

Consider now the following equation:

00 = (a1 + i) A — 1o — (e +icz) 3 (7) (" )oidd s mg"
0<i<m
p<ism-t (4.1.5)

U’t:() = Up — \IJ(O)

We interpret this equation as the following integral equation

o(t) = S() (o — (0)) — /0 S(t — ) F (v, B)(t') dt (4.1.6)

where

= —1 o o m—i—
F(v, \I/) = (61 +i62) Z (T) (mj )UZUJ VLT, J 1: ‘

0<i<m
0<j<m—1

We call this integral equation the mild formulation of . ‘
The equation for v is an untruncated version of with wm—ig™ 7"
replaced by :\Il"b_zﬁn%jf1 .. The point here is that although Im=iG" 77 is not well
defined, : U™ 77" is by Proposition [4.1.1, Making the ansatz v € C*(T?) one
can make sense of the right hand side of (4.1.5), unlike SCGL ([1.2.4).
If a solution v exists to (4.1.5) we define

1

ud:efv—i-\ll

to be a solution of the WSCGL ([1.2.6)),

{atu = (a1 +1ia2)[A = Tu — (1 +ics) : [ul*2u: /278 (4.1.7)

UN|t:0 = Uog

This perhaps seems unusual because we are defining solutions to WSCGL
through another equation, . We do this because WSCGL only makes sense
formally. WSCGL is an abuse of notation because Lgll(x; oo) makes no
sense and is an abuse of definitions because Wick ordering is only defined for Gaussian
random variables, see [68] for more information, and there is no reason for u to be a

Gaussian random variable. As the nonlinearity in WSCGL ((1.2.6)) does not have any
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rigorous meaning, WSCGL ([1.2.6) itself also does not have any rigorous meaning.
However, morally, WSCGL is the renormalised equation that we are trying to
solve in this chapter.

This definition of u solving WSCGL is of such importance to this Chapter
that it is worth stating in a reverse manner for extra clarity: u solves WSCGL
if v=u— ¥ solves .

The connection between the equation for v and WSCGL can be
understood by looking at truncated versions of these equations. Looking at the

following truncated version of (4.1.5):

: : SN i T ameim—m—j—1
Oy = (a1 +iaz)[A — 1oy — (1 + 202)0<;m(7?) (mj l)vﬁvvf\, SRS
0<j<m—1

U’t:() = PgNu(] — \I/N<O>
(4.1.8)

and using the following generalised Laguerre polynomial sum formula, see Section

3
oz o= 3 (") (M) e @1

)
0<i<m+1
0<j<m

where

(=)™ (m — GNLY Y (|y[2; o)y =1, jH1>i
Pii);’g(yvg> = o
(=)™ (m — i+ DILY ) (y% o), j+1<

it follows that uy = vy + ¥ satisfies the following equation:

(9tuN = (CLl + ZGQ)[A - 1]UN - (Cl + iCQ)<—1)m_1(m - 1)'L£,1Lll(|uN|2, O'N)UN
+v27P<né

UN|t:0 = P§NUO-
(4.1.10)

The Laguerre polynomial sum formula (4.1.9) intermediates (4.1.10) and (4.1.8).

Formally taking a limit as N — oo, the relationship, uy = vy + ¥y, between the
truncated equations (4.1.10)) and gives justification for defining solutions to
the purely formal WSCGL through the equation for v . To the authors
knowledge the sum formula has not appeared in the literature. An elementary
proof is given in Section [4.3] of this chapter.

Our main goal in this Chapter is to study the well-posedness of WSCGL ,
in particular we prove Theorem [1.2.1| and Theorem [1.2.2, Based on what we have
discussed in this section, we can give more precise statements of these results.
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Theorem 4.1.2. Let a; > 0, m > 2 be an integer, let so > —2m271 and € > 0 be
sufficiently small. Then WSCGL is pathwise locally well-posed in C*°(T?).
More precisely there exists 6 > 0 such that given any uy € C*(T?), there exists
T ~, HugHafO (12) which is positive almost surely, such that there is a unique solution

to the mild formulation (4.1.6) of (4.1.5) on [0,T] with

v € C((0,T]; C*(T%)) N C([0, T; C*(T?)).

Theorem 4.1.3. Let ai,c¢; > 0 and sy > —W{l. Set r = |Z—;‘ and let m > 2 be an

integer such that
2m—1<2+2(r+2rvVI+72).

Then WSCGL, (1.2.6)) is pathwise globally well-posed in C*°(T?). More precisely for
any T > 0, and any ug € C*°(T?), there almost surely exists a unique solution to the

mild formulation of on [0, T] with
v € C((0, T); C*(T) N C([0, T]; ¢ (T*))

almost surely, for € > 0 small enough.

4.2 Heat smoothing estimates

For the rest of this chapter, unless explicitly stated otherwise, all functions spaces are
defined with T? as the underlying space. For ease of notation we will omit writing T?
when referring to the function spaces. For example we write LP instead of LP(T?).

The following three heat-type linear smoothing estimates on the semi-group S(t)
are used to prove that WSCGL is locally well-posed. For proofs of these
estimates we refer the reader to |3|, where the results are proven for a; = 0. The
proofs easily adapt to the case as # 0.

Proposition 4.2.1. Let sy < s;. Then,

S0 —S1

[1S@) flless St2 || flloso-
Proposition 4.2.2. Let sy < s; be such that s; — sqg < 2. Then,
(1= SE)flleso St2 | flleer

The previous Proposition shows that, if s; > sg and f € C*', then the mapping
t — S(t)f is continuous as a mapping from [0, 00) to C*°. The proposition however,
says nothing about continuity if s; = s;. The following proposition states that this
mapping is continuous, even though we do not have an explicit bound.

Proposition 4.2.3. Suppose sy € R and f € C*. Then the mapping t — S(t)f is
continuous as a mapping from [0, 00) to C*°.
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4.3 Laguerre polynomial formulae

This section is devoted to proving the Laguerre polynomial sum formula,
and the Laguerre polynomial expectation formula . We do not need the
Laguerre polynomial sum formula to prove Theorems [4.1.2] and [4.1.3] but it is
important as it motivates the renormalisation we used. We critically use the Laguerre
polynomial expectation formula Proposition [4.3.3]in the proof of Proposition [4.1.1]

4.3.1 Sum formula

The generalised Laguerre polynomials enjoy the following classical three point rules,
see for example |83, Chapter 23|.
(n+ 0L (@) =nLP(@) + 2L (@), LO(x) = L (x) = LT (@),

n

Together these relations imply

(n+ 0LV (z) = (L9 (z) — 2L (2). (4.3.1)
There is also a well known recurrence formula for derivatives of generalised Laguerre

polynomials:

d
%Li(x) =L (), fork>1. (4.3.2)

The aim of this subsection is to prove the following sum formula.

Lemma 4.3.1. Let m > 1 and ¢ > 0. Then the following is true:

m m+L\ (Mm\ mre,  —\ i
(O mLO 4y o)+ ) = 3 ( | )()P (5, )T

7
0<i<m+-¢ J
0<j<m

where

(1) m = LG o)y,
‘P:;La(ya y) =
(=)™ o €= )Ly ) (P o)y g <
Proof. We view both sides of the equality as polynomials in x and T with coefficients
depending on y and 7. By scaling it suffices to prove the lemma for o = 1.
Note that the lemma is true for all m, ¢ > 0 satisfying 2m + ¢ < 1. To prove the
lemma for all m and ¢ we induct on 2m + /.

Let n € N and suppose the statement in the Lemma is true for all m,¢ > 0
satisfying 2m + ¢ < n. Then for m, ¢ > 0 such that 2m + ¢ = n, using (4.3.2)) and the
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inductive hypothesis, we have,

9,
o [0 mILQ (2 4+ y) (@ +9)] = ()" mlLy 5 (e + o) (@ + )
14 —1 -
= 2. m(m* )(m )E’?}‘Wl’“(y,y)m-
0<i<m+-Y ¢ J
0<j<m—1

“Partially integrating” this expression with respect to T we get
(=1 mIL) (|l + y*) (@ +y)f

m (m+1\(m—1\_.._ N B
= Y m( Z_ )( | )PM YLy 2T+ Cly, g )

0<i<m-+l J
0<j<m-1
m+/ o
= Y ( Z )< )P L9y )T + Cly, 7, x) (4.3.3)
0<i<m—+4 ‘7
1<j<m

where the last equality comes from relabeling j in the summation and noting
A TR T I Pm“(y 7). Differentiating the left hand side of (4.3.3) with

i,7—1

respect to  and using the three point rule we have,

0

o (D™ mILD (2 4+ y) (@ + )] = —(=)"mILg " (e + )@+ y) o+ yf?

+0(=1)"mILY (|2 + y*) (@ + )
= (4 (1L o+ g + )

Equating this with the derivative of the right hand side of (4.3.3)),

= (7))

0<i<m-+£—1
7; m-i-ﬁ m,l 1—i a _
— P i—1=j —
E m—|—€< ) )(j) (v, y)x x+ax0(y,y,x

~—

0<j<m
1<i<m+e
1<G<m

. m+£—1 m,f—1 N\ i) 1 6 _
- > ( . >(]>P” W, 9T + - Cy:7,2)

0<i<m+£—1
15j<m

where in the last equality we used the fact that P;?’g_l(y,y) = pmt

1.:(y,7). Hence we

get an expression for a% C(y,v, ),

0 _ m4+L—=1\ o1,
5p CW:7,2) = (m+0) > ( . )Pi,o’g Yy, )z

]
0<i<m+-£4—1
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“Partially integrating” this expression we get

_ m4+1/m+0—1\ 1, — _
Cly.m,0)= > ST ( ; )Pz-,o’é Ny, )2 + Cly, 7)
0<i<m+e—1

m=+L\ ., g _
= ) ( ; )Pi,o’e(y,y)ﬂf +C(y,7)

1<i<m+£

where we have relabeled the sum in the second inequality. This shows,

m+ L
?

(=)™ mILY(lz +yl o) +y) = Y (

0<i<m+-£

m m,t,o —\ =] —

) (j)PZ-,/ (v, 927 + C(y,7).
0<j<m

(1.0)£(0.0)

(4.3.4)

For C(y,7), note that when x = 0 (4.3.4]) reduces to,

(=)™ m! LY (jy|*; 0)y" = C(y, 7).

This completes the proof. n

4.3.2 Expectation formula

The aim of this subsection is to prove Proposition [4.3.3| stated below.
Before we proof this, we first state some elementary facts.
The generalised Hermite polynomials satisfy the following recurrence relation

Hyi(x;0) = cHy(v;0) — 0 Hg—1(z;0). (4.3.5)
These polynomials also enjoy the following properties.

Proposition 4.3.2. Let k > 0 and 0,5 € R. Then the following are true.

' /}RHk(m; )% d = ar Hy(u; 0 — 1)e's (4.3.6)
2.
i*Hy(z; —0) = Hy(iz; 0), (4.3.7)
3.
Ho(w:l 4 ) = Z () utos 0055, (43.5)
4. if o >0,

Hy(z;0) = 0"/ Hy(2//5).
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Proof. These facts can be proven by using the recurrence relation and a
standard induction argument. We will just prove the first one to give the reader
a taste of how to complete such an argument. Note that the generating function for
the Hermite polynomials is

exU*% _ i Hn(x)un
n!
n=0

Multiplying both sides by Hn(:t)e% and using the fact that [ Hn(x)Hm(x)eé dzx =

V2mnlonm,
a2 22
62/ex“_2Hn(x)dx = V2mu"
R
and so the result is true for 0 = 1. As Hy(z;0) = 1 and H(x;0) = « for all o, the

k =0 and k = 1 cases are also true. From the recurrence relation (4.3.5)) the result
is then true for all o. ]

The key ingredient in the real valued analogue of Proposition in the next
section is the following well known identity:

E[Hy(f;05)Hi(g;04)] = KOk (4.3.9)

where f and g are Gaussian random variables with variances o and o, respectively.
To prove Proposition we need the following Laguerre polynomial analogue of
(4.3.9).

Proposition 4.3.3. Let f and g be mean-zero complex valued Gaussian random
variables with variances oy and o, respectively. Then,

W08 st Bl

E (L1 0) 1 T (9l 7] = o

The above proposition was proven in [74] for £ = 0 and ¢ = 1. The proof for the
general case proved in this section is the natural generalisation of the proof in [74].
We use the following elementary lemma.

Lemma 4.3.4. Let g be a mean-zero complex valued random variable. Then

E [efe9] = c1Ell9l?)

Proof of Proposition[{.53.3. Recall the generating function for the Laguerre polyno-
mials (1.2.7)). It suffices to prove the Lemma assuming oy = 0, = 1. Let f; = Re f
and f, = Im f. Using the binomial expansion formula for ( f;+if,)¢ and then applying
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(4.3.6) witho =1, u= 1‘—_2§f1 and again with o =1, u = f—_zifQ,

1

Gt 1PV = Tpa (i +if)em () (4.3.10)
l 1
_ ke el Ok =l (7 13)
=) i 140
> i)
: Z.gik 1 Z%+zg

[Hu() Heala)e eV T N g

=0 <’i) (V=20){(1 — t)/2+1 27

Given xy, 29, 3,24 € R, we set x = x1 + ixe and y = y; + iye. For s,t € (—1,0)
applying (4.3.10) twice and taking an expectation gives,

/Q Gielt, |f1?) Gt [gP) g dP (w)

) k,mi:o (Ii) ("f’>i%k § (\/—_QW(1 — )2 (\/—_28)%1 — )2+ 471r2

_ L2y

X Hk(l'l)HK e(2) Ho (v1) Ho—m (y2)e™ 2

—2t —25
exp (Re (H T2 \/ yg)) dxidxody, dys

1 1

- k,mio (li) (j)i%_k_m(\/—_?t) L1 — 1)/ (\/=28)E(1 — s)t/2H+1 42

X » Hy(z1)Hop(22) Hpn (Y1) He—m (y2)

. 2 51 /=
X e 2(|1 ) 2(‘3‘ % (F 1- txy]E[fg>d.T1dl’2dy1dy2

where in the second inequality we used Lemma[4.3.4, Applying the change of variables
T, = \/llf_tx and y, = \/%y and then using Lemma [4.3.6( with v = v/ts Re(yE[f7])

and again with u = v/tsIm(yE[fg]) we have,

/ Gilt, |12 Gt [gP) g dP (w)

—mZ( ) (o)™ G

Rﬁkm; (1 =)™ Hep(wa; (1= 8) ") Hyp(y15 (1= 5) ™) Heom(yo; (1 — 5)71)
|=|?

x o~ Vise Re(ELg]) + Vs InWELSE) oy, oy
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i ( )5 smgirs [ Vs Re B s i T 0L 73] 55

27(2ts)

21
X Ho (g1 (1= 8) ™V Hy (o (1 — 5) ™V )e™ 2 e2VEWPIESAE gy gy

l
- (2?5;)5/2 %/ (Z (Ii) Hy(vts Re (yE[f3]) 3ﬁ)il_kHZ—k(\/EIm(yE[fg]);ﬁ))
B2\ k=0

m=0

0
14 e _ L IR Fa12) )2
X<Z<m) Hm(y1§ (1 B S>71>2£ Hé—m(QQQ (1 . S) 1))6 2(1 Vts|E[f7]] )|y|dy1dy2.

Using (4.3.7) and then we get,

/Gft 1f1) feGe(t lg|?)gtdP(w 2e+17r / ly|2e” 1—V/ts|E[fg]|? )\y|2dy

Integrating the right hand side over R? using the formula

|
20 _—B| |2 . gﬂ'
R2 |y‘ e Y dy - ﬁ“‘l

we get,

E[fg) PARSY V4
260 (1 — ts|E[f7)[2)

/ﬂ Go(t, | f2) Gt 1gPP) g dP(w) =

_ o Elf)
(1 o[
=Soa(" ) el L

where the last equality uses the Maclaurin series
1 [+,
(=) ‘Z< ¢ )

which is valid for || < 1. On the other hand, from the the generating function G,
we have,

| Gute )G TP P =3 e [LO o) T g o]

k,m=0

The proposition follows by comparing coefficients. O
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4.4 On the stochastic convolution

In this section we will give a proof of Proposition |4.1.1, establishing regularity

estimates for the Wick ordered powers : \I/’]“\,\II_N(Z :, using a Fourier analytic approach
similar to that in [38, Proposition 2.1].

Proof of Proposition[4.1.1. We will assume k > ¢, the other case is similar. By
Proposition it suffices to prove the proposition with W ~=5> in place of C¢.
Further, as L' (Q2) C LP2(Q) for p; < po, it suffices to prove the proposition for p
sufficiently large.

First we drive a useful formula used throughout this proof. For t; < t5, by
the independence of (3, and (3, for m # n, the independent increment property of
Brownian motion and the It6 isometry we have

t1
E[QN(xytl)q;N(y,tz)]zv Z €n($)€m(y)E[/ ef(tl7t/)(a1+m2)(\n\z+1)dﬁn(t,)

[n],|m|<N e

to
y / e—(tz—t’)(a1+ia2)(|m|2+1)dﬁm(t’)}

—00

t
D> en<x—y>E[ et (1)

0<|n|<N >

t1
x / e—<tz—t’><a1+m><lnl2+l>dﬁn(t’ﬂ

—00

t1
=2y > en(x—y)e(t2t1)(a1mz)(nPH)/ o2t —t)(InP+1)ar gyt

0<|n|<N —o0
—(to— _i 2 Y
_ e (1 — y)e—t2—t(@—iaz)(nf+1)
o<%:<N ar(|nf* +1)
= Y ealz = y)C(nta 1) (4.4.1)
0<[n|<N
where N
n,ti,ts) = o~ (t2—t1)(a1—iaz)(In[?+1) _
i) (R
Note that
1C(n, b1, t)| Sary (1) 72 (4.4.2)
When t; = t3, (,(n,t1,t2) is independent of ¢; and ¢ and so we write ((n) instead of
<n(n7t17 t2)

Now we will show that Wy(-,¢t) € W= for a fixed t. Applying the Bessel
potentials (V,)™¢ and (V)¢ to (4.4.1) with t; =t, =t we have,

UM CED STy

2
e T A

<n>2+2€ S 1 <oo
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uniformly in N € N, z € T? and ¢ € R. Using Proposition (Sobolev), switching
the order of integration and then using Proposition (Weiner chaos) we have

E [ Ox () f-co] Spe BN C O /0]

- / E[|(V) /2Ty (z, 1) ]

(4.4.3)
/ V)20 (2, 1) 2] d
1.

A\

AN

Now we will show that : Wy (-, )W x (-, t)z: is in W= for a fixed t. Using Lemma

@7

E| :WUy(z,t)" Uy(z, t)z W NE(y, )R N (y, t)e :}

Y4
£

— CLE[Un(z, 1) Un (2, 1)) "E[Un (2, ) Un (2, 1)]

=t X e (3 ente i)

In|<N In|<N
k+2

= Chy Z Eny-tngse (T —Y) H ¢(n;)
j=1

Ry N el <N

¢

(4.4.4)

for some inessential constant Cy . Applying the Bessel potentials (V)¢ and (V)¢
and then setting r = y we get,

E [’(Vﬁ_g1‘PNk($at)k‘I’N(x’t) : |2] S Z (ny -+ Npye)? 1:[

We want to use an argument similar to that in equation but before we can
do this we need to show the sum in the above equation is bounded independently
of N. To do this we argue by induction. Note that it is obviously bounded when
k+¢=1. When k+ ¢ > 1, we split the sum into two regions corresponding to

(n 4+ mpre) < (i) and (a4 ngere) > ().
This is motivated by the fact that
(N1 -+ Npge—1) Smax((ng + -+ 4 Nigr), (Nee))-
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With this splitting we have,

1 1
< 4.4.5
|nk§|<N <n1 + -+ nk+1€>2€ <nk+£>2 ( )
: > :
(b)) S )P () 0
1 1
+
<n1 + -4 nk+g_1>5 |nk§|<N <n1 +-+ nk+€>5<nk+€>2
< 1

~o{ng 4 Nppee)f

independently of N. Hence,

1 k+e 1 1 k+0—1 1
<
> — llws X - Il
el T ) S ) e e ) S ()

and so the desired bound follows by induction.
We have shown,

E [|(V$>_€:\I/Nk:(x,t)kmﬁz |2] <

independently of N. Using the Propositions|A.1.2{and |A.2.1|in similar way to (4.4.3)),

I— —
Bl NG ) (s 8) : ye] Spe BN O () Un (1) I 2]

- /11‘2 E[[(V)~/2 Uy (-, )TN (1) : P)da

S [ BIOY e T

Sl<oo

(-, 1) da

which shows :\IIIfV\II_Ne: € LP(Q; L>=([0, T]; W—=°°)) uniformly in N.

Now we show that : \II?V\I/_NE: is Cauchy in LP(Q, L>°([0,T], W~=>)). For N >
M > 1, similar to (4.4.4]) we have,

E| Uy (2, ) Nz, ) — Oy, ) War (2 0) )

X (U (y, PN (5, 1) = = Was(y, )R T a9, 1) )

Y
£

— CriE [y (2, ) U (y, )] "E[Wn (2, 1)U n (y, 1)]
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Vi
£

— CiE [ (2, ) U (y, )] "E[W (2, £) W as (y, )]

— O B[V (2, 6) N (y, t)]kE[\IfM(x, W N (y, t)]g

i
£

+ Cr B[ (2, )0 (g, )] "E[Wos (2, ) U s (3, 1)

=0 eato- y)C(n))k( > enla y><<n>)£

[n|<N [n|<N
- i 3 ate- y><<n>)k <|§M enli y><<n>)e
k+4

G Y ey [[¢y)
j=1

k+L

— Gy Z €nytnge (T = Y) H ¢(nj).  (4.4.6)

Using the notation

Py () = {|mal, .- [nre] < N 2 jng| > M for some j}
we have
k+¢
LHS Of " = Ck,l Z 6n1"'+7’lk+g (I’ - y) H g(n]>
I'n,m(m) Jj=1

Applying the Bessel potentials (V)¢ and (V,) ¢ and then setting z = y we get

EH(Vx)_a( :\I/N(x,t)k\I!N(x,t)é:— :\I/M(x,t)k\I/M(x,t)Z: )‘2}
k+¢

1
—C ).

I'n,a ()

We can estimate this sum in a way similar to (4.4.5). Indeed, without loss of generality
we can assume |ngi¢| > M. Then, adapting the estimate in (4.4.5)), we have,

1 1
S 4.4.7
Z (ny+ -+ npe)® (N )2 ™ ( )

N<|ngqe|<M

1

: Z
ce € e 2e 2—e
<n1 + + nk+£—1> N<lnprel<M <n1 + + nk+£> <nk+£>

S T > :
e R 2
(n1 + + Npyo—1)® N<|nprel<M (ny + + M) (Mre)

< 1 1
Y4 ngpee)t M

No|m
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This shows,
k+¢

C(ny) S M5,
=1

1
Z <n1...+nk+£>25‘j

I'nom ()

Using the Propositions |A.1.2) and |A.2.1| in a similar way to (4.4.3)) we have,

B[ s Un (-, ) Uy (- 1)

—) e
D W ) () B ] Spe M2 (4.4.8)
We now show a time difference estimate for :‘Ifﬁ,@fv:. This will show that :\Ifﬁ,@fvz is
almost surely continuous in time and hence, combined with the previous part of this
proof, :\Ilé“vﬁfvz is Cauchy in LP($2; C([0, T]; W—=°)).
We define the time deference operator

Ay :\IJﬁ,\IJ_NZ(x, t): d:ef:\lflf\,\lf_Ne(x,t +h): — :\I/%\I/_NZ(L t):

for |h| < 1. In the following we will assume h > 0 for simplicity. Simple modifications
are needed for the h < 0 case. Expanding and then using Proposition 4.3.3| we have,

E {(Ah :\I/]fV\I/_NZ(x, t):) (A :\Ilﬂ“V\If_Ne(y, t): )} (4.4.9)

= E{ :\Il]fV\I/_NZ(x,t +h): :\I/’]“V\I/_NZ(y,t +h) :}

—E :\I/’]“V\If_Ne(:p, t): :\Ifﬂ“V\I/_NE(y, t+h) :}

+E :\I/]fV\IJ_NK(x, t): :\I/fV\I/_NZ(y, t) :}

CE| TN (w4 b U Ty (5 8) :]

0
£

= CiB[Un(z,t +h)Un(y, T+ h)]’“E[\IfN(x, t+h)Un(y,t+h)]

Vi
£

— Ckz,ZE [\I/N(I, t)\I/N(y, t+ h)} k]E [\I/N(ZL‘, t)\I/N(y,t + h)}

OB U (e, T (9, D] E[Un (2, )Un (5, 0)]

i
£

— Co B[Oy (.t + B U (y, )] “E[Wn (z, t + h)Un(y, )]
= (D) + (I1)

where in (I), we group the first and second terms on the right hand side of (4.4.9)
and in (IT) we group the third and fourth terms on the right hand side of (4.4.9).
Using the purely algebraic formula

k—1 /—1
a*a’ — b = (a — b)a > b 4 (a— bty bat (4.4.10)

1=0 i=0
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we can write (I) as,

(I) = ijE [Ah\I/N(I, t)‘I/N(y, t+ h)}E[\I/N(I, t+ h)‘l’N(?J, t+ h)}g

S E[Un (e, 0Tn o, 1+ )] B[t + 1) Tn (4 )]

=0

— CrdB[A U N (2, 8) U (y, 8) | E[ W (2,8) U (y, ¢ )}e

/-1

% S B[ (e, (. 0)] E[Un (.t + h)Un (5, 0)]

=0

= (Ia) + (Ib).

f—1—1

Using equation (4.4.10) again we have a similar decomposition for (II),
(I1) = (IIa) + (IIb).
From (4.4.1)) we have,

E[Ah\IIN<'T7 t)\IJN(yv t+ h)] = Z 6n($ o y) (C(n) - C<n7 tt+ h))

In|<N
A similar equality holds for E[Ah\Il ~(z, t)m] Using the mean value theorem,
|C(n) —((n,t, t+ h)‘ < min (\h|, <n>’2).
Hence by interpolation with ,
1¢(n) = C(n,t+t+ h)| < |h|*(n)> 2. (4.4.11)

Taking the (V,) ¢ and <V )¢ Bessel potentials of (4.4.9), setting = y and then

using the estimates and (| m we have,

k+¢
— 2 1 1 1
E||A (V)7 Wk Wy (1) } < |h| .
{ ( N |n17._.7znk:+e|<]v<n1 4+ 4 nk+£>25 <n1>2—2a g <nj>2

If @ < ¢ the summation in the above equation can be summed using a method similar
to (4.4.7)). Using Propositions |A.1.2| and |A.2.1]

E{HA,L AR TN (2, t) |7 _m} < |h|eP. (4.4.12)

Choosing p large enough so that ap > 1, the Kolmogorov continuity criterion, see ﬂ§|,
Propostion 8.2|, implies that : \Ilﬁc\,\I/_NZ :€ C([0,T]; W) almost surely. For the
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convergence of :\I/]fV\I/_NZ: in LP(Q; C(]0,T); W=5°°)), in a manner similar to (4.4.12))
and (4.4.8), for N > M > 1 we can show

wt = « —&
El|[An( ATy (1) — :Uh Wap () ) |15 | S B[P M2,

Choosing p large enough so that ap > 1, from the Kolmogorov continuity criterion we
have that :\If’fV\IJ_NE: is a Cauchy sequence in LP(€; C([0,T]; W~=°°)) and so denoting
it’s limit by MG we have that - UFT :e C([0,T]; W~=°)) almost surely. O

Remark 4.4.1. The above argument can be easily adapted to show the paths of
URT: are in C*([0,T]; C~¢) almost surely for o < e. See for example [38].

4.5 Local well-posedness of the WSCGL

4.5.1 Statement of results

In this section, we present the proof of Theorem [£.1.2] To do, this we reformulate
Theorem in a way slightly more amenable to PDE techniques.

For € > 0 to be fixed later, we consider the space @:8 of (m + 1) x m-tuples of
functions in C([0,T];C~¢). That is Z= {z;;} € 6;5 if

25 € C(0,T);C™%) forall 0 <i<mand 0 <j <m—1.
We define a norm on éf © as follows:

12lles = maxf[zijllooric—s).

Instead of studying the equation for v (4.1.5)) directly, for 2’ € 5}5 we study the
equation

o = a9)[A —1lv — F(v, 7
{ w= (o Fie)A =1 =F@.2) e R, (4.5.1)

U|t:0 =1

where
. , mY\ (m—1 i
F(v,2) = (c1 +ics) Z (z) ( j >Zmi,m1j'U .
0<i<m
0<j<m—1

The local well-posedness argument in this section will work for any choice of z° € 6;5.

Proposition [4.1.1| shows that, {: g }ig € 6}5. Hence if we show that (4.5.1])
is locally well-posed, Theorem will follow. The point of proving local well-
posedness this way is that it draws a clear line between the probabilistic techniques
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used in the construction of the stochastic objects in Section [4.4] and the PDE
techniques used in this section.

As usual, we interpret (4.5.1) in the mild sense. That is we say v solves (4.5.1])
on [0, 7] if for all ¢ € [0,T7,

v(t) = S(t)vg — /Ot S(t—t)F(v,2)dt'. (4.5.2)

In the following we look for solutions in the Banach space X;"** defined through
the norm

[ollxziee = ([0l s2zs1 , 1+ V][ Lo o,7150%0)

2

where

[v]la,s0 = sup t*[[v(®)]|cs-
te(0,7)

The goal in this section is to prove the following.

Proposition 4.5.1. Suppose m > 2, an integer, and sy < 0 are such that
—(2m - 1)% <1 (4.5.3)

Then is locally well-posed for initial data in C*°. More precisely for e > 0
small enough there exists 8 > 0 such that for R > 1, given vy € C* and 7 € 6;5
such that

2l loolle- o < R

there exists a unique solution, v € C([0,T];C*) N C((0,T]; C*) where T ~ R7°.

~

Moreover, if vo,ug € C™ and 7,7 € Cp° satisfy
1Zlee: lollcro, 1lge ol < R

then the respective solutions vy,vy € C((0,T];C7%°) to (4.5.2)) with initial data and
forcing vy, Z and ug, T satisfy

[or = w2l gs02e S lluo = vollowo + 17 = Tl
A similar local well-posedness result holds for C?*-initial data, but with time of
existence depending on the LP-norm of the initial data. See [63] for a similar result

for SQE.

Proposition 4.5.2. Suppose m > 2 is an integer, p > 2m—1 and e > 0 is sufficiently
small but fived. Then for initial data in C*, there exists a unique solution to (4.5.1)
in C([0,T),C?*). Moreover, this solution depends continuously on Z and vy. More

precisely there exists 0 > 0 such that for R > 1, given vy € C* and 7 € 6;8 such
that

IZlle=e: llvolle < R
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there exists a unique solution, v € C([0,T];C%*) where T ~ R~ to (4.5.2).

Moreover, if vy, ug € C** and Z,% € Cr° satisfy

IZll =5 lvollcze, 1Z] e luoll e < R

then the respective solutions vi,vy € C([0,T];C*) to (4.5.2)) with initial data and
forcing vg, Z and ug, T satisfy

lo1 = valleqoric) S lluo = vollee + 117 = Tl -

In light of the instantaneous smoothing from regularity sy to 2¢ in Proposition
4.5.1] this proposition will allow us to prove global well-posedness by demonstrating
an a priori estimate on the growth of the LP-norm of solutions to (4.5.1). We do this
later.

4.5.2 Proof of local well-posedness results

Before we prove the above propositions we first state and prove a useful elementary
lemma.

Lemma 4.5.3. Suppose o, € R satisfy a <1 and < 1. Then,

t
/ (t —s) s Pds ~ 7P,
0

Proof. We split the integral into two parts and estimate each piece separately:

t t/2 t
/ (t—s) s Pds = / (t —s) s P ds+ / (t —s)" s Pds
0 0 t

/2
t/2 t
~ t_a/ 5P ds + t_B/ (t—s) “ds
0 t/2

~ tl—a—,@’

where in the last line we simply evaluated the two integrals. O

The following local well-posedness proof, using the Da Prato-Debussche trick, the
linear heat smoothing estimate Propositio and the product estimate (A.1.9)) is
standard, see for example, [22}|63/(93]. For completeness we go through the argument
here.

Proof of Proposition [£.5.1. We will first show the existence of the solution in X%
Suppose ||Z||@;s, llvollcso < R. For Ry > R yet to be chosen, let Bg, be the ball

of radius Ry and center 0 in X;**. We aim to show the map

To(t) = S(t)vy — /Ot S(t—t"VF(v,2)(t")dt
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is a contraction mapping on Bpr,. The linear heat smoothing estimate, Proposition

[4.2.7] gives,

15 (@)vol

cso S

From the multiplicative estimate (A.1.9) we have,

s i — m— sg—2¢
IF@ D)o < D, laglle=llvlled < 7)™ (4.5.4)

0<i<m
0<j<m—1

where we used the fact that ¢/ ||v(t' )22 < Ry for v € Bp, and the fact that
lzijllc-s < ||Z]lg-- < R < Ry. We then have,

25 [ n—3e 2\ (4 /
S llwolleso +t7= [ (£ =)= | F (v, 2) ()l di
0
t
(t—t)y 5 @)= gy  (455)
0
< ”7]0’ oo —|—R2m 1t1——+(2m 2)(50525)

where in the final inequality we used Lemma and the condition . Taking

a supremuin we have

sg—2e )
2

s +CR2m 1T1—3—€+(2m 2)(

||Fv||2s 0 gep < C|vol

where C' is the implicit constant (4.5.5)).
Similarly, choosing ¢ small enough so that sy < —e and using (4.5.4]),

7]

o0 < lloollero + / | F (0, () |- dt

< Jlvollcro + REm1giEm—1 5= (4.5.6)

Taking a supremum we have,

SO 2e

cso + CREmMIiH(Em—1) (4.5.7)

IT0 | oo jo,775050) < C'l|o

Adding (4.5.7) and (4.5.6) and choosing £ small so that 222 < —3¢

50 2e

HFUHXSO 2 < Cl|vo||so + CRIM-I1H(Em=1)

By the condition we can choose € > 0 small enough so that
-2
0:=1+(2m—1) (30 > 5) >0
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and so the power of T' is positive. Hence choosing Ry = 2C'R and T satisfying

OR2mT1_7+(2m 2)0 = SO 2¢ E

-2
we find that I' maps Bpr, to Br,. Now we verify the contraction property. It follows
form the algebra property (A.1.4]) and the polynomial difference formula (4.4.10)) that

for v1,v9 € Bp,,

[vivr — vt || e S () — Vgl e
Hence we have the difference estimate
1F (01, () = Flvg, ()| S ()™ D7 B |oy — vp] e (4.5.8)

Using this estimate and estimates similar to those in (4.5.5)) and (4.5.6} - we can show
that I' : Br, — Bpg, is a contraction mapping. By the contractlon mapping theorem
it follows that I" has a unique fixed point and hence, has a solution in X302,

Using Gronwall and standard PDE techniques the uniqueness of the solution on
Bg, can be extended to all of X;**. Using Proposition and standard PDE
techniques it can be shown that the solution we constructed above is in fact in
C((0,T];C*) N C([0,T);C*0). Further using standard PDE techniques it can be
shown that the solution depends continuously on the noise and initial data.

The proofs of these three statements are quite standard. We will just prove the
continuous dependence. Let

v1(t) = S(t)vg — /O S(t—t")F (v, 2)(t') dt’

and

a(t) = S(t)up — /0 S(t — ') F(va, 7)(¢') dt’

be the solutions on [0, 7] for T ~ R~? constructed by the above contraction mapping
argument. Adding and subtracting F'(vq,Z) we have

F('Ul,g) — F(UQ, Lf) =

) m\/m-—1 i—
+ (01 -+ 202) Z < ; ) < j )(Zmi,mlj - xmfi,mflfj)vlvlj

0<i<m
0<j<m—1

, m\ (m—1 T S
+ (1 +ica) Z <Z)< j )xm—i,m—l—j(vlvlj — v30y’)

0<i<m
0<j<m—1

= (1) + (1)
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Using estimates similar to (4.5.4) to estimate (I) and (4.5.8) to estimate (II),

SO 2¢e

| F(vi, 2)(t') — F(ve, Z)(t')||c-< Rgm—2( )(Zm 2)

+ Rgm—l (t/>(2m—1)

HUI - UQH26 %0 2¢,T

sg—2¢ 2e 5 5

T ||Z7— a:||6;s.

So,
T
_3e — _
[or = vall2es 5o 7 S llvo = wollceo + ()" Z[|F (v, 2) = F(v2, )| < dt’
0
< [lvo — uolleso
_I_Tl—*—(Qm 3) 2 SORQm 1 <||5—f||A + ||U — v | ) )
C;E 1 2 X,;O’ € -

Similarly we have

coo+ T (2m—2) 2%

o1 =2 Lo (f0,77,0%0) S [|vo—uo] s Zllg-<+llor—vall g0 2 ).

Adding the above estimates gives,

SO 2e < C||U0_u0||080 +C’T1

[[o1 —wall (172l gze + v — e

30,26) .
XT

w02« to the left hand side of
T

Choosing T' small enough, we can bring ;|lv; — vs|
the above inequality giving,

||vr — v X500% S lvo — wolleso + |12 — 5“6;5'

O

We now outline the proof of Proposition [£.5.2] For more details we refer the
reader to [63] where a similar result is proven for the 2-dimensional SQE.

Proof of Proposition[.5.9. Suppose |Z]|5--, ||vollzr < R. We let B denote the
Banach space defined through the norm || - ||_, 1, 4. Following |63, Theorem 6.2

we will first show that there exists a solution in B. Then we will show that the

solution constructed is in fact in C'([0, T]; C*¥). For Ry > R yet to be chosen let Bpg,

be the ball of radius Ry and center 0 measured in the norm || - ||, 1, ;. From the
p’ )

mild formulation we have,

t
_3e .
[Tv(E)lc2e < [[S(E)voll 22 +/ (t—t) "2 |F (v, 2)(t) - dt’
0
Using the embedding (A.1.5)) and the smoothing estimate Proposition [4.2.1]

15(E)vollcze S IS E)voll 2c-

P,00

2 S ool
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Using the above estimate and an estimate similar to (4.5.4)) in the proof of Proposition
[4.5.7] we have

t
IO oo € unlls +675 [ (= )5 (@)@ R .
0

If 2m — 1 < p and € > 0 is small enough then the integral in the above equation can
be evaluated using Lemma and taking a supremum,

IT0]| o1 007 < Cllg| e + ORSm‘lTl’%*@m*”(%%),
p7 b
Choosing Ry = 2C'R and T so that

ORI =5 em2EH) <~ R

N —

it follows that I' maps Bpg, to itself. Using arguments similar to those in the proof of
Proposition one can verify a difference estimate for I'. Hence by the Contraction
Mapping Theorem, I'" has a fixed point.
Using Proposition and arguments in |63, Proposition 6.2] one can show the
solution constructed above is in fact in C([0, T]; C*¥) and is unique in this space.
The proof of the continuous dependence on vy € C* and 2 is similar to the proof
of continuous dependence in the proof of Proposition [£.5.1] ]

4.6 Global well-posedness of WSCGL

In this section we place the additional assumption that ¢; < 0. This means that the
nonlinearity is defocusing with respect to the heat part of SCGL.

In this section we will prove Theorem [£.1.3] To do this we will prove the following
global well-posedness result for (4.5.1]).

Proposition 4.6.1. Let m > 2 be an integer and suppose ¢y > 0 and sg > _2m2_1.

Set r = ‘Z—i! Suppose

2m — 1< 2+ 2(r* +2rvV1 +1?)

and suppose € = e(m,r) > 0 is sufficiently small. Then for any T > 0, vy € C*
and Z € Cr° there exists a unique solution v to ([£.5.1) with v € C((0,T);C*) N
C([0,T]; C®0).

From Proposition I& { Ul 2}, € 655. Thus, if we can prove the above
proposition, Theorem [4.1.3] will follow

To prove this, we will establish an a priori L” bound coming from a “Testing
against v~ identity. This is similar to the method in |46,/63,/64,93]. However, as
in [46] our situation is more delicate than the situation in [63}64,93]. Due to some
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extra terms appearing in our “Testing against vP~'” identity, we are only be able
to establish a suitable a priori L” bound for small p. However, for the LP-norm to
control the time of existence in Proposition we need p > 2m — 1. Hence we only
get global well-posedness when these two ranges overlap.

We now state and prove a “Testing against vP~!” inequality. We became aware of
inequalities of this type through the work of Hoshino [46]. Inequalities of this type
first appeared in the works [26}34].

Proposition 4.6.2. Let T > 0 be fized and m > 2 be an integer. Set r = ‘Z—f’
Suppose

2m — 1< 2+ 2(r* +2rvV1 +1?)

and suppose € = £(m,r) > 0 is sufficiently small. Further, suppose vy € C°, z;; €

CRCx® for alli,j and v € CPCY solves (4.5.1). Then, for n > 0 small enough, v
satisfies the following inequality

O~ o) + [ 17220l af -+ anas [ o290 (0o o

< / (Fo(w, 2), [oP20) (¢ ¥
(4.6.1)

where

Fo(U, 5) = (Cl + iCQ) Z (7:[’) (m ‘ )Zm—i,m—l_j’l}lﬂj-

0<i<m J
0<j<m—1

(,5)#(m,m—1)

Proof. We Will assume as > 0 as if as < 0 we can take the conjugate of (| - SO
that v solves with the sign of as switched. As v is sufficiently smooth we can
compute,

1 1
—0||v(t ”p:—a/ vo)P? dx.
p o7 el T2( )

= 1/ (vT)P/2~ 1 (00T + TOW) da
2 T2

1

(4.6.2)
=3 /’ﬂ‘? (UF)P/2_1 (a1 — iaz)vAT + (a1 + iag)UAV) dx

+/ (v0)P/* 1 Re (TF (v, Z) da.
T2
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Integrating by parts and then applying the product rule gives,
1 1
5/ (WT)P27Y ((ay — iaz)vAT) dx = _§<a1 - iaQ)/ \Y [(vﬁ)pﬂ_lv] -Vudx
'EZ

'JTQ

= P - mQ)/ 0|P~2| V|2 d
4 -

-2
P2 —iay) / [P~ 102(VT) da.
1 -

Here we are using the notation v? = v} + v3 for v € C% Note that this is distinct
from |v[®. Using this expression we can write the first line in the third equality in

(5 as

% / (WO ((ar — ias)o AT + (ar + ias)TAV) dr =
TQ

—Bal/ [v[P~2|Vo|* do
2 |

P ; 2a1 v[P~* [v*(VD)? + 0°(Vv)?] da
T2

;2@ o [22(V0)? — vA(VD)?] de.
T2
Making use of the elementary algebraic calculus identities
v? (VD)2 +0%(V)? = (vVD — 0V0)? + 2|v[*|Vo?,
Vv|? = oVov + vV7,
42 |Vo? = (V|v[*)?* = (vVo — 5V0)?,
for n > 0 we can write as

%/ (Uﬁ)pﬂ_l((al — ia)vAD + (a1 + ia)VAV) do =
T2

(4.6.3)

P
—1

2
a / lo[P~H(vVD — BV0)? dx
4 T2

—(p— 1)a1/ [o[P~2|Vu|* do — b
T2

p—2
4

—1
——tnay [ pop (oo = (P <)y [ P TP do
T2 T2

- 1

aQ/ [v[P~*V|v|* @Vv — vVD) d
T2

1
+ (Z —n)a / lv[P~*(vVD — TVv)? da
T2

p—2
4

a2/ [P~ 4V |v|*i (Vv — vVD) da
T2

S / 0PVl do — / o= A, (f. g) de
T2 T2
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where

f=1i@Vv—oVD), g¢g=Vp|?
and A, ,(f,g) is the quadratic form

—9 1
axfg+ (== = n)arg®

Ap,n(fvg) = (1 —n)a1f2—|— 4

4

Note that both f and g are real valued and so the quadratic form A,, takes real
arguments. If

2<p<242r(r+v1+4r?)

then for small enough 1 = n(p,r) the matrix

is non-negative definite, has non-negative trace and non-negative determinant, and
so A, ,(f,9) > 0. In this case

1
5/ (WO)P*7 1 (a1 — iag)v AT 4 (a1 + iag) o) do < —477@1/ lv[P~2| Av]? da.
T2 T2

(4.6.4)
Note that the left hand side of the above inequality is real valued and so the inequality
makes sense. We now consider the term on the second line of (4.6.2). As

F(v,2) = (1 + icg)|v|2m_2v + Fy(v, 2)

we have

/ (vT)??> ' Re (TF(v,2) dz = ¢ [ |o[PT?™ 2 dx + Re/ lv[P20Fy(v, Z). (4.6.5)
T T T?

Putting (4.6.2), (4.6.4) and (4.6.5)) together after integrating from ¢y to t gives the
desired L? inequality

p<||v<>|| ot / [P+ ()| s de + Anay / |2 Vo2t s
/|Fovz ), ofP20) | (¢) dt

O

It is not immediately clear how this proposition helps prove global well-posedness.
Proposition only holds for smooth initial data, noise and solutions to (4.5.1).
Without knowing the time continuity properties of v it is not even clear even
makes sense for rough solutions of . In [63] this problem was solved by proving
a certain amount of time continuity of v and then proving an a priori bound of type
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for rough v. In this chapter we take an alternative PDE approach which we
outline here.

Consider the solution vy of with smoothed forcing and initial data. That
is the equation,

(4.6.6)

GtvN = [(a1 + CLQ)A — 1]?]]\] + F(UN, EN)
Vli=o = vg’

where Zy € (CPeC2)™(Mm=1 converges to 7 in 6;6 and v}’ € C° converges to vy in
C*®. We denote Zy = {2 }.

Such sequences exist as CP°C° is a dense subset of C([0,7];C~¢) and C° is
a dense subset of C*°. Alternatively, consider suitably mollified Z and vy. It can
be shown that vy € CP°CP° and hence vy is sufficiently regular for the hypothesis
of Proposition [£.6.2] to hold. We then prove an a priori L” bound on vy that is
independent of N, globalising the solution vy. Using the fact that zZy — 2" in C}°
and vév — v in C* one can can use the continuous dependence of the solution in v
and 2, from Proposition 4.5.2] in addition to the L” bound to show that v is also a
global solution.

With this in mind, to prove Proposition [4.6.1] it suffices to prove the following
bound.

Proposition 4.6.3. Suppose 2 < p < 2+ 2(r? +2rv/1 +r2) and € > 0 is sufficiently
small. Let T >0 and 0 <ty < T. Then there exists C' = C(m,p,e,2) > 0 such that
if vy is a solution to (4.6.6) on [0,T] then for all t € [ty, T],

lon () e < [lon (o)l + Ct.

The tg > 0 is present in this bound as for sy < 0, a function vy € C*° is not always
in LP. However, in light of the instantaneous smoothing from the local well-posedness
theory of Proposition , v(tg) € C* C LP. To prove Proposition we use an
almost identical proof to that in [63,093]. We present the details here.

Proof of Proposition[4.6.3. In the following we write v instead of vy for simplicity.
Set
Ay = dney 0P 2 ()| V@) ||l and By = |[oPTE 2 ()|

Recall

o . m\/m-—1 i
Foy(v, Zn) = (¢ +ico) Z < . ) < , )zﬁtmlW .

0<i<m J
0<j<m—1
(%])#(mvm_l)

From (4.6.1)) it suffices to show,
[(|v[P~?D, Fo(v, Zx)(t)| < Ay + Bi+ C
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for some constant C'. To do this it suffices to prove
[{zmim-1-70'T, [0P~20)| < 8(As + By) + C(9) (4.6.7)

for some small & > 0, for each ¢ and ;.

We will just prove for the case (i,j) = (m —1,m — 1), the other cases are
similar, and in fact slightly easier as the homogeneity in v is lower. Using
and the convergence and hence is boundedness of Z{\,fo in C7¢, we have,

[{(21o0™ T [uP"20)| = (21, P2 or™ ™|
S Moo pe 2ol
S Mol Po]| g |-

Applying (A.1.10), Cauchy-Schwarz and then Jensen’s inequality gives,

L1 i [V S [ i ! A e 17

1,1 ~Y

S P2 Vo2 [ O R 23R 10E 4 23 L (4.6.8)

2m—34p

1— 2m—3+4p
SAi/QBth—2+p( €)||Up+4m—6||

p+4m—6 .
Note that, as x — x»+2m=2 is not concave for m > 2, we cannot use Jensen’s
inequality to control ||vP™™~6|| .. by a power of B;. To get around this problem we

use a trick in [93]. Using Proposition in the form

[ fllze S (1f 11z + IV S|z
with f = v?/? implies

1/2 4 _ 4
[ 0P/ 2|12 < [P |90° + (|oP =2 Vol [ 941

In particular with ¢ = Aptdm=6) o have,
" 1/2 p+4m—6 9 9 p+4m—6 2p+42m762 p+4m—6
[oP* m_6||L1 S Pl T+ oV I TS A (4.6.9)

where the second inequality follows from Jensen’s inequality which is now applicable.
Putting (4.6.8) and (4.6.9) together gives

2 p+4m—6 2m—3+pq_
e T TP Y

(2m—3+p) (1—e)+ p+4m—6) 2m—3+p

€/2 1 2m—2+p 2(pt2m—2) ptam—2

Choosing ¢ small enough so that

p+4m —6 +2m—3—|—p

€/2 €
2+ 2p 2m —-2+0p

(1—-¢)<1
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and
p+4m —6

2(p+2m —2)

(2m — 3+ p)
2m —2+p

e/2+ (1—¢)+ e<1

we can use Young’s inequality to get,
|(zﬁ[0vm_15m_1, [v[P~20)| < 6(A; + By) + C(6).

Here we are choosing a preliminary ¢ = % to absorb the implicit constants in the
preceding inequalities. This completes the proof. O
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Chapter 5

Long term behaviour of Gaussian
measures transported by partial
differential equations: a numerical
study

In this chapter we perform numerical simulations, studying the long term transport
of Gaussian measures supported on periodic functions under the flow of the fractional
Schrodinger equation (FNLS,) (1.3.1) and the dispersion generalised Benjamin-Bona-
Mahony equation (gBBM), (1.3.6). In the first section of this chapter, we explain
how we generate the data used to approximate the flow of the Gaussian measures
being studied. In the second section, we explain how we reorganise the data into an
amenable form. In the third and fourth sections, we display visualisations of the flow
of the measures studied and explain their significance.

The work in this chapter is exploratory in nature. We aim to get a heuristic idea
of the behaviour of the objects studied and to illustrate concepts previously studied
in this thesis without being overly burdened with error analysis. For this reason, any
conclusion reached in this chapter should be viewed skeptically.

5.1 Data generation method

In this section we give an overview of how we will simulate Gaussian measures under
the flow of PDEs numerically. There are two steps needed to do this.

e Step 1: Sample from the initial Gaussian measure.
e Step 2: Solve the PDE numerically and quickly with given initial data.
In our case, Step 1 is trivial. This is because the measures we study for
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FNLS and gBBM both arise as the law of a function valued random variable of the

form[T]

W chgn(w)e%i”x (5.1.1)

nez

where {gn}nez is a sequence of Gaussian random variables, not necessarily
independent, and {c, },cz is some, non random, sequence of constants. By generating
a sample of the sequence {g, } nez, which is easily done numerically up to a truncation,
we can generate a sample from the measure being studied.

Step 2 is more challenging. In this chapter, we use spectral methods to solve
FNLS and gBBM . We will explain this method in detail by example,
focusing on FNLS and the Gaussian measure induced by the map . From our
discussion for FNLS @, it will be obvious how we derive the spectral formulation
we use for gBBM @ In Section we state the numerical formulation we use
for gBBM without explaining its derivation in detail.

We note that spectral methods have previously been used to study many different
dispersive PDEs, including FNLS, see for example [52].

To start, we take the Fourier transform of FNLS , giving the infinite
dimensional system of ODEs,

du,,
z% = — (20| up + AF[JulPu](n)
= —|2mn|**u, + A Z Uy, Uy Uy (5.1.2)

n=ni—nz+ns

In (5.1.2) we used the product-to-convolution property of the Fourier transform
to write the nonlinearity as a sum. We then truncate the infinite dimensional system
of ODEs , to only include the N frequencies, —N/2 < n < N/2—1. This gives
us the finite dimensional system of ODEs

i ozn|?ou, + A Z U, Tglns, —N/2<n<N/2—-1. (5.1.3)

n=ni—nz+ns
—N/2<n;<N/2-1

'We recall here that, as stated in the introduction Section we are breaking with a convention
established previously in this thesis. We are defining the 1-dimensional torus T = R\Z instead of
T = R\(27Z). This means that several Fourier analytical concepts need to be defined differently.
For example, the nth Fourier coefficient of a function f : T — C is now defined as

Flfln) = fn = /T flx)e 2™ dg,

The trigonometric polynomial orthonormal basis for L?(T) is now {e*™"*}, 7. as in (5.1.1). We
define the torus in this way because it is convenient for some numerical algorithms we will use, in
particular [32].
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Our initial data, being sampled according to (|1.3.2)) is now just a finite dimensional
vector sampled according to

w g—N/z(w) 9N/2—1(w)
H( (Nj2ys " <N/2—1>8)‘

Unlike the infinite dimensional system of ODEs , it is possible to
numerically implement . However, the nonlinearity of is numerically
expensive to evaluate, one needs to do a summation of N? terms, N-times and so the
computational complexity is therefore O(N?3). We need N to be large, N ~ 103, so the
finite dimensional system ([5.1.3) is a good approximation of the infinite dimensional
system (|5 . Further, from the law of large numbers, the more samples generated
the more accurate our Monte-Carlo approximation will be. We want to solve
around 10° times. Putting this together, the formulation , the most obvious
approximation of , is too inefficient to be of use.

To get around this issue, we use properties of the Fourier transform. Instead of
simply truncating , we can write the nonlinearity of this equation as

Fllulu)(n) = AF[|F 7 {un tnez] *F~ [{untnezl]

Here F~! is the inverse Fourier transform of a sequence,

{fn}nGZ Z fn 27rznm

nez

Taking another truncation, replacing the Fourier transform with the discrete
Fourier transform (DFT), defined by,

N
Foerl{f(E)hhezl(n) =Y f(£)e 25" ~ (5.1.4)
k=0

and replacing the inverse Fourier Transform by the inverse DFT (IDFT),

Forrl{fatnez)(3) = an 2MNT s f() (5.1.5)

we can approximate the nonlinearity of (5.1.2)) as

AF [[ul*u](n) ~ AFoer[|Foer {un 1" Foer {un }]] ().

The DFT (5.1.4), is ubiquitous in applied mathematics and signal processing. It is a
linear map, mapping a vector of length N, which one can think of as representing the
values of some function taken from evenly spaced points over the interval [0, 1], to

another vector of length N, which one can think of as being the Fourier coefficients
—N/2 <n < N/2—1 of the function. The DFT ([5.1.4]) essentially amounts to using
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a Riemann sum to calculate Fourier coefficients. Similarly, the IDFT can be
thought of as using N terms of a Fourier series to evaluate the value of a function at
a point. For more information on the DFT and IDFT, we refer the reader to [87].

To summarise, using the DF'T and IDFT, we approximate by the finite
dimensional system of ODEs,

i = 12w u + AFper[| Fo [{un NP o [{un 1] (n)
0) — g_ny2(w) gny2—1(w) —N/2<n<N/2-1
un0) = Twm o Wy

At first glance, it seems that the computational complexity of DFT (5.1.4]) is
O(N?), one needs to do a sum of N terms for each of the N Fourier coefficients,
and hence the complexity of the nonlinearity above is O(N?). This would be an
improvement compared to (5.1.3). However, there is a remarkable algorithm for
calculating the discrete Fourier transform, discovered by Cooley and Tukey in [19],
which has computational complexity O(Nlog/N). This algorithm, aptly named the
fast Fourier transform in the literature, is pervasive in applied mathematics. Using
the FFT, we can evaluate the nonlinearity above in O(NlogN). With the FFT, it
takes approximately one week to complete the simulations for this chapter, without
the FFT it would take months or years.

This gives the mathematical formulation we use to solve FNLS and gBBM
efficiently. Another important aspect for numerically solving these PDEs is
the software we use to implement the spectral numerical method described above.

We code the numerical methods in this chapter in the Julia programming
language, [7]. The Julia language was first released in 2012. It is a dynamically
typed language, similar to programming languages such as Python. In layman’s
terms, dynamically typed means one writes

=3 instead of int z = 3.

As a consequence of this, Julia code tends to be easy to write and read. However,
unlike most dynamically typed languages, Julia code compiles directly into machine
code, making it significantly faster than most dynamically typed languages, running
at speeds close to the low level C programming language. We refer the reader to [7]
for more information on the Julia language. We note that we use version 1.2 of Julia.

To solve the finite dimensional systems of ODEs occurring in this chapter, we use
the DifferentialEquations.jl Julia module, see [69]. This module has a large number
of ODE solvers, which is of help in choosing an appropriate solver for the system
being solved. We use the solver described in [2] for FNLS and the solver [94]
for gBBM .

As for the FFT, we use an implementation of this algorithm called ‘The Fastest
Fourier Transform in the West” (FFTW). See [32] for details of this implementation.
The FFTW claims to be the fastest ever implementation of the FFT algorithm.
FFTW is written in the C programming language and so we use the Julia module
FFTW.jl, a Julia wrapper for FF'TW.
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5.2 Data sorting method

To simulate Gaussian measures under the flow of PDEs by Monte-Carlo, we do the
following a large number, around 10°, of times.

e 1) Generate a sample from the Gaussian measure being studied.
e 2) Numerically solve the PDE using the method described in Section [5.1]

e 3) Save the solution in a file as a 2-dimensional array, where one axis is the
Fourier coefficients, and the other axis is the time slices the Fourier coefficients
are saved at.

Doing this, we are left with a folder containing around 10° files, each file
approximately 500kb in size. As there is a computational cost to opening files, we
want to open files as infrequently as possible. Hence the data stored in this form is
not amenable to analysis. To get around this issue, and for the sake of simplicity, we
reorganise the data into a smaller number of files, in a simpler form.

We sort the data into N (the number of Fourier coefficients) files. Each file stores
a 2-dimensional array, corresponding to a single Fourier coefficient. One axis of the
2-dimensional array corresponds to the number of samples gathered the other axis
corresponds to the time slices the Fourier coefficient sample is saved at.

This approach allows for faster investigation of the data. For example, to plot
the variance of the first Fourier coefficient, we only have to open a single file, instead
of opening 10° files. The code used to perform this data transformation is shown in
Appendix This code took approximately 5 hours to run per 10° files, but was
worth the upfront cost as it greatly speed up the data exploration process.

For legacy reasons the code we use to reorganise the files is written in Python
instead of Julia, like the PDE solvers in Appendix and Appendix [D.4 This is
because an earlier version of the project this chapter is based on was written entirely
in Python. The data sorting code was not a bottleneck in terms of speed and so we
stuck with the working code instead of rewriting it solely for consistency reasons.

5.3 Fractional nonlinear Schrodinger equation

5.3.1 Problem and numerical formulation

We performed a Monte-Carlo simulation for the equation FNLS ([1.3.1)) with initial
data sampled from the Gaussian measure (|1.3.2)). Following the discussion in Section
[b.1] we generated samples by solving the finite dimensional system of ODEs

i = —12mn Py + A oer [P {un PP [{un ] ()
0 [ 9-n/2(w) gn/2—1(W) - N/2 <n< N/2 - L
unl0) =\ "W Wy

(5.3.1)
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We chose av = 0.55 in . During preliminary testing, we found that a lower
value of o meant individual samples of could be generated faster. This is for
stiffness reasons. When « is large, the value i|27mn|** is large. This means that for
large n, we expect the magnitude of ‘Z‘—t" to be large, and for small n we expect the
magnitude of ‘Z”—t" to be small. Following this heuristic, the stiffness of the system
, and hence computation time, increases with . It would then make sense to
choose « close to 0. But as mentioned in the introduction, Section [I.3] one of the
motivations of this project is to visualise how quasi-invariance manifests in terms of
statistical properties of Fourier coefficients. In Chapter [2| of this thesis we proved
that FNLS is quasi-invariant for o > 0.5. These two reasons motivate our choice of
a = 0.55. We chose A = 100 in to make nonlinear behaviour noticeable and
s = 4.2 so the initial data sampled from ([1.3.2)) is of high regularity and can
be solved quickly.

We used a second order accurate, adaptive backwards differentiation formula
(ABDF2) method to solve (5.3.1). See [2] For more information on this algorithm.
We used this method because ABDF2 is a stiff ODE solver and is suitable for large
systems of equations.

We chose N = 2? for the size of the the system of ODEs . We chose this
value because the FFT algorithm is most efficient with a power of 2 (see [19] for more
information) and to find a balance ensuring samples could be generated sufficiently
fast (N needs to be small), but are also sufficiently accurate (N needs to be large).
With this choice of N and the other parameters explained above, we could generate
samples at a rate of a sample every 4 seconds. We chose to generate 10° samples.
There was no particular motivation for choosing this number other than it is large
and at the limit of how much computer time we were willing to use. With this number
of samples, this simulation for FNLS took approximately 4 days of computer time to
run.

We refer the reader to Appendices[D.1], [D.2]and [D.3|for the code used to implement
the simulation for FNLS.

5.3.2 Results

In this subsection we present the results of the simulation described in the previous
subsection. In particular, we look at the evolution of the variance of the Fourier
coefficients,

Var(u, (t)) = Effun (t) "] — [Efua ()]
We do not present plots for negative Fourier coefficients, n < 0 because, due to the
rotational symmetry of the measure ((1.3.2),

w(0) &Y i ()

and the rotational symmetry of FNLS ([1.3.1]), we have the following equality in law,

w6 12 (1) (5.3.2)

—n
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and so the variance graphs for n > 0 and —n would be identical. Moreover, for this
reason we chose to not save the negative Fourier coefficients in this simulation, as
they can mostly be recovered, saving storage space.

Due to accuracy and floating point arithmetic considerations (see the relative
tolerance and absolute tolerance choices of 1 x 107> and 1 x 1077 respectively in
Appendix , we do not trust the accuracy of the simulation for FNLS when the
Fourier coefficients are of a very small size. This is the case for frequencies n > 4.
Hence we only present information for frequencies n = 0,1, 2, 3, 4.

Figures [5.1], 5.2} 5.3}, [5.4] and [5.5] illustrate the evolution of the variance for these
frequencies.

Var{ug) vs time
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092 A

0.0 02 04 06 08 10 12 14
Time

Figure 5.1: Evolution of Var(uy(t)) for FNLS ([1.3.1)) with initial data sampled from
the Gaussian measure (|1.3.2]).
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Var(up) vs time
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Figure 5.2: Evolution of Var(u,(t)) for FNLS ([1.3.1)) with initial data sampled from
the Gaussian measure (|1.3.2)).
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Figure 5.3: Evolution of Var(us(t)) for FNLS (1.3.1) with initial data sampled from
the Gaussian measure (|1.3.2]).
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Var(uz) vs time
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Figure 5.4: Evolution of Var(us(t)) for FNLS ([1.3.1)) with initial data sampled from
the Gaussian measure (|1.3.2)).
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Figure 5.5: Evolution of Var(u4(t)) for FNLS ([1.3.1)) with initial data sampled from
the Gaussian measure (|1.3.2)).

We also plot the covariance
Covar (ty (£), wm (t)) = B (t)tn (8)] = Efun (6)]Eu, (£)].

We only do this for n = 1 and n = 2 as the behaviour observed is representative for
other pairs.
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|Covarluy, uz)| vs time
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Figure 5.6: Evolution of |Covar(uy(t),us(t))| for FNLS (1.3.1)) with initial data
sampled from the Gaussian measure ((1.3.2)).

5.3.3 Discussion

Before we discuss the implications of the above figures, we briefly discuss the accuracy
of the Monte-Carlo simulation performed. Note that FNLS ([1.3.1]) converses the L?-

norm,

lu(®)F2 =D lua(t)P* (5.3.3)

neEL

We want to check that this quantity is being conserved. However, as mentioned
in Section [5.3.2, we chose not to save the negative Fourier coefficients to lower the
amount of data we needed to store.

To get around this issue, we note that the expected value of the L*norm ([5.3.3))

is also conserved under the flow of FNLS (1.3.1). From (5.3.2) and using that the
Fourier coefficients u, for |n| > 4 are very small, we expect the following quantity to
be approximately conserved in our Monte-Carlo simulation,

F(t) =E[luo(t)]’ +2 ) lua(t)].

We have saved all the required Fourier coefficients to calculate this quantity. We plot

F(t) in Figure 5.7
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Figure 5.7: Plot of F(t), demonstrating a quantity expected to be conserved by the
simulation for FNLS is in fact almost conserved.

Keeping in mind the scale of Figure [5.7], this quantity is close to being conserved
giving credence to the Monte-Carlo simulation we performed for FNLS .

We observe in our simulation that Var(u,) for large n seems to increase more as
a percentage than for small n. This connects to the growth of higher Sobolev norms
and would be interesting to numerically investigate further. However, we chose not
to pursue this.

In Figure 5.6, we see that the covariance of the first and second Fourier coefficients
starts close to zero and remains near zero. This agrees with the theoretical observation
in |78, Footnote 5| that if an equation and w(0) are translation invariant in space,
then we expect Covar(u,(t), un,(t)) = 0 for all ¢ unless n = m.

Figures .1], 5.2} [5.3] and appear to show that each Fourier coefficient

converges to some value. Based on this weak evidence, we make the hypothesis
that the Gaussian measure under the flow of FNLS converges in some
suitable sense. We are not sure what limit measure this could be, or in what sense
this convergence would take place. We expect that the limiting measure would be
an invariant measure for FNLS ([1.3.1). One candidate could be the invariant Gibbs
measure possessed by FNLS ([1.3.1]) formally given by

1 1 = A
7 1e=3 [l de—3 [1(=02) Ful? do—3 [lul*de g,

However, we are not sure if convergence to the Gibbs measure is possible as the Gibbs
measures is supported on Hz ¢(T) for € > 0, while our initial data is of regularity

H37-5(T).
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5.4 gBBM equation

In the previous section, we provided weak evidence that the Gaussian measure (|1.3.2))
transported under the flow of FNLS (|1.3.1)) converges in some sense. In this section
we perform a simulation for gBBM ([1.3.6) where we believe there is a candidate for
convergence.

As explained in the introduction, in particular (1.3.8) and (1.3.9) of Section[1.3.8]
the following Gibbs measures are invariant under the flow of gBBM

B2 5 llull® 5

d,u% =7Z'e A2 du.

This is the measure induced by the following random Fourier series,

w|—>ﬁ gn(w) eQﬂin:p’

ol
n€Z\ {0} |22

where g,, are mutually independent, except for g, = ¢g_,,, standard Gaussian random
variables.

We perform a Monte-Carlo simulation for gBBM with initial data sampled
from the Gaussian measure ([1.3.4), which is a small perturbation of the Gibbs
measure , to test our hypothesis of convergence.

5.4.1 Problem and numerical formulation

Following the discussion in Section [5.1] for FNLS, we study the following numerical
formulation of gBBM.

G = A Froer(Faoee[{un )]
) 0<n<N. (5.4.1)

gn (w)

Un(O) = (go(w),...,m

where go, 91, g2, - . ., gn are the random variables given by .

The only difference in the derivation of for FNLS and for gBBM
above, is that for the latter we use the real discrete Fourier transform (RDFT), Frppr,
instead of the DFT. This is because solutions of gBBM are real valued. The RDFT,
is a version of the DFT for real valued functions. The RDFT is essentially given by
the same formula as the DFT but from the reality condition f, = f_,, one
does not need to do redundant calculations for the negative Fourier coefficients. This
makes the RDFT slightly quicker than the DFT. The RDFT is a linear map taking
a vector of length 2V to a vector of length 2¥~! + 1. For more information on the
RDFT, see [87]. See [32] for information on the algorithm we use to calculate the
RDFT and Appendix for the Julia code we use to solve gBBM.
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We study gBBM ([1.3.6)) with v = 5 as we found this value to be approachable

computationally. From the presence of ,

—2mni
1+ |27n|Y

we can see that large values of 7 means smaller magnitude oscillations on high
frequencies. This stands in contrast to the situation for FNLS and « in the previous
section. From this, we heuristically expect that is a non-stiff system of
ODEs. We use the solver Tsith, described in |94], to solve the system. We chose this
solver as it is the solver-of-first-choice for non-stiff systems of ODEs in the module
DifferentialEquations.jl.

In this simulation, we chose N, the dimension of the finite dimension system
to be N = 2'2. This value is much larger than for FNLS in the previous
section. We chose a larger value of N because we found the system could
be solved much faster than (5.3.1) and so we had time to spare for accuracy. We
ran this Monte-Carlo simulation with 10° samples. With these parameters, we could
generate random samples at a rate of approximately a sample every 2 seconds. The
Monte-Carlo simulation took approximately two and a half days to complete. For
more details on the simulation for gBBM , see the code in Appendices ,
and [D.6l

5.4.2 Results

In this subsection, we present the results of the simulation described in the previous
subsection. Instead of simply plotting the variances of the Fourier coefficients, like
in Section [5.3.2] we plot the scaled variances

|27n > Var (u, (t)). (5.4.2)

We do this because if our hypothesis of convergence to the Gibbs measure (|1.3.8]) is
correct, for all n we expect this scaled variance to converge to the same value, 32, for
some [ > 0.

We do not show the plots for negative Fourier coefficients because, as gBBM is
real valued, these would be identical to plots for the positive Fourier coefficients.
Further, we do not trust the accuracy of the simulation when the Fourier coefficents
are very small in magnitude. See the error tolerances in Appendix This is the
case for n > 4. Hence we only show the plots for n = 1,2, 3,4.

We plot the scaled variances (5.4.2)) in Figures and
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Figure 5.8: Evolution of (27)*Var(u;(t)) for gBBM ([1.3.6)) with initial data sampled
from the Gaussian measure (|1.3.4)).
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Figure 5.9: Evolution of (47)°Var(ux(t)) for gBBM (1.3.6)) with initial data sampled
from the Gaussian measure (|1.3.4]).
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Figure 5.10: Evolution of (67)°Var(u3(t)) for gBBM ([1.3.6) with initial data sampled
from the Gaussian measure (|1.3.4)).
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Figure 5.11: Evolution of (87)°Var(u4(t)) for gBBM ([1.3.6) with initial data sampled
from the Gaussian measure (|1.3.4)).

We also plot the covariances,
Covar (up (1), U (t)) = Eun (¢t (£)] = Eun (6) B[t (1)]

in Figures [5.12] and [5.13] We only plot the covariances for two pairs as the plots
below are representative of the behaviour observed for other pairs.
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|Covariuy, uz)| vs time
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Figure 5.12: Evolution of |Covar(us(t), us(t))| for gBBM (1.3.6) with initial data
sampled from the Gaussian measure ((1.3.4)).
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Figure 5.13: Evolution of |Covar(u,(t),us(t))| for gBBM (1.3.6) with initial data
sampled from the Gaussian measure ((1.3.4)).
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5.4.3 Discussion

We recall that gBBM (|1.3.6) conserves that mean, which is also the 0th Fourier

coefficient,
U :/u(x,t) dx
T

Hence, we expect that our simulation conserves the expected value of this. We
would like to plot this quantity to test the accuracy of the simulation. However,
the conservation of this quantity is built into the solver we use for gBBM ,
see Appendix . The equation gBBM has another conserved quantity,
the energy , this quantity is almost surely infinite in the support of the initial
measure . Hence we can not use this quantity for testing purposes. We continue
in our discussion as the accuracy of our simulation for FNLS was acceptable
and we follow the same methodology in this simulation for gBBM ([L.3.6)).

From the covariances, Figures [5.12] and [5.13] the Fourier coefficients start
correlated but then become mutually uncorrelated, a property enjoyed by the Gibbs
measure (|1.3.8). This is weak evidence of our convergence to the measure (|1.3.8))
hypothesis. We note that we did not expect the covariances to be conserved, like we
did for FNLS as the assumptions in |78, Footnote 5| are not met.

However, from Figures , , and , the scaled variance quantity
converges to different values, for different n. If our hypothesis of convergence to a
Gibbs measure was correct, we would expect these to converge to the same
value. Indeed, the variance of the nth coefficient of is

1

5 (2mn)Y

so we expect these scaled quantities to converge to 32, whatever this may be.

This would appear to disprove our hypothesis of convergence to the Gibbs measure
(1.3.8). However, we do not make a conclusive claim ruling out convergence to the
Gibbs measure . The quantities in Figures , and do
seem to approach a common value, but stop short of reaching it. It is possible that
this is due to not having enough samples in our Monte-Carlo simulation. We would
like to preform a more comprehensive error analysis concerning how likely our Monte-
Carlo simulation was to give the results just presented. Presently this is beyond our
expertise. We aim to attempt to address this in the future.

From the apparent convergence of the variances (albeit perhaps to different values
than hypothesized) in Figures 5.9 .10 and [p.11] and the convergence of the
covariances in Figures and , it appears that the measure transported
by the flow gBBM still converges, in some sense, to some other, presently
unknown, measure.

Based on the results of this Monte-Carlo simulation for gBBM , and of the
Monte-Carlo simulation for FNLS , we are lead to make Conjecture m
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We note that we only have weak numerical support for this conjecture. It would
be interesting to redo the simulations in this chapter, thoroughly taking into account
sources of error. One useful tool would be confidence intervals for variances. We
aim to purse this in the future. For the moment, Conjecture [1.3.1] should be viewed
skeptically.
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Appendix A

Basic estimates

A.1 Function spaces and Basic estimates

In this section we define the Function spaces used in this thesis, and state some
useful basic estimates on these spaces. For proofs and a more detailed approach to
the results in this section, we refer the reader to [3|.

First we briefly recall some basic definitions in Littlewood-Paley theory. For a
more detailed treatment, see [3]. We denote the Fourier transform of a function
u € L'(T?) by

i) = — w(z)e ™ dx
u(n)—<2ﬁ)d/ (x) dz.

The Fourier transform of u € D'(T?), the space of distributions on T is defined in the
usual fashion by duality. We denote by P <y the Dirichlet truncation of a distribution
in Fourier space:

Poyu= Z u(n)e™?. (A.1.1)

In|<N
Consider functions x, x such that

suppx C B(O,
suppy C B(O,

)
)\ B0, %)

QO QO

We define yg = x and }
x;()=x@27), j=1
We also define d;, the Littlewood-Paley projector, associated to symbol x; by
Sju(z) = (x;(V)u)(z) = Y x;(n)i(n)e™".
nez3

We now define the Besov spaces we use in this thesis through Littlewood-Paley
decomposition.
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For s € Rand 1 < p, ¢ < oo,we define the Besov space B;q(']I‘d) as the completion
of C*(T?), the space of smooth functions, under the norm

el roy = || @85l z2cne) 1

.
&

For s € R, we define the Holder spaces C*(T?) := B3, . (T%). These spaces are used
extensively in Chapter [4]
We now state some important estimates used in this thesis.

Lemma A.1.1. The following estimates hold

(i) Let sg, 51,8 € R and v € [0,1] be such that s = (1 — v)syg + vsy. Then,

ey S Nl

I o1 (T4)- (A.1.2)

(ii) Let s, s1 € R and po,p1,qo,q1 € [1,00]. Then,

[[ul B3940 (T%) S luf Byl (ray for so < s1,po < pyand go 2 ¢,
ull o, cray S lull gz ray  for so < s, (A.1.3)

HUHBQOM(W) S lullpeeey < HUHBgO,I(W)-

(i1i) Let s > 0. Then,

luvlosray S Nlullesra [[v]los(ra). (A.1.4)
, _ 11
(iv) Let 1 < p; < py <00, q € [l,00] and s, —So+al<p—1 — p—0>. Then,
el oo S Ml croy (A.15)

(v) Let s € R and p,p’,q,q € [1,00] be such that%+§: 1 and%—i—&z 1. Then,

/ uv dx
Td

(vi) Let %po,pl,pg,pg € [1,00| be such that pio + p% =1 and p% + pig = 1. Then for
s> 0,

< |lul

Bﬁ,q(Td)|’ul|Bp—/fq,(Td)~ (A.1.6)

[uv) B ,(T4) S luf Bgqu(Td)”v“Lpl(Td) + [|v| B;Q,q(ﬁrd)||u||ms(1rd)- (A.1.7)

(vii) Let m > 0 be an integer, s > 0 and q,p, po, p1 € [0, 0] satisfy pio—i—pil = %. Then

Hum+1‘

Bﬁl,q(Td)' (A18>

Bs (18 S 1™ || o rayl|]
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(viii) Let sy <0 < sy be such that sg + sy > 0. Then,

luvlloso(rey S llwllesocrayl[vllesray.- (A.1.9)
(iz) Let s € (0,1). Then,

1.f]

We refer to [3,65] for proofs. We also note the Bernstein inequality:

Bj(T9) S ||f||1ﬁ&d)||vf||21(1rd) + £l Lr ey (A.1.10)

11
185l zogmey S 2952 105l pacrey (A.L11)

for p < ¢ < .
We also use the LP(T?) based Sobolev spaces, W*P(T9), which we define for s > 0
and p € [1,00], as the completion of smooth functions under the norm

[flwsecray = IIKV)° fll o (ra)-
When p = 2, we write H*(T¢) = W#?(T?).
We have the following Sobolev embedding result for these spaces.

Proposition A.1.2. Suppose so < s1 and 1 < q < p < oo satisfy s; = so+ g(% — é)
Then,
[ llwsoreay S IS lwsracray.

We are interested in the Sobolev space corresponding to p = oo. The following
proposition shows that in the 2-dimensional setting, up to a ¢ loss in regularity we
can transfer estimates between W (T4) and C*(T4).

Proposition A.1.3. For all s € R and € > 0 we have

I.f]

o2y S | fllwseemzy S || flleste(r)-

A.2 Wiener chaos and hypercontractivity

The hypercontractive estimate is a key tool to estimate nonlinear functions of
Gaussian random variables. We recall this estimate here. See S. Janson’s book [48//67]
for more information on hypercontractivity and Wiener chaos spaces.

Let X,, n > 1 be a sequence of i.i.d. standard Gaussian random variables. We
define H;, the homogeneous Wiener chaos of order k£ to be the closed span of the
polynomials

H Hkn (Xn)a
n=1

where H; is the Hermite polynomial of degree j and k =3, k,. We have
L*(Q, F,P) = @32 Hy.

Here F is the o-algebra generated by X,,, n > 1. The next lemma gives the crucial
hypercontractivity estimate. See [48| for a proof.
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Proposition A.2.1. Let p > 2 be finite. If X € Hy, then

(EIXP)7 < (p— )% (BIXP)*®. (A2.1)
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Appendix B

Proof of Lemma 2.1.3/ for a > 1

Setting k = n; —n and j = n3 — n, it is equivalent to prove
907, k) 1= [l + K22 = n+ ke + G2 + o+ 2% — 2] 2 (kIR + 1]+ [nl)?2
Since 2 > 2, the function f(z) = |z|** € C?*(R) and satisfies

f'(z) = 2al|z|** 2z, f(z) = 2a(2a — 1)|z[>* 2.

We follow a similar argument to the case % < a < 1in [25|. Without loss of

generality we can assume that max(|j|, |k|) = |j| and 7 # 0. For any ¢ € R, define
fo(z) :== |z + c|** — |x — ¢|**. Then, we have

The mean value theorem implies
g0, k) Z [k min [ f ()],

where [ is either the interval (n+j/2,n+7/2+k) or the interval (n+j/24+k,n+j/2).
It suffices to show

|[fe(2)] 2 le] max(|z], |e])**~* for |c[ > % (B.0.1)
To see this, we first suppose |n| < [j|. Then, for any x € I, we have
(@) 2 [P 2 131K+ [5] + [n))** 2.
Now suppose |n| > |j|. Then x € I implies |x| ~ |n| and hence
min | f7,5()] 2 [lln** ™ 2 3R]+ 5]+ In)* .

In order to verify (B.0.1), we may assume that > 0 as f. is odd and similarly, we
assume ¢ > % as f!is odd in ¢. We have

fi(x) = 20|z + c|* 2(x + ¢) — 2a|z — ¢|** (z — ¢),
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and we consider three cases.

eSubcase 2.1: 0 <z <c¢
Here we have

f’([L‘) — 204 [|£L‘+C|2a_1 + |$ o C|2a_1} > CQa_l.

c ~

eSubcase 2.2: c < x < 2¢
We have

folw) = 2a [(z +¢)**7" = (z — )]
2a—1 2a— 200—2
= 202! {(z + 1) — (E — 1) 1} >t (z) ~ cx?* 2,
c c c

e Subcase 2.3: x > 2c
Using the mean value theorem, we have

c\ 2a—1 c\ 2a—1 I
fi(z) = 20z {(1 + —> — <1 — —) } > 2o~ eg?e?
T T T

This completes the proof of (B.0.1)).
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Appendix C

Bound for the growth of the H’°-norm
for NLW in the critical case

In this Appendix, we derive the growth bound in the case d = 3, k = 5. This
is the energy-critical nonlinearity. In this case, it is known solutions to NLW exist
globally (see |90, Chapter 5|, [88, Chapter V]) and scatter.

We begin by establishing a bound for the solutions of the equation on R? instead
of T3, We work with the homogeneous Sobolev spaces W*?(R?) defined for s € R
and 1 < p < oo as the completion of Schwartz functions under the norm

[ellvirsn sy = VIl o es)
where [V|* is the Fourier multiplier F[|V[*u](§) = [£[*F[u](§). When p = 2, we use
the notation H*(R?) instead of W*P(R3).
The following global space time bound is well known in the literature (see for
example |91, Theorem 1.1, Footnote 2|)

[ull g0 < C(Ho),

where Hj is the initial energy. Let n > 0, and divide R, into a finite number of
interval I, j =1,...,J such that

wll L3 r5000) < 1
Denote by ¢; the left endpoint of the interval [}, so that

I = [t;,t]),
;+1 = t;r-
We now recall the Strichartz estimate for the linear wave equation. A pair of
exponents (¢,7), ¢ > 2, 2 <r < 00, is called s-admissible (in dimension 3) if
1
+-<

9

N W N

1
q T
1 3
-+ = — s.
q T
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Let s > 0. If (q,r) and (q,7) are s—admissible (respectively, 1 — s—admissible pairs,
then if (@,?) solves the linear wave equation with right hand side given by F, we
have [90, Theorem 2.6]

||(~’6)||L§°(1;ﬁ5(R3)) +llallzozey) S M@0, o)l 5 + HFHL?(

He(R?) LLY)

Here H® = H* x H*'. We choose p = 5, r = 10, ¢ = 1, # = 2. We choose
@ = |V|°"'u and obtain

1t )l .oy + Nll g rairg =10y < Cll(wo, v)ll 5, + CHIVITH @) iy rizey.

Applying the Leibniz rule (A.1.8) with s =0 — 1, po = 10, py = 5/4 and p = ¢ = 2
to the final term, we obtain, on each interval I;, the estimate

10t )iy + Il < QN 0) G o + Tl a0 Nl sz0)
< O(Iw, o))l 3, + 1l s, 200
For n small enough, we obtain
Gt ) g, 1 oy 1l o aymirg =10y < s V) E o s
Repeating this over each of the .J intervals, we obtain the bound
18, 0) gy oy + sl vz =203y < (€)Y
The same argument applied to the negative time direction gives

101, 0) s, g o + 1l 110y < (€Y. (C.0.1)
Ci(R;H) ( (R3))

To transfer the estimate (C.0.I) to T* ~ [—3,3) we consider initial data

(ug,v0) € H?(T?). We extend (ug,vy) to a periodic function (g, 7o) on R3. Let
n € C°(R3) such that n =1 on [—1,1]3, and define

nr(z) = n(x/(T)).

Consider the initial data problem on R3:

{@w—Aw—i—wE’:O

(w, Oyw)li=o := (Nriio, NT00).
By (C.0.1)), we have the estimate
1 00) | 70y < O, ) ol 5, )
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Then, by [72, Eqn. (3.11)], we have, for f € H*(T?)

(1/CNUT)*2|f]

It follows that

iy < C(T)°| £

Hs(T3) < Inrf| 5 (T3)

10, 000}y gy iy S T2

By finite speed of propagation, for [t| < T, the restriction of (w(t),dyw(t)), to
[—3,3)® & T? coincides with the solution (u(t),v(t)) of the quintic nonlinear wave
equation on T? with initial data (ug, vo).

In the periodic setting, we can control the L?-norm of u and Ou by the
Hamiltonian, finally giving

[ (w, 6)ltu)||c,5([o,:r],1§rcr) ST,
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Appendix D

Code excerpts

D.1 FNLS solver: Julia code

using FFTW
using DifferentialEquations

function FNLS_solver(FuO::Array{ComplexF64}, t::Real, dt::Real)
alpha = 0.55
lambda = 10
N length(Fu0)
k convert(Array{ComplexF64,1}, -div(N,2):(div(N,2)-1))
k fftshift(k)
disp_rel = -imxabs2.(2xpixk).”alpha

function G(dFu, Fu::Array{ComplexF64}, p, t)
u = ifft(Fu)
dFu[:] = disp_rel.xFu - lambdaximxN"2xfft(abs2. (u).x*u)
end
prob = ODEProblem(G, Fu0, (0,t))
sol = solve(prob, ABDF2(autodiff = false), saveat = 0.0:dt:t,
abstol = le-7, reltol = le-5)
return sol.u
end

D.2 Random initital data for FNLS: Julia code

using Random
using FFTW

function random_data(N::Int, s::Real)::Array{ComplexF64}
k = convert(Array{ComplexF64,1}, -div(N,2):(div(N,2)-1))
k = fftshift(k)
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out = randn(ComplexF64, N)./ (k.”2 .+ 1).7(s/2)
end
D.3 Sampling evoloution of measure for FNLS: Julia
code
using Random

include("initial _data.jl")
include("FNLS_solver.jl")

using NPZ
function sample(n)
s =4.2
t=1.5
NUM_FRAMES = 750
N =279
dt = t/NUM_FRAMES
save_loc = "path"
println("Starting sample " * string(n) *x "...")

Fud = random_data(N, s)
Fu = FNLS_solver(Fu0®, t, dt)
save_freqs = cat(1:30, N :-1 : N-30, dims = 1)
save_path = save_locx*string(n)*".npy"
npzwrite(save_path, (hcat(Fu...)’)[:,save_freqgs])
println("Sample "xstring(n)x*" done.")

end

Random.seed! (82354692435761234031468)

NUM_TRIALS = 100000
map (sample, 1 : NUM_TRIALS)

D.4 gBBM solver: Julia code

using FFTW
using DifferentialEquations

function BBM_solver(FuO::Array{ComplexF64}, t::Real, dt::Real)
gamma = 5
lambda = 10000
N = length(Fu0)
k = convert(Array, 0:(N-1))
disp_rel = (-2xpiximxk)./(1 .+ (2xpixk).”~gamma)
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end

function G(dFu, Fu::Array{ComplexF64}, p, t)
dFul:] disp_rel.x(lambda*Nxrfft(irfft(Fu, 2*x(N-1))."2))
dFul1] 0

end

prob = ODEProblem(G, Fu@, (0,t))

sol = solve(prob, Tsit5(), saveat = 0.0:dt:t,
abstol = 1le-12, reltol = le-9)

return sol.u

D.5 Random initial data for gBBM: Julia code

using Random

function random_data2(N::Int, s::Real)::Array{ComplexF64}

end

out = Array{ComplexF64} (undef, N)
out[1l] = 0
#Make first 4 coefficents correlated
h = randn(ComplexF64, 4)
out[2] = sqrt(0.225)
* (randn(ComplexF64) + h[1l] + h[2]
/ (1 + (2xpix1)~(2%s))~(1/2))
sqrt(0.275)
* (randn(ComplexF64) + h[2] + h[3]
/ (1 + (2xpix2)~(2xs))"(1/2))
sqrt(0.225)
* (randn(ComplexF64) + h[3] + h[4] + h[1])
/ (1 + (2xpix3)"(2%s))"(1/2))
sqrt(0.275)
* (randn(ComplexF64) + h[4] + h[1]
/ (1 + (2xpixd)~(2%s))"(1/2))
#The other coefficents
for k in 5:(N-1)
out[k+1] = randn(ComplexF64)
/ (1 + (2xpixk)”(2%s))"(1/2))

+

h[31])

out[3]

+

h[4])

out[4]

out[5]

+

h[2])

end
return out

D.6 Sampling evoloution of measure for gBBM:

Julia code

using Distributed
include("initial data.jl")
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include("bbm_solver.jl")

using NPZ

function sample(n)
s = 2.5
t = 10000.0
NUM_FRAMES = 1000
N=2"12+1
dt = t/NUM_FRAMES
save_loc = "path"

println("“Starting sample "*string(n))
Fu6 = random_data2(N, s)
Fu = BBM_solver(Fu0, t, dt)
save_freqs = 1:10
save_path = save_locx*string(n)*".npy"
npzwrite(save_path, (hcat(Fu...)’)[:,save_freqs])
println("Sample "xstring(n)x*" done.")
end

Random.seed! (32084628435673757489)

NUM_TRIALS = 100000
time map(sample, 1:NUM_TRIALS)

D.7 Samples to frequencies sorter: Python code

import numpy as np

NUM_SAMPLES = 100000

NUM_FRAMES = 1001 #This is T/dt

TOTAL_FREQS = 8

BUFFER = 4 #RAM limits, only do few frequencies at once.
SAMPLES_PATH = "samples_path"

FREQS_SAVE_PATH = "freqgs_save path"

NUM_LOOPS = TOTAL_FREQS//BUFFER #Loops through sample data

def samples_to_frequencies(START_FREQ, NUM_FREQS):
Futs = np.zeros((NUM_FRAMES, NUM_SAMPLES, NUM_FREQS)) + 0j

for sample_num in range(0,NUM_SAMPLES):

ld_path
Fsample

SAMPLES_PATH+str(sample_num+1)+r".npy"
np.load(ld_path)
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END_FREQ = START_FREQ + NUM_FREQS
Futs[:,sample_num, : ]=Fsample[:,START_FREQ:END_FREQ]

if sample_num*100 % NUM_SAMPLES == 0 and sample_num !'= 0:
print(f"{sample_num+100//NUM_SAMPLES}%")

for freg_num in range(START_FREQ, START_FREQ + NUM_FREQS):
np.save(FREQS_SAVE_PATH+"freq"+str(freq_num + 1)+".npy",
Futs[:, :, freq_num - START_FREQ])

for k in range(NUM_LOOPS):
print(f"Converting freqs {kxBUFFER} through {(k+1)*BUFFER-1}")
samples_to_frequencies (k+BUFFER, BUFFER)
print("Done")
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